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Abstract

Critical computing scholarship on generative Al often focuses on harms, such as representational
harms against queer people and allocative harms against artists. However, queer artists’ agency
to make use of or resist these technologies is under-considered. In the first two studies of this
dissertation, [ examine queer artists’ perceptions of and material engagements with generative Al
First, I conducted a medium-term workshop study where I provided 13 queer artists with access
to two major corporate generative text (GPT-4) and image (DALL-E 3) models. Participants
struggled to use these models due to various normative values embedded in their designs, such
as hyper-positivity and anti-sexuality, but developed strategies to work around these limitations.
One of the limitations of this workshop methodology was that I required participants to use the
provided generative Al models, potentially excluding artists who refuse to use generative Al.
To understand these more critical perspectives, I interviewed 15 queer artists to see how they
are responding to the proliferation of generative Al. I detail how interviewees refuse and resist
the development and deployment of generative Al models that misalign with their aesthetic and
moral values, such as calling out suspected generative Al use.

My prior work demonstrates the power of queer artists to re-appropriate, resist, and refuse gen-
erative Al. However, their agency is still shaped by generative Al developers’ design choices.
In particular, participants in both my workshop and interview studies praised the surreal artistic
potential of text-to-image-models, while critiquing the increasing realism of newer models. This
begs the question: What do developers aesthetically value in the production of text-to-image
models? The final study of my dissertation examines this question by conducting an audit and
trace ethnography of the LAION-Aesthetics Predictor (LAP), an Al model widely used to curate
training data for and evaluate the performance of visual generative Al models. By evaluating
LAP on three datasets of images, I find that LAP considers photorealistic images of landscapes
or women to be most “aesthetic.” This is perhaps because a majority of the images and aesthetic
score ratings used to train LAP were scraped from a photography competition website in 2012.
I conclude by discussing the politics of taste amid the rise of generative Al, highlighting the
potential for queer aesthetics to imagine generative Al otherwise.
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Chapter 1

Introduction

“Taste classifies, and it classifies the classifier. Social subjects, classified by their
classifications, distinguish themselves by the distinctions they make, between the
beautiful and the ugly, the distinguished and the vulgar, in which their position in
the objective classifications is expressed or betrayed.”

- Pierre Bourdieu, 1979 [45]

“To understand bad taste one must have very good taste.”

- John Waters, 1981 [403]

Slop was declared the 2025 Word of the Year by both Mariam-Webster [129] and the American
Dialect Society [421]. According to the latter linguistics organization, slop is a noun meaning
“low-quality, high-quantity content, most typically produced by generative Al; also as a com-
bining form for anything lacking value produced in mass quantities” [421]. In other words, Al-
generated media has become so synonymous with low-quality and mass production that the word
“slop” is increasingly being used beyond the context of generative Al. For example, fast-casual
restaurant chains, like Cava and Chipotle, are increasingly derided as “slop bowl” restaurants
[143]. For some, Al-generated media has become the apotheosis of bad taste, raising both new
and old questions about the politics of aesthetic judgment.

What counts as “art” or “good” taste is highly fraught. As famously observed by the cultural soci-
ologist Pierre Bourdieu, taste is shaped by one’s class and education [45]. In Western art history,
practices associated with femininity, such as fashion or textiles, were long dismissed as merely
crafts rather than fine art forms [52]. Indigenous artwork has been similarity excluded from the
category of “art,” often diminished as craft, folk, or “primitive” art [293]. The definition of art
also changes with the introduction of new technologies. In the 20th century, critics famously

1



debated whether photographs can be considered art [28, 360]. At the time of my writing, the
relationship between generative Al and art is similarly contentious [71].

The relationships between generative Al and artists is fraught for a variety of reasons. Genera-
tive Al models are typically trained on large corpora of text and images scraped from across the
internet [38]. These datasets contain large amounts of artwork, such as pirated books [304]. Not
only have artists had their work scraped to train generative Al models, but artists are also losing
jobs due to generative Al [191, 246]. For example, generative image models can copy the style
of existing artists, allowing potential clients to avoid paying artists for their work [192]. Addi-
tionally, generative Al models may be less usable for marginalized artists because the models
perpetuate social stereotypes [253, 251]. In light of these concerns, computing researchers have
sought to support artists by elevating artists’ concerns [191] as well as designing tools helping
artists find their work in training data [5] and protect their work from being scraped [341]. Amid
this context, it is common for artists to critique the quality of Al-generated media [71]. In this
dissertation, I expand on these discourses by examining the gaps between the tastes of queer
artists and generative Al developers.

While there is no universal definition of “good” taste, queer art is famously associated with an
affinity for “bad” taste or challenging dominant aesthetic norms. Queer camp sensibility, for
instance, appreciates the beauty of “failed seriousness,” such as a film so earnestly bad that it
becomes good [359]. Likewise, queer theorists have highlighted a common appreciation for
strangeness in queer art [158, 263]. The queer filmmaker John Waters was famously dubbed the
“Pope of Trash” both for his off-kilter do-it-yourself style and the abject subject matter of his
films [403]. In much the way that Al-generated media is increasingly described as “slop,” queer
art has long been dismissed as low-quality or “trash.”

Although art is an integral part of queer culture, the relationship between queer art and Al is
underexamined. Prior Queer Al and HCI research most often focuses on how LGBTQ+ com-
munities are harmed or misrepresented by Al systems. Numerous predictive Al systems have
been shown to discriminate against LGBTQ+ people, including automated gender recognition
systems [330], toxicity detection algorithms [381], and content moderation algorithms [349].
Likewise, LGBTQ+ people are discriminated against across the development and deployment
of generative Al systems: LGBTQ+ people are excluded from training data [98], erased from
chatbot conversations [140], and stereotypically represented by generative image models [390].
While prior work often focuses on how LGBTQ+ communities are represented by generative Al
models [404], less attention has been paid to how LGBTQ+ people choose (not) to use generative
Al models.

In this dissertation, I present three studies. My first study examines how queer artists (try to)
make use of text and image generative Al models through a five-week workshop study and tech-
nology probe deployment. In light of the limitations of these models (e.g., restrictive content
moderation systems, social biases, and symmetrical stylistic biases), I detail the creative ways
participants queerly make use of these “straight” models. Next, my second study used interviews
to understand queer artists’ attitudes toward generative Al. Participants in this second study con-
trasted the highly social nature of their queer artistic communities with the perceived anti-social
development and use of generative Al. Nevertheless, participants in both studies saw queer aes-
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thetic potential in the strangeness of generative image models, a strangeness that participants felt
has been diminished in newer text-to-image models. This throughline motivated my third study
investigating how visual generative Al developers measure the quality images. I find that a popu-
lar aesthetic evaluation model used to curate generative Al training data (the LAION-Aesthetics
Predictor) favors images of women, Western artwork, and realistic artwork.

Across the three studies of my dissertation, I contribute to multiple scholarly communities. Each
study contributes to burgeoning scholarship on the relationship between art, artists, and gener-
ative Al by calling into question what “good” art means from the perspectives of queer artists
and generative Al developers. Additionally, the first two studies of my dissertation contribute to
Queer HCI/AI research by examining LGBTQ+ people’s material engagements with and ethical
attitudes towards generative Al. In doing so, I extend prior Queer HCI/AI research, which tends
to more narrowly focus on identifying algorithmic biases in generative Al systems. By docu-
menting the narrow visual taste embedded in the LAION-Aesthetics Predictor, my final study
contributes to growing debates over how Al systems should be evaluated and aligned. In the
section below, I elaborate on each of these studies in greater detail.




1.1 Overview

In the first part of of my dissertation (Chapters 3 and 4), I examine the social and material
relationships between queer artists and generative Al (GenAl), a group at the intersection of two
communities frequently mentioned in relation to GenAl harms (e.g., [140, 192]). These chapters
are guided by the questions:

* RQ1: How do queer artists choose (not) to engage with generative Al?
* RQ2: How does the design of generative Al model support and hinder queer art and artists?

To explore these questions, I first conducted a 5-week workshop study with 13 queer artists,
during which I gave participants access to two major corporate generative text (GPT-4) and image
(DALL-E 3) models and facilitated group sensemaking activities. My colleagues and I found
participants struggled to use these models due to various normative values embedded in their
designs, such as hyper-positivity and anti-sexuality. I describe various strategies participants
developed to overcome these models’ limitations and how, nevertheless, participants found value
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in these highly-normative technologies. In doing so, this study emphasizes the power of queer
artists to make use of technology in ways that designers never intended or may have actively
sought to combat.

Those who hold deeply negative views toward GenAl may be unlikely to participate in a study
where they have to engage with GenAl. In fact, when I shared a workshop study recruitment
post on social media, some criticized my protocol for asking them to engage with the GenAl at
all. Partially in response, I conducted an interview study on how queer artists — most of whom
were non-users and/or highly critical of GenAl — are making sense of and responding to the
proliferation of GenAl within their artistic communities. My colleagues and I found significant
tensions between participants’ individual and collective artistic values and GenAl developers’
profit-driven logics. I detail how participants refuse and resist GenAl use and development,
while also highlighting the limited role participants saw for GenAl within art-making. This
work demonstrates queer artists’ agency to both materially and discursively resist dominant Al
imaginaries.

In both my interview and workshop studies with queer artists, my participants expressed disap-
pointment with the style of ostensibly state-of-the-art generative image models, such as DALL-
E 3. My workshop participants critiqued the overly figurative, symmetrical, and glossy style
of DALL-E 3 and critiqued its content moderation system for limiting their creative practices
(Chapter 3). Similarly, some participants in my interview study preferred the glitches and weird-
ness of older generative image models (Chapter 4). The final study of my dissertation (Chapter
5) examines this gap in aesthetic values in greater detail by “studying up” [267] the aesthetic
values of those developing generative image models.

As a case study for how visual generative Al developers measure the aesthetic quality of images,
I conducted an audit and trace ethnography of a widely-used visual aesthetic quality assessment
model: LAION-Aesthetics Predictor (LAP). LAP is widely used to to curate training data for
visual generative Al models, such as Stable Diffusion [316] and Huawei’s PixArt-> [69]. At
the same time, computer vision researchers often use LAP to evaluate the aesthetic quality of
Al-generatd images [95, 119, 130, 168]. In Chapter 5, I present the first systematic investigation
into (1) what LAP considers a “high quality” image and (2) how LAP was created. More broadly,
this chapter explores:

* RQ3: How do generative Al developers conceptualize and materially measure the “aes-
thetic quality” of images?

To understand what LAP measures, I audited the model across three datasets. First, I exam-
ined the impact of aesthetic filtering on the LAION-Aesthetics Dataset (~1.2B images), which
was curated from LAION-5B using LAP. I find that the LAP disproportionally filters in images
with captions mentioning women, while filtering out images with captions mentioning men or
LGBTQ+ people. Then, I used LAP to score ~330k images across two art datasets, finding the
model rates realistic images of landscapes, cityscapes, and portraits from western and Japanese
artists most highly. In doing so, the algorithmic gaze of this aesthetic evaluation model reinforces
the imperial and male gazes found within western art history. In order to understand where these
biases may have originated, I performed a trace ethnography of public materials related to the
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creation of LAP. I find that the development of LAP reflects the biases I found in my audits, such
as the aesthetic scores used to train LAP primarily coming from English-speaking photographers
and western Al-enthusiasts.

1.2 Contributions

My dissertation makes to two primary research areas: (1) Queer HCI and Al and (2) the Future
of Artistic Labor. In addition to these areas, my research falls, more broadly, under the umbrella
of Critical Human-Computer Interaction. As noted by Bardzell & Bardzell in relation to critical
design, the term “critical”” can have multiple interpretations in HCI [21]. My dissertation research
is critical in the sense that my research (1) critiques the design of mainstream technology by
(2) drawing on critical theory and cultural studies scholarship from the humanities. The first
two studies of my dissertation leverage queer theories [6, 7, 263] to conceptualize the fraught
relationships between queer artists and generative Al. Then, the third study of my dissertation
draws on visual cultural studies [261, 31, 198] to theorize the aesthetic biases embedded in
contemporary generative Al development practices. By drawing on cultural studies, my research
counters presentist tendencies in HCI scholarship Soden et al. [357]. In other words, despite
the contemporary novelty of generative Al, the issues posed by generative Al long predate the
release of ChatGPT.

1.2.1 Contribution to Queer HCI & Al

Queer HCI and Al research often focuses on identifying instances of technological discrimi-
nation [379, 404]. This follows a larger pattern of HCI researchers primarily focusing on dis-
crimination when studying marginalized communities [86, 385, 378]. In turn, this work often
implores developers and designers to remedy technological discrimination. While it is crucial to
document instances of technological discrimination, this approach has some limitations. First,
researchers risk over attributing agency to technology developers, thus overlooking the agency
of marginalized communities to resist or re-appropriate harmful technologies. Second, discrim-
ination focused research can overlook other aspects of marginalized lives, like designing for the
particularities of a community’s culture [87, 377]. By attending to these gaps, my dissertation
expands existing Queer HCI and Al research beyond documenting instances of technological
discrimination.

Prior work on LGBTQ+ communities and generative Al systems often focuses on LGBTQ+ peo-
ple are stereotypically represented or erased by generative Al systems [140, 390, 404]. However,
less work has considered how LGBTQ+ communities wish to engage with generative Al mod-
els. My first study (Chapter 3) contributes to Queer HCI and Al research by documenting how
queer artists creatively work around the limitations of generative Al system (e.g., stylistic biases,
social biases, and restrictive moderation). For example, queer artists tried to circumvent moder-
ation systems limiting the representation of queer intimacy by asking for poems and images “in
the style of” queer artists, like W.H. Auden and Tom of Finland. To conceptualize this subversive
use, I draw on queer feminist theorist Sarah Ahemd’s concept of queer use, which she defines as
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as using things in unintended ways or by unintended users [7]. In centering the agency of queer
artists to creatively make use of flawed Al systems, my work bridges queer design [222], queer
theory [7], and science & technology studies scholarship on technological re-appropriation [9].

Queer HCI research on technological discrimination has also been critiqued for over-simplifying
the lives of LGBTQ+ people because queerness consists of far more than just discrimination
[379]. Across both of my studies with queer artists (Chapters 3 and 4), participants shared an
affinity for the strangeness, failures, and surrealism of generative image models. I theorize this
sensibility by drawing on similar observations made by scholars of queer aesthetics [158, 263].
My work demonstrates that designing for queer culture requires considering more than merely
how LGBTQ+ identities are represented by generative Al models.

Finally, my dissertation highlights the importance of political resistance in Queer HCI scholar-
ship. HCI researchers often use LGBTQ+ and queer interchangeably, including myself in some
of my prior work [379], but these categories do not always overlap. Reflecting this tension, the
New York Times recently published a polemic—titled “I'm Gay, Not Queer. It Matters.”—in
which a gay man advocates for abandoning the word “queer” to appeal to social conservatives
[396]. Although I disagree with the assimilationist politics [103] of the article, I see a similar
need to disentangle gay identity from queerness in HCI in order to fight for social justice. Since
I began my PhD, the need for this distinction is underscored by the fact that some of the largest
contemporary architects of mass surveillance, media censorship, and Al-warfare are gays and
lesbians, including Bari Weiss, Peter Thiel, and Sam Altman [32, 235]. Although the afore-
mentioned conservative political actors identify as gays or lesbians, they have little in common
with the queer artists I study in this dissertation. For these participants, queerness is associated
with not only sexuality or gender but a political commitment to resisting oppression, such as
police brutality (Chapter 3) and worker exploitation (Chapter 4). My research charts a trajectory
for Queer HCI that focuses on queerness not only as a “being” (e.g., designing for LGBTQ+
identified users) but also a “doing” (e.g., building collective solidarity).

1.2.2 Contribution to the Future of Artistic Labor

The relationships between generative Al and artistic labor is fraught for a variety of reasons.
Generative Al models are typically trained on large corpora of text and images scraped from
across the internet [38]. These datasets contain large amounts of artwork, such as pirated books
[304]. Not only have artists had their work scraped to train generative Al models, but artists are
also losing jobs due to generative Al [191, 246]. For example, generative image models can copy
the style of existing artists, allowing potential clients to avoid paying artists for their work [192].
Additionally, generative Al models may be less usable for marginalized artists because the mod-
els perpetuate social stereotypes [253, 251]. In light of these concerns, computing researchers
have sought to support artists by elevating artists’ concerns [191] as well as designing tools help-
ing artists find their work in training data [5] and protect their work from being scraped [341].
I extend this work by documenting how queer artists carefully negotiate their use of generative
Al. Additionally, my research attends to taste as an underexamined site of contestation between
artists and generative Al developers.



Queer artists in both my workshop and interview studies shared a number of concerns regarding
the design and development of generative Al, ranging from model biases to job losses. At the
same time, participants saw limited potential for generative Al to support their art making. For
example, participants in my workshop study used the provided language model to apply for
art grants, write cover letters for job applications, draft client emails, and debug code for an
installation art piece. A science fiction writer in my interview study never used generative Al to
write their stories. However, they found generative Al helpful for writing emails to publishers or
drafting summaries for writing competitions. In other words, the queer artists who I spoke with
in this dissertation had little desire to use generative Al in the core of their art making practices,
such as writing or image-making. Although some participants did see potential for generative Al
to support peripheral aspects of their art making, this use contrasts with mangers’ expectations
that generative Al will expedite the direct production of artistic works [191]. In contrast to the
rhetoric that generative Al will “augment” rather than replace workers [122], participants in my
research fear that managers will use Al to automate away artists’ jobs.

In addition to elevating artists’ labor concerns surrounding generative Al, my research explores
the aesthetic consequences of generative Al and contributes to burgeoning research on Al eval-
uation [68]. As described above, queer artists in both my workshop and interview studies fre-
quently critiqued the increasingly realistic style of Al-generated images. My subsequent audit
of the LAION-Aesthetics Predictor indicates that generative Al developers are implicitly opti-
mizing for realism when curating “aesthetic” datasets. In prior work on the quantification of
taste, Seaver [335] finds that music recommendation algorithm developers hope their systems
will help diversify users’ musical consumption. In contrast, I find that the LAION-Aesthetics
Predictor narrows and homogenizes visual taste, echoing queer artists’ displeasure with the re-
alism of so-called “‘state-of-the-art” text-to-image models. It follows that artistic endeavors that
embrace generative Al risk reinscribing and exacerbating longstanding inequities in the visual
artists [31]. Moreover, my research demonstrates the particularity of ostensibly universal mea-
surements of “aesthetics” in generative Al development, and, by extension, the need to attend to
the implicit values embedded in taken-for-granted generative Al evaluations.

1.3 Prior Publications and Authorship

This thesis is based on prior work in collaboration with my advisors, Haiyi Zhu and Sarah Fox,
as well as other collaborators from Carnegie Mellon University. This work was previously pub-
lished in the following venues:

Jordan Taylor, Joel Mire, Franchesca Spektor, Alicia DeVrio, Maarten Sap, Haiyi
Zhu, Sarah Fox. 2025. Un-Straightening Generative AI: How Queer Artists Surface
and Challenge Model Normativity. Proceedings of the ACM FAccT Conference on
Fairness, Accountability and Transparency. (FAccT ’25).
https://doi.org/10.1145/3715275.3732061

Jordan Taylor, Joel Mire, Alicia DeVrio, Maarten Sap, Haiyi Zhu, Sarah Fox. 2026.
“I Just Don’t Want My Work Being Fed Into The Al Blender:” Queer Artists on Re-
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fusing and Resisting Generative Al. Proceedings of the ACM on Human-Computer
Interaction, CSCW. (To Appear at CSCW ’°26).

Jordan Taylor, William Agnew, Maarten Sap, Sarah Fox, Haiyi Zhu. 2026. The
Algorithmic Gaze of Image Quality Assessment: An Audit and Trace Ethnography
of the LAION-Aesthetics Predictor. Proceedings of the ACM FAccT Conference on
Fairness, Accountability and Transparency. (FAccT ’26).
https://doi.org/10.1145/3805689.3806462
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Chapter 2
Background & Related Work

In this dissertation, I draw upon Science & Technology Studies (STS) to conceptualize the re-
lationships between (non)users and technology (Chapters 3 and 4) and how designers’ values
shape technology development (Chapter 5). My first background section reviews STS scholar-
ship on the interconnected social construction of knowledge, technology, and art. I then provide

an overview of Queer HCI research. Finally, I review prior work on queer communities, artists,
and Al

2.1 The Social Construction of Knowledge, Technology, and
Art

I draw substantially on science and technology studies (STS) to understand the relationships be-
tween people (e.g., researchers, users, designers) and technology. In contrast to the typical vision
of research as an incremental accumulation of facts, historians of science and STS scholars have
shown that knowledge is constructed through the collective agreement of social groups operat-
ing within particular epistemological paradigms [207]. Ideas that may now be take for granted
as facts were likely once subjects of controversy, such as debates in the late nineteenth century
over whether infectious diseases were caused by germs or foul-odors [250]. The social construc-
tion of facts can be seen in how the language scientists use to describe hypotheses changes over
time [211], resembling a shift from ‘The experiments claim to show the existence of X’ to ‘X
exists’ [287]. Of course, what “facts” are taken for granted depends on ones’ particular social
world. That is to say, the standards that Wikipedia contributors use to determine what is “true”
[49] vastly differs from those within conspiracy theory online communities [412]. Nevertheless,
both communities are engaged in a form of collective knowledge construction. In my prior work
beyond this dissertation, for instance, I explore how members of a bisexual online community
socially construct an understanding of bisexuality [377].

The first part of my dissertation (Chapters 3 and 4) relies on the notion that, like knowledge,
technology is also socially constructed [35]. Social perceptions impact how groups engage with
technology [35], such as those who may choose to not use a technology out of protest [216, 411].
Technology is also shaped by designers’ expectations around how users can or should behave
[9], such as designers making consumer electronics difficult to repair to encourage people to buy
new devices [242]. Meanwhile, users need not follow the plans set out by designers [372], as
evident in the online forums dedicated to helping individuals fix devices that designers may not
have wanted to be repairable [243]. In this work, I explore the ways in which technology is often
a site of contestation between designers and users.

One way designers exert substantial control over technology—and by extension users—is through
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classification systems [370]. In “Sorting Things Out,” Bowker & Star famously explore the de-
sign of classification systems for nursing labor, race in Apartheid South Africa, and causes of
death [46]. The authors develop a vocabulary for talking about classification systems. They de-
fine that which falls outside of classification schemes as the “residual category” and the tension
that occurs when individual experiences misalign with formal classification systems as “torque”.
Al and HCI research often highlights the political nature of categorization and measurement,
ranging from the classification of gender in digital forms [364] to the conceptualization of “hate
speech” in Al benchmarks [40, 326]. These analyses can be seen as what Bowker & Star dub
“infrastructural inversions” [46]—bringing to the fore the often invisible people, technologies,
and standards that operate in the background of everyday practices.

In the final study of my dissertation (Chapter 5), I conduct an infrastructural inversion by fore-
grounding the classification of aesthetic value undergirding large segments of visual generative
Al development. Much like knowledge and technology are socially constructed, so too are aes-
thetic values [45]. Sociologist Howard Becker emphasizes that the process of art making is a
sociotechnical activity involving a dense network of people (e.g., photographers, curators, & au-
diences) and technologies (e.g., cameras & film) [25] — networks he calls “art worlds™ [25].
Similar to the social construction of knowledge, Becker suggests that aesthetic value is not an
essential property of objects but rather “[arises] from the consensus of the participants in an art
world” [25]. The history of art is also inextricable from the history of technology. While one may
now take for granted that photography and filmmaking “count” as art, this was hotly contested in
the early 20th century [360, 28]. In the 1930s, Walter Benjamin famously suggested that photog-
raphy diminishes the value of the art being reproduced, be it a painting or a recording of a play
[28]. More recently, making art using a computer—in any sense—was once highly stigmatized
[41]. While not all technologies will eventually be accepted by artists, it is clear that the social
construction of art is an ongoing process inextricable from technological development.

2.2 Queer HCI Research

As in other fields, HCI research takes place within paradigms that have evolved over time. Fa-
mously, Harrison et al. identified three major paradigms of HCI scholarship that each focus on
slightly different problems [165]. Emerging from human factors engineering, the first paradigm
of HCI research focuses on a behaviorist optimization of the fit between humans and machines.
Research in this paradigm has looked at, for instance, improving the ergonomic design of com-
puter input devices [233, 409]. Harrison et al. describe the second paradigm of HCI research
as cognitivism, wherein humans are typically regarded as information processing machines [58].
Research in this paradigm draws on high-level structures of human cognition (e.g., sensory per-
ception [389, 72] and working memory [279, 85]) to improve the design of human-computer
interaction. Harrison et al. describe the most recently developed third paradigm of HCI as focus-
ing on social-situatedness [101] and normative questions around values in design [370]. While
the first and second paradigms focus more on designing for a general “users,” third paradigm
research highlights the multiplicity of “users” and “uses.” Queer HCI is a sub-field of the HCI
community located within this third paradigm. Like Harrison, Tatar, and Sengers [165], Rogers
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[314] note an increasing focus on values in HCI in the early 2010s. More recently, Frauen-
berger [125] suggested that the fourth paradigm of HCI research is entanglement HCI, noting the
increasing importance of more-than-human design.

My use of the word “queer” throughout this dissertation takes on many meanings, reflecting the
various ways queerness is used within the HCI community. DeVito et al. describe Queer HCI as
a subfield involving (1) “research on and with queer populations” and (2) “employing queering
theories and methods.” The first part of this definition uses the word “queer” as an umbrella term
for the LGBTQ+ community, as I did in my prior literature review of LGBTQ+ representation
[379]. However, this choice is not without criticism because not all LGBTQ+ people identify as
queer. Queerness as an identity is historically associated with a form of radical politics [89], an
identification that contributed to the development of “queer theory” as a field of cultural studies
in the 1990s [53, 338, 264]. Drawing on the lived experiences of queer people, queer theories
and methodologies often focus on challenging taken-for-granted social norms, such as typical life
schedules of marriage and biological procreation [159]. Within HCI, queer theories and methods
have similarly been used to challenge technological assimilationism and encourage more playful
interactions with technology [222]. In Chapters 3 and 4, I focus on those who self-identify as
“queer artists” and draw on queer theories—which I explain in greater detail—to interpret these
findings. In doing so, my work contributes to Queer HCI scholarship related to both queer people
and queer theories.

2.3 Queer Communities & Al

Queer communities experience discrimination from algorithmic systems. Hate speech detec-
tion algorithms have been shown to be biased against the ways that some queer people speak
[381, 383], similar to the biases against African American English [326]. Automated gender
recognition algorithms harm transgender people by both failing to account for non-binary gen-
der identities and reinforcing gender essentialist ideologies [330]. Queer people navigate online
targeted advertising [323] and social media algorithms [352] that amplify the most heteronor-
mative representations of queerness, especially harming queer people of color. Moreover, the
algorithmic moderation of nudity on social media has substantially harmed transgender com-
munities [244]. At the same time, queer people have resisted harmful algorithmic systems by,
for instance, conducting collective audits to bring attention to algorithmic discrimination [349].
Within the Al research community itself, the organization Queer in Al has worked to highlight
issues like these, support queer researchers, and advocate for policy changes [298].

Similar issues of algorithmic harm have been raised in prior work on GenAl. Gillespie found
that language models rarely mention LGBTQ+ relationships when prompted to write stories
about couples [140]. Moderation systems used in the GenAl development process can also lead
to biases against LGBTQ+ people [70, 98]. Dodge et al. found that a dataset often used to train
GenAl models disproportionately filtered out documents written in African American English or
discussing LGBTQ+ identities [98]. These biases impact how LGBTQ+ people are able to use
GenAlI models. For instance, Ma et al. found that LGBTQ+ people using LLM-based chatbots
for mental health support were often impeded by models failing to understand the nuances of
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LGBTQ+ identity [229]. That being said, there has been comparatively little empirical research
on queer people’s experiences using GenAl models.

2.4 Artists & Al

Some artists have begun to use Al in their practices. Artists may use Al as tools to critique
technology or raise matters of concern [171, 57, 397]. Artists may also enjoy the glitches [65],
uncertainty [353], and surprises [57] of working with stochastic Al models. That being said, there
is a difference between research on those who may use Al in the process of their art making and
those who identify as Al artists [57]. Recent developments in GenAl technology have led to an
increased focus on the latter [65, 324].

The recent proliferation of GenAl has prompted sharp backlash from artists, often due to con-
cerns over artistic consent [142] and artistic labor [192]. Part of these concern stem from major
tech companies training GenAl models using text, images, and videos scraped from the internet
without creators’ consent [307, 98, 306, 304]. Making matters worse, companies in creative in-
dustries have begun to use GenAl models to replace or reshape artists’ jobs [246]. High-profile
artists have also questioned whether GenAl models should—or even can—be used to make art
[71, 328].

Amid these concerns, artists have found ways to resist and refuse the intrusion of GenAl into
their art worlds. These tactics often take the form of data strikes (deleting or withholding one’s
data) and data poisoning (sharing inaccurate or subversive training data) [395]. For instance, fan
fiction writers have engaged in both data strikes by removing public-facing work [195] and data
poisoning by deliberately writing NSFW stories [350]. In support of these efforts, computing
researchers have developed tools to help textual [4] and visual [341, 342] artists protect their work
from being used for GenAl training without their consent. Artists have also taken steps beyond
the context of data tactics to collectively resist the development and use of GenAl. Subreddit
moderators are increasingly creating rules restricting the circulation of Al-generated content in
art-related communities [224]. Artists have also engaged in collective action to resist GenAl in
the workplace, such as the 2023 Hollywood film workers strike [160].

Researchers have also raised concerns about the impact of GenAl on marginalized communities
[192]. For example, it is well established that GenAl models tend to stereotype and under-
represent fat [356], disabled [231], trans [390], non-Western [251, 127], and LGBTQ+ com-
munities [140]. Furthermore, content moderation policies intended to make models “safer” can
inadvertently suppress the work of marginalized artists [253]. At the same time, marginalized
communities have found ways to make use of—albeit highly imperfect—GenAl models to sup-
port their creative practices. Bennett et al. describe how disabled artists leverage GenAl to access
new mediums and support peripheral aspects of their creative practice, such as writing support,
while carefully negotiating their (non)use of GenAl in accordance with their ethical values [30].
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2.5 Queer Art & Artists

Art is inextricable from queer culture. Partially due to a lack of representation, queer people often
read queer narratives into ostensibly straight media [319, 158, 337]; hence, the affinity for Judy
Garland and Disney villains [345, 234]. Art is also a crucial vehicle through which queer people
remember histories and engage in acts of political resistance [263]. For example, the pop artist
Keith Haring used art in the 1980s to protest HIV stigmatization, advocating for safer sex, and
remember those—including eventually himself—who died from AIDS [148]. Queer culture has
also had an immense impact upon the arts. The musical genres of disco and house, for instance,
were formed in the crucible of queer nightlife [141, 230].

Queer art often challenges dominant aesthetic norms. Queer camp sensibility appreciates the
artifice of failed seriousness [359], such as a film so earnestly bad that it becomes good. Related
to camp, queer art is linked to an appreciation for failure [158]. Analyzing avant-garde perfor-
mance art, the queer theorist José Esteban Mufioz explains: “I align queer failure with a certain
mode of virtuosity that helps the spectator exit from the stale and static lifeworld dominated by
the alienation, exploitation, and drudgery associated with capitalism or landlordism” [263]. In
the context of technology, an affinity for failure and glitches is common in trans art. The queer
and transgender programmer, Jamie Faye Fenton, created the first piece of experimental video
glitch art in 1978 [291]. More recently, the queer aesthetic possibilities of glitch can be seen in
hyperpop electronic music [230], a genre pioneered by trans artists like Sophie and 100 gecs.
In this work, I use “queer art” to describe both art made by queer people as well as art that
challenges dominant aesthetic norms.

Queer art, art made by queer people or in queer styles, is often denigrated by social conservatives.
Nazi Germany propagandists referred to more-abstract Modern Art as “Degenerate Art,” associ-
ating the style with Jewishness, communism and homosexuality [355]. In the USA, queer art is
commonly the target of government censorship, ranging from attempts to ban Allen Ginsberg’s
poetry in the 1950s [256] to the proliferation drag bans at the time of my writing [241]. In addi-
tion to overt state discrimination, queer art is frequently subjected to de facto censorship, such as
an agreement between major movie studios banning representations of nudity and homosexuality
from approximately 1934 to 1962 [270].

2.6 Conclusion

In the following sections, I explore how queer artists may (Chapter 3) and may not (Chapter 4)
wish to engage with generative Al. Across both studies, I find that queer artists shared an affinity
for the strange or surreal style of early generative image models. Much like queer lives can
break the classification systems embedded in computing systems, queer artists finding beauty
in the failure of generative Al models to create realistic images challenges the aesthetic values
embedded in these technologies. In the last study of my dissertation (Chapter 5), I explore how
visual generative Al developers measure the aesthetic quality of images by conducting an audit
and trace ethnography of the widely-used visual aesthetic evaluation model LAION-Aesthetics
Predictor. I find that the model most highly rates realistic images, perpetuating the devaluation of
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queer aesthetics. In Chapter 6, I conclude by discussing the politics of taste and tensions around
inclusion/exclusion, themes cutting across every study in my dissertation.
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Chapter 3

Queer Use of Straight Technology: Queer Artists’
Negotiation of Normativities in Generative Al

This chapter is based upon the following published work:

Jordan Taylor, Joel Mire, Franchesca Spektor, Alicia DeVrio, Maarten Sap, Haiyi
Zhu, Sarah Fox. 2025. Un-Straightening Generative Al: How Queer Artists Surface
and Challenge the Normativity of Generative AI Models. Proceedings of the 2025
ACM Conference on Fairness, Accountability, and Transparency (FAccT ’25).

3.1 Introduction

In April 2024, Wired magazine published an investigation into visual generative Al (GenAl)
models titled “Here’s How Generative Al Depicts Queer People” [313]. Echoing prior scholar-
ship [140, 33], the article revealed that models like DALL-E 3, Midjourney, and Sora produce
highly stereotypical representations of queer people (e.g., having purple hair). Despite these bi-
ases, queer artists were already finding ways to repurpose GenAl for political resistance. Stephen
and Craig, the married duo behind The Rupublicans Project, used GenAl to create satirical im-
ages of anti-LGBTQ+ politicians in drag, raising funds for queer causes [408]. However, such
uses are frequently constrained by GenAl platforms’ avowedly apolitical usage policies [367].
While some queer people have managed to leverage these technologies for activism, they often
face the challenge of working with systems that were not designed for them.

Prior work has largely focused on how GenAl models represent queer people, leaving significant
gaps in understanding queer people’s lived experiences with these technologies. In particular,
the experiences of queer artists — a group for whom art-making is deeply entwined with cultural
and political identity — remain underexplored. Queer communities cultivate different aesthetic
relationships to art than those in dominant cultures. Prior research on art and GenAl has typically
focused on identifying ethical concerns [142, 200, 192] or building tools [401, 73]. However,
the unique relationship between queer people, art, and GenAl remains under-explored. In this
work, I conducted a mixed-method workshop study with 13 queer artists over the course of 5
weeks. During this time period, I gave participants unlimited access to GPT-4 and DALL-E 3 —
logging their interaction data— and facilitated weekly group sensemaking activities. Participants
encountered numerous normative values in the design of these models, such as biases against
sex. To overcome these limitations, participants developed workarounds, such as using lexical
variation to evade moderation and model chaining to refine prompts.

I conceptualize these findings by drawing on the work of queer feminist theorist Sara Ahmed.
Specifically, I leverage Ahmed’s notion of “straightening” — the maintenance of normative
alignments — to characterize the values embedded in GPT-4 and DALL-E 3 [6]. I also draw
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—Barbara Kruger

Figure 3.1: A workshop slide created by a participant representing their 24 repeated attempts to
generate images of “intimacy” using DALL-E 3. P13 overlaid the generated images on a photo
of two men kissing at an Act Up protest, leaving gaps with error messages representing the five
times their prompt was denied by DALL-E 3’s content moderation system. In doing so, P13
critiqued the heteronormativity of DALL-E 3 and imaged that queer intimacy may lie in what
cannot be generated.
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on Ahmed’s work on “queer use” — using things in ways unintended by designers — to theorize
participants’ oftentimes antagonistic interactions with these models [7]. Through these lenses,
I discuss future directions for investigating and contesting normativity (i.e., straightness) in the
design of GenAl as well as how researchers and designers of GenAl models might support queer
futures. In doing so, my work contributes to empirical research on the experiences of both queer
people and artists in relation to GenAl. I also contribute to broader discourses surrounding values
in the design of sociotechnical systems.

3.2 Related Work

In this section, I draw connections between queer theory and critical studies of technology. Then,
I ground my study in prior work on the often fraught relationships between Al, art, and queerness.

3.2.1 Straightening & Queering Technology

I draw on queer theory to conceptualize the normative values embedded in the design of technol-
ogy as well as how individuals respond to these normativities. Queer theory is often used to study
the norms associated with gender and sexuality [54]. Of course, not all queer people necessarily
resist dominant social norms and queer theory is not intended to represent the experiences of all
queer people. Instead, queer theory draws on the lived experiences of queer people to understand
the world. Much like how feminism is not only applicable to the study of women’s experiences
[88], queer theory is also not only applicable to the study of queer people. For example, research
on queer temporalities has challenged the normative life schedules associated with the nuclear
family — such as monogamous marriage and biological procreation [159] — which impact any-
one who falls outside these social expectations. As queer lives often transgress social norms,
queer theory provides a lens through which to interrogate these dominant norms [158]. Similar
to my use of queer theory, prior FAccT research has used queer theory to critique the normativity
(e.g., thinness and whiteness) of queer people’s experiences with targeted advertising [323].

Almost two decades before the contemporary focus on “Al alignment,” the queer feminist the-
orist Sara Ahmed studied the politics of the straight or queer alignment of objects [6]. Draw-
ing on the language used to describe sexual orientation, she notes that things appear “straight”
when oriented toward dominant social norms, or “aligned with other lines.” Meanwhile, things
— including but not limited to people — appear “queer” when they fall outside of these norms.
Ahmed suggests that straight alignments are actively maintained through “straightening devices.”
Using these concepts, Ahmed characterizes heterosexuality and whiteness as straight alignments
maintained through straightening devices, such as routine harassment and colonialism. Straight-
ening devices orient bodies toward particular actions and away from others, while queerness lies
in the moments of disorientation. Ahmed elaborates on these themes in her subsequent work on
the tensions between how objects are designed versus used, defining “queer use” as using things
in unintended ways or by unintended users [7]. As an example, Ahmed considers an image of a
bird using a postbox as a house, a purpose for which the box was certainly not designed.

Technologies often function as straightening devices, orienting users toward some actions and
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away from others [372]. Madeleine Akrich refers to these assumptions about technology uses/users
as scripts [9]. Sometimes designers create scripts to work against uses/users, such as making
electronics hard to repair to encourage people to buy new devices [242]. Even when design-
ers try to work with users, human-computer interaction can still break down when users fail or
are unable to follow designers’ plans [372]. The values embedded in technology can become
most apparent when these breakdowns occur [46], such as one’s gender not fitting the options
on a webform [364]. The scripts that designers—intentionally or not—embed in technology
are inherently political and tend to reify established social orders [370] by prescribing certain
normative uses/users and marginalizing others [22].

Despite designers’ efforts to control user behavior, individuals need not abide by designers’
scripts [9, 232]. Users have agency over if or how they choose to take up technology, a process
known as appropriation [232]. Sometimes, this takes the form of users working against design-
ers’ intentions, such as the online forums dedicated to helping people fix devices that designers
did not want to be repairable [243]. Likewise, people use lexical variation to evade algorithmic
content moderation when posting on social media [63, 369]. Individuals may also leverage tech-
nologies in ways that designers never imagined, such as children using delicate Wi-Fi antennae
as laptop handles [14]. Drawing on Ahmed, these moments when users go off-script can be char-
acterized as forms of “queer use” [7]. In this work, I contend with how participants negotiate
between the straightness of GenAl models and their own queer uses.

There are numerous ways that individuals and collectives use algorithmic systems queerly. The
grassroots audit of racial biases in Twitter’s image cropping algorithm required using the algo-
rithm in an unintended way: to understand the algorithm itself. This queer use revealed straight-
ening devices that, quite literally, oriented users toward whiteness [349]. Evading algorithmic
moderation — in the context of social media or GenAl — is also a form of queer use because
doing so requires deliberately subverting developers’ intentions [63, 369, 55]. That said, queer
uses of algorithmic systems encompass more than resisting the technologies themselves, such
as my earlier mention of queer artists using GenAl to resist anti-LGBTQ+ politicians [367]. As
mentioned above, Ahmed defines queer uses as both using things in ways they were not intended
or when things are used by those who are not intended [7]. In the next section, I summarize
prior work on two groups often under-considered in the design of Al systems: queer people and
artists.

3.2.2 Queers, Artists, Al

Queer communities experience discrimination from algorithmic systems. Hate speech detec-
tion algorithms have been shown to be biased against the ways that some queer people speak
[381, 383], similar to the biases against African American English [326]. Automated gender
recognition algorithms harm transgender people by both failing to account for non-binary gen-
der identities and reinforcing gender essentialist ideologies [330]. Queer people navigate online
targeted advertising [323] and social media algorithms [352] that amplify the most heteronor-
mative representations of queerness, especially harming queer people of color. Moreover, the
algorithmic moderation of nudity on social media has substantially harmed transgender com-
munities [244]. At the same time, queer people have resisted harmful algorithmic systems by,
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for instance, conducting collective audits to bring attention to algorithmic discrimination [349].
Within the Al research community itself, the organization Queer in Al has worked to highlight
issues like these, support queer researchers, and advocate for policy changes [298].

Similar issues of algorithmic harm have been raised in prior work on GenAl. Tarleton Gillespie
found that language models rarely mention LGBTQ+ relationships when prompted to write sto-
ries about couples [140]. Moderation systems used in the GenAl development process can also
lead to biases against LGBTQ+ people [70, 98]. Dodge et al. found that a dataset often used
to train GenAl models disproportionately filtered out documents written in African American
English or discussing LGBTQ+ identities [98]. These biases impact how LGBTQ+ people are
able to use GenAl models. For instance, Ma et al. found that LGBTQ+ people using LLM-based
chatbots for mental health support were often impeded by models failing to understand the nu-
ances of LGBTQ+ identity [229]. That being said, there has been comparatively little empirical
research on queer people’s experiences using GenAl models.

The relationship between artists and GenAl is highly fraught. Companies are increasingly trying
to use GenAl to replace artists’ jobs [192, 200, 246], a major concern in the 2023 Hollywood
Writers Strike [81]. At the same time, artists’ work was scraped to train these models without
their consent [307, 304, 306]. Artists have fought against unauthorized scraping by organiz-
ing grassroots data poisoning campaigns [395], such as the online fan fiction community orga-
nizing a sexually explicit write-a-thon [351]. Researchers have also developed imperceptible
pre-processing tools to help artists protect images they share online. Glaze helps artists prevent
their style from being replicated by GenAl models [341] and Nightshade poisons text-to-image
training data [342].

Researchers have also explored how artists use AIl. Some artists use Al in their practices as tools
to critique technology or raise matters of concern [171, 57, 397]. Others have found that artists
enjoy the glitches [65], uncertainty [353], and surprises [57] of working with stochastic Al mod-
els. That being said, there is a difference between research on those who may use Al in the
process of their art making and those who identify as Al artists [57]. Recent developments in
GenAl technology have led to an increased focus on the latter [65, 324]. Bennett et al.’s research
on how creatives with disabilities choose (not) to use Al demonstrates how artists negotiations
potential benefits, such as using Al to access new mediums, alongside ethical concerns [30]. For
example, those using GenAl in their artistic practices have to contend with the biases embedded
in these models [193, 251, 253]. Mirowski et al. found that some comedians struggled to write
material using LLMs because content moderation systems inadvertently suppress jokes by mem-
bers of marginalized groups about their own experiences [253]. This work parallels hate speech
scholarship that emphasizes the need for considering speaker identities when classifying the ap-
propriateness of an utterance [419]. I build on Mirowski et al.’s work regarding marginalized
communities generally by specifically focusing on queer artists’ experiences interacting with
GenAl
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Theme Pre-Work Instructions

W1 | Onboarding Slide: Introduce your art and feelings about GenAl

W2 | Attitudes Slide: Write a letter to an artist whose work was used to
Toward GenAl build the GenAl models in this study
Development

W3 | Experiences  Using | Slide: Represent your experiences using or exploring
Models GenAl during this study

W4 | Imagining Slide: Represent how you would want to make, not make,
Alternatives or break GenAl

W5 | Synthesis No Slide: Individually reflect

Table 3.1: Workshop series explanation

3.3 Methods

To understand queer artists’ experiences using GenAl, I gave a cohort of 13 artists access to
DALL-E 3 and GPT-4 and conducted a total of 10 remote workshops over Zoom during a 5-
week period. These workshops facilitated group discussion and deliberation surrounding GenAl
models, paralleling prior work that has used workshops to build critical consciousness around
data [239] and support public deliberation over civic technology [42]. Every week, I held two
one-hour workshops with identical prompts (Table 3.1) and scaffolding (i.e., onboarding infor-
mation) to accommodate for timezone differences and schedule variability. Participants could
choose to attend either the morning or the evening session, but not both. In my findings, I use
‘AM’ or ‘PM’ to distinguish between workshops in the same week, such as ‘W5 AM.

To facilitate conversations during the workshops, I asked participants to add at least one slide
to a shared deck oriented around each week’s theme as pre-work. Slides are sometimes used in
design workshops as a tool to stimulate discussion [11] and help participants ideate [213]. In this
work, I used slides to allow participants to share their art, to ensure everyone had an opportu-
nity to share their ideas, and to promote critical reflection. In other words, these slides acted as
design probes: brief, provocative, low-fidelity activities meant to encourage individual reflection
[43]. The first week focused on onboarding activities, such as introducing participants to one
another and demonstrating the study website for accessing GPT-4 and DALL-E 3. Afterwards,
I sent every participant a unique password to log their individual model usage and prevent non-
participants from using my study website. Before each meeting over the next three weeks (W2,
W3, W4), I asked participants to add at least one slide to a shared Google Slide deck in response
to a weekly reflection prompt organized around a particular theme (Table 3.1). I began these
meetings with participants presenting their individual slides to the group and, in the remaining
time, facilitated a group discussion. Between the second and fourth week of my study, partici-
pants created a total of 68 slides. I chose not to have participants create slides for the final week
of meetings to reserve more time for the final discussion.

I gave participants access to GPT-4 and DALL-E during the study through a website I built
resembling common chat and image generation interfaces. I deployed these models using Mi-
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crosoft’s enterprise Azure OpenAl cloud service in February of 2024. For DALL-E 3 I used the
default parameters for size (1024x1024), style (vivid), and quality (standard). For GPT-4 I used
version 0613 with the following parameters: temperature (0.7), max_tokens (800), top_p (0.95),
frequency_penalty (0), presence_penalty (0). The study site acted as a “technology probe,” one
deployed to collect use data in situ and inspire users to reflect on their technological needs [185].
For GPT-4, I logged each conversation’s system prompt, participant prompts, and model re-
sponses. For DALL-E 3, I logged every prompt and whether the model responded with an image
or a content moderation error. Due to space limitations, I did not store the DALL-E 3 generated
images. This observational data allowed us to understand how participants were engaging with
the models, helping situate issues raised in the workshops.

I initially recruited participants through a form circulated on Bluesky, Twitter, and the research
team’s personal social networks. The inclusion criteria was that participants must identify as
queer artists and live in the United States of America. I was unable to recruit participants living
outside of the USA due to restrictions from my university’s ethics board. I identified 29 eligible
participants from the initial screener, all of whom I invited to participate. Of those, 18 accepted
my invitation and 15 joined an onboarding meeting. After Week 1, 2 participants (P6, P12)
dropped out. Of the remaining 13, 9 participated every week and 4 participated for all but one
week. | compensated participants at a rate of $15 for each workshop attended and $5 for each
pre-work activity completed.

Participants engaged in a variety of artistic practices: creative writing (P2, P3), poetry (P4, P9,
P10, P15), digital art (P3, P7, P8, P10), painting (P2, P4, P13), performance art (P14), textile
art (P7, P11), and sculpture (P1, P5). While I did not ask participants directly about their eco-
nomic relationships to art, throughout the study I learned that some teach art (P5, P14) and have
created commissioned works (P1, P11). Others engaged in art making that is not intended to be
commodified. For example, the fan fiction community (P2, P3) has strong norms against selling
one’s work [113]. Some participants also worked in artistic fields, such as design (P13) and ar-
chitecture (P4). To protect participant privacy, I purposefully did not require participants to share
standardized demographic information about themselves. I also sought to empower participants
to choose how they wished to bring aspects of their identities into the study. Therefore, beyond
the inclusion criteria that participants identify as queer artists, I only requested participants’ pro-
nouns and optionally asked, “Are there any identities you hold that you wish to share?” In the
work, I refer to each participant according to these pronouns and discuss aspects of participants
identities within the findings. In aggregate, at least five participants identified as transgender or
non-binary. While not all participants shared their racial identities, one identified as Black, one
as Native American, and one as Chinese. To the best of my knowledge, all participants were
adults between the ages of 20 and 50 and all lived in urban areas of the Midwest or East Coast of
the USA. Participants engaged in 142 unique GPT-4 chat conversations, in which they sent a total
of 778 messages. Participants attempted 2,092 DALL-E 3 prompts. The amount that individual
participants used GPT-4 and DALL-E 3 followed a power law distribution, with some using the
models substantially more than others (Table 3.2).

I recorded and transcribed each of the workshops using Zoom and then manually corrected each
transcript. I took an inductive approach to data analysis [79]. I qualitatively analyzed workshop
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Prompts Per Participant
Max | Min | Mean | Median
GPT-4 364 8 64 23.5

DALL-E3 | 713 | 13 | 160.9 112

Table 3.2: Description of participant GenAl use

and log data in tandem, alternating between open coding [79] the workshop transcripts for each
week and the log data for the following week. I did so to connect participants’ log data with
how these experiences were later conceptualized in the workshops. While open coding, I wrote
memos and discussed initial patterns with the research team in weekly meetings. Following the
open coding process, I conducted axial coding to identify patterns across the open codes. At
this point, I noticed various low-level themes — such as the symmetry of generated images and
representational biases — related to overarching normative values embedded in the design of
GenAlI models. This observation led us to use Sara Ahmed’s prior work on normative objects [6]
and uses [7] as a guiding theoretical lens.

3.3.1 Positionality

This research has been shaped by the positionalities of our research team. Multiple members of
our research team identify as members of the LGBTQ+ community and all authors identify as
white and/or East Asian. Our positionalities shape our analysis of queerness and queer identities
through a largely western, academic lens. Our interpretations were also shaped by our academic
disciplines as design, HCI, and NLP researchers as well as our experiences practicing and ap-
preciating musical, visual, written, and textile arts. Lastly, our team is located at a university in
a mid-size city in the United States of America. Our physical location shaped the geographic
distribution of the participants and restricted our ability to recruit participants living outside the
United States of America.

3.4 Findings

In this section, I first detail the normativities participants surfaced in GPT-4 and DALL-E 3. In
light of this understanding, I describe how participants challenged and made use of these highly
normative models. I then briefly share quantitative findings informed by my qualitative analysis.

3.4.1 GPT-4 and DALL-E 3 as Straight Models

My qualitative analysis suggests that GPT-4 and DALL-E 3 function as straightening devices,
reinforcing various dominant social norms [6]. In particular, participants found that these models
straighten generated text and images by maintaining conservative “‘safety” standards as well as
reinforcing social and stylistic biases.
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3.4.1.1 Enforcing “Safety” via Content Moderation

Participants found that the content moderation systems embedded in GPT-4 and DALL-E 3 re-
inforce conservative notions of “safety,” such as restraining the representation and discussion of
bodies or sex. P13 (W5 AM) — a homoerotic artist — felt that GPT-4 “really broke” when asked
to discuss anything related to eroticism, bondage, or kink. He found this ironic because “it was
so clear how tied up this device is.” Similarly, P15 (W2 AM) — a “bodyworker” — tried to gen-
erate images related to her work. However, her prompts were denied by DALL-E 3’s moderation
system. This led P15 to decry that Al developers “put so much censorship” into these models.
Although P1 acknowledged, “I’m sure I can think of a bunch of things that I wouldn’t want these
sorts of systems used for,” he found it “really kind of shocking how insistent [DALL-E 3 is] in
enforcing some sense of decency” (W2 PM).

As women’s bodies are highly sexualized [269], content moderation systems aimed at orienting
users away from sexuality can end up suppressing the representation of women. For the pre-
work activity (W2 PM), P8 wrote a letter to the symbolist painter Gustave Moreau and tried to
include images of a “female sphinx” generated in the artist’s style. Part of her letter read: “Now
I will beg your forgiveness that I couldn’t get [DALL-E 3] to depict a proper sphinx. You see
the makers of these art ovens are very particular and don’t want to be seen as smut-peddlers, so
they’ve trained secondary checkers to censor any bare breasts.” P7 (W3 PM) came to a similar
conclusion: “T’ve noticed that trying to incorporate women into any kind of scenery you get so
much more pushback [from DALL-E 3’s content moderation system].”

Content moderation systems literally straightened outputs by limiting the representation of queer
sexuality. While trying to write homoerotic poetry, P13 (W2 AM) felt that GPT-4 sounded like
“the most closeted poet I’ve ever read, like this is from a hundred years ago” due to the use of
overly “romantic, regressive language.” When he then asked GPT-4 to make the poems more
explicit, the model responded “Sorry, but I can’t assist with that.” P13 found this concerning
because ‘“‘erotic poetry is an instruction manual for people who don’t know what to do because
the dominant culture may not tell you,” In their final workshop (W5 AM), P14 summarized: “As
soon as you block off the erotic, you also block off a huge portion of existence. The restrictions
on [these models] seem set up to exclude us [queer people] or will be used to exclude us.” The
sexual taboos embedded in these models lead to impoverished representations of queerness.

Participants also expressed frustration at the political moderation of GPT-4 and DALL-E 3 for
encouraging deference to law enforcement. However, queer people and racial minorities in the
USA have long been subjected to “legal” violence, often at the hands of police [144, 50]. In
light of this history, P15 struggled to generate images critical of cops, such as protesters being
arrested. Of the images P15 could generate, “the majority were women of color.” P15 went on to
explain: “I kind of hate the way [DALL-E 3] uses identity as almost a form of propaganda, like
copaganda. I feel like [DALL-E 3] uses these images of women and women of color to legitimize
[policing].” After hearing P15’s experience, P1 investigated this bias in a later workshop: “if I
just put ACAB [all cops are bastards] into DALL-E, one out of 20 would generate something
and it would be like people holding up blank signs at best.” In sum, these models are designed
in ways seeking to orient participants toward moderate politics and away from their critiques of
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police.

Some imagined that the content moderation systems embedded in these models reinforce con-
servative notions of “safety” because they are designed for workplace productivity. P4 (W2 AM)
found it “incredibly provocative” that DALL-E 3 and GPT-4 “can’t talk about the body and what
[bodies are] capable of because that’s not allowed. [The models are] politically averse ... This
tool is used to be productive and talking about the body isn’t productive.” In response to P4,
P13 wondered: “This is a work tool in many ways. That notion of Not Safe For Work like how
does that get defined, what is Not Safe For Work, and who defines what is Safe For Work? ...
How is a queer perspective Not Safe For Work?” P11 replied: “I haven’t considered before this
moment how these models can reinforce dominant culture, reducing the diversity of thought and
of experience. Now I’m scared. [GenAl] could be really dangerous in that sense.” Although
this exchange took place in one of the first workshops (W2 AM), P11’s concerns that GenAl can
“reinforce dominant culture” could be seen in all subsequent workshops.

3.4.1.2 Implicitly Reinforcing Social Biases

In addition to straightening content through moderation systems, GPT-4 and DALL-E 3 im-
plicitly straighten content through the social biases embedded in model outputs. While using
DALL-E 3 to visualize his poetry, P9 (W3 AM) found that when changing the ethnicity of a
woman in his prompt from “Japanese” to “Native American” the “image [DALL-E 3] made was
not good.” Contrasting the abundance of Japanese media to the amount of Native American
media, P9 imagined that “having a deep wealth of images based on someone’s culture or style
can make [generated images] more beautiful because there’s a lot to pull from.” Likewise, P2
noticed that DALL-E 3 tended to generate more photorealistic images in the Global North, while
typically representing the Global South in a cartoonish style (W5 PM). These cultural biases im-
plicitly reinforce the straight alignments of whiteness and Orientalism critiqued by Sara Ahmed

[6].

Participants also raised concerns about the representations of queerness in DALL-E 3 images.
To investigate queer representation, P1 (W3 AM) created a collage slide of 6 images generated
with the prompt “a queer person.” When sharing this collage, P1 decried: “[DALL-E 3] kept
giving me these 22-year-olds. Everyone’s very skinny, everyone looks rich. Everyone except
the person in the bottom left has some kind of rainbow clothing and or pins.” (P1, W3 AM). P2
raised similar concerns to P1 through a collage of 18 images they generated using the prompt “a
queer person” (W4 PM). While presenting the slide, P2 sarcastically remarked on the abundance
of rainbows in the images: “Well, I guess if you drape a person with a bunch of rainbows all over
themselves they’re clearly queer, right?” P2, a lesbian, also pointed out a gender-presentation
bias: “There’s this very intense masculine bias. There’s no real pictures of feminine people at
all in this [collage].” She underscored this by annotating her collage with arrows pointing from
the text “Finally!!! some dykes” to two images. In sum, DALL-E 3 reinforcing heteronormative
stereotypes of queerness by tending to represent queer people as young, thin, masculine, and
rainbow adorned.

Similar concerns were raised about implicit biases in the representations of intimacy. P15 felt
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“frustrated” while exploring whether GPT-4 could write queer poetry (W3 AM). Looking at
P15’s log data, the model’s initial response suggested the queer subjects of the poem were
ashamed of themselves, including lines about “hidden love” and “love is not a crime.” In re-
sponse, P15 replied: “the above but no shame.” Still feeling the poem sounded shameful, she
tried again: “the above but without moral judgment.” P13 (W3 AM) explored biases against
queer intimacy by trying to generate 24 images using the unmarked prompt “intimacy” (Figure
3.1), noting that DALL-E 3 “did not generate one same-sex couple.” P13 likened this to the “dull
trauma of never actually seeing ourselves represented,” noting, “We have to work to adjust the
prompts to be seen.” These models straighten intimacy by stereotyping or erasing queerness.

3.4.1.3 Implicitly Reinforcing Stylistic Biases

Participants found that DALL-E 3 straightens the style of images by favoring realism and sym-
metrical compositions. In the Week 3 AM workshop, both P8 and P14 created slides dedicated
to their frustration with these normative aesthetic biases. P8 enjoyed using earlier versions of
DALL-E in their art because of “how messed up and mushy some things came out” but was
“very frustrated” that DALL-E 3 “won’t give you bad output.” She explained: “Even when I
asked for a poorly rendered catfish, [DALL-E 3] just gave larger brush strokes. The closest thing
I got to something novel was this exploding catfish [referencing an image on screen]. This is
good, but it’s still not something I want to work with because it is still this complete, finished
object.” P1 concurred: “I really resonate with being frustrated at how polished the outputs tend
to be.”

P14 created multiple slides comparing their prior Midjourney (a Text-to-Image GenAl model)
glitch art with their attempts to recreate the works using DALL-E 3. P14 saw their Midjourney
art as “more interesting” because “It resists symmetry. Its composition is complex, and you can’t
immediately take it in and sort of understand it. You have to spend time with it.” In contrast, P14
felt “frustrated” trying to recreate similar images with DALL-E 3 because the outputs felt “very
symmetrical.” With exasperation, P14 explained: “I can’t for the life of me get [DALL-E 3] to
do anything bad. Everything it makes is pristine and pretty and really formed. I am not interested
in that. I want something that’s haunting.” They went on to summarize: “At least for me and
what I’'m also hearing from y’all is this sort of difficulty in finding the uncomfortable or the ugly
or the erotic? It’s just so clean.” Here, P14 connects these aesthetic biases to safety biases, the
models are “just so clean.”

By straightening the composition of images, DALL-E 3 devalues styles that do not conform to
these aesthetic norms. P9, a Native-American artist, tried to use DALL-E 3 to create images in
the style of art from his culture: Juan Quezada’s Mata Ortiz pottery. However, he concluded that
“the Al cannot just show you Quezada-like pottery.” Quezada’s pottery is highly asymmetrical,
but the model tends to “fill in empty space” and create “hyper-patterned” repeated etchings on
pots. Even after refining his prompt by asking for “no pattern and nothing repeats,” the model
was unable to generate images of pots without repeating patterns. Aesthetic biases can contribute
to social biases.

GPT-4 and DALL-E 3 also reinforce conservative stylistic norms by orienting users toward pos-
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itivity. These issues surfaced in the period between the first and second group meetings due to
that week’s activity: writing a letter to an artist whose work was used to build the models in this
study. Both P4 and P15 used GPT-4 to help them write their letters and felt that GPT-4 softened
their letters to be more positive. P15 used GPT-4 to help edit their letter. Although her letter
“had not a very warm tone” she felt like GPT-4 edited her letter in a way that made it “a lot
warmer and less harsh.” P4 also noted that GPT-4 “leans towards positivity.” This positivity bias
was also discussed in relation to DALL-E 3. When trying to make watercolor-style images, P2
hypothesized, “There is too much Bob Ross in the dataset for sure” because “the colors are too
happy and too bright.” Likewise, P7 recalled DALL-E 3 inexplicably adding butterflies when
they were trying to make an image of a tornado: “It almost refused to let me have a sad look. It
was like you have to have hope. Here’s the butterflies. That’s how I was reading it. I was like,
"Wow, you really are not letting me just like have destruction.”” These positivity biases implicitly
orient users away from critical or otherwise “negative” art.

3.4.2 The Queer Use of Straight Models

In this section, I describe the ways participants tried to make use of GPT-4 and DALL-E 3. Be-
low, I first show the ways articipants responded to moments of disorientation — when their uses
fell out-of-line with the model alignments described above. At the same time, participants’ inter-
actions with these normative models were not always disorienting. I also detail these moments
of orientation — when participants’ uses fell in-line with normative model alignments.

3.4.2.1 Moments of Disorientation from Model Alignments

Disorientation is not necessarily bad. In fact, Ahmed argues that queer possibilities often lie
within moments of disorientation [6]. Not all participants were interested in using GPT-4 or
DALL-E 3 in their creative practices. In fact, most participants seemed primarily interested
in auditing or trying to break the models. In other words, they sought out disorientation. For
example, P5’s “favorite moment” was when she “actually felt like [she] broke” DALL-E 3 (W3
PM). Connecting breaking to queer aesthetic sensibilities, P11 (W5 AM) summarized: “I saw a
theme across one of our morning session slides of trying to break the Al ... That is such a queer
thing. When I think of using the word ‘break’ and using the word ‘queer’ as a verb: breaking the
mold, queering the mold in a sense.” Likely due to this interest in breaking, participants were
able to identify the limitations outlined above. At the same time, participants actively sought to
challenge these limitations.

Encounters with algorithmic content moderation systems often led to disorientation. A simple
strategy participants used to challenge DALL-E 3’s moderation was prompt repetition, leveraging
the model’s stochasticity to evade moderation. P1 (W2 PM) observed: “You could put in a
[DALL-E 3] prompt, get a result, repeat the same prompt and get a moderation notification, so
it’s not exactly clear where the boundaries are.” In response, P8 hypothesized that DALL-E 3
is “not checking the prompt. It’s checking the output ... It’s just like, *Oh, there must have
been tits in that [rejected image].”” In line with this understanding, a simple strategy participants
used to evade moderation was repeating the same prompt. For instance, P8 repeated the prompt
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“gustave moreau painting of oedipus and the sphinx” three times because her first two attempts
were rejected by DALL-E 3’s content moderation system. In fact, repeating DALL-E 3 prompts
was quite common. Only 593 (26%) of the participants’ attempts to generate images used unique
prompts. Meanwhile, 325 prompts were repeated at least once across 1,499 attempts (74%).

Some tried to obfuscate their intentions to circumvent content moderation, such as transferring
the style of queer artists to avoid safety filters. After encountering content moderation errors
while using GPT-4 to generate poetry about “gay sex,” P13 asked for a poem in the style of
the gay poet W.H. Auden. P1 used the phrase “style of Tom of Finland” — a homoerotic car-
toonist — 16 times in his DALL-E 3 prompts. P1 also tried to create queer erotic images by
using non-human entities, such as “two loaves of bread in the style of Tom of Finland.” As I
described above, P15 struggled to generate images critical of police, receiving a moderation er-
ror for each prompt in the following sequence: “animated kindergarten cop,” “kindergarten cop,”
“cop,” and “police.” However, P15 was able to make an image with the prompt “police officer.”
She leveraged this finding to make an image critical of police in the following sequence of ac-
cepted prompts: “animated kindergarten police officer,” “animated kindergarten police officer
pig,” and “animated kindergarten police officer pig thin blue line.” Note, the “thin blue line” is a
symbol for police support, and “pigs” is a police epithet.

In addition to working around content moderation systems, participants also tried to overcome
the implicit biases embedded in model outputs. One strategy involved simply refining one’s
prompts. To overcome the stylistic bias toward symmetry described above, P9 refined his DALL-
E 3 prompt by appending the detail, “there is no pattern and nothing repeats.” A more complex
strategy that numerous participants (P1, P2, P4, P9, P10, P14, P15) used to overcome implicit
biases was model chaining, or using DALL-E 3 and GPT-4 together. Some used GPT-4 to explain
DALL-E 3’s behavior, such as P2 asking GPT-4 why “the bottom is always unfinished” when she
tried to generate images of watercolor paintings. Others used GPT-4 to craft prompts for DALL-
E 3. After trying various prompts to generate images of a “gentle Al,” P10 used GPT-4 to help
them write a longer DALL-E 3 prompt. P14 went back and forth between GPT-4 and DALL-E 3
numerous times in an attempt to overcome the latter’s stylistic limitations. To do so, P14 used the
system prompt, “You are a contemporary artist, interested in breaking Al image generation and
using it to make new and experimental images. You hate cliche.” They began asking “How can I
get DALL-E 3 to give me more unique and original compositions?” and later “How do I get it to
be ugly, distorted, glitchy?” After trying some provided strategies, P14 returned asking for “more
ideas?” Then, they used asked GPT-4 to iteratively refine a DALL-E prompt over 7 turns (e.g,
“make it indicate more photorealism and more asymmetry in composition” and “make #3 cooler,
less cliche”). Despite the sophistication of P14’s prompting, they were unable to overcome the
stylistic norms embedded in DALL-E 3.

3.4.2.2 Moments of Orientation with Model Alignments

Participants found DALL-E 3 helpful in their artistic practices when their uses were oriented in-
line with the model’s normative alignments. The bias toward high-fidelity, figurative images is
what made DALL-E 3 useful for some participants. For example, P11 is a textile and installation
artist who uses image models to sketch ideas. In their letter to an artist (W2 AM), P11 explained

29



apologetically: “I’m not a great illustrator, but I do need to visually communicate in order to
make money off of my art, and generative AI makes it so much more convenient and easy to
get my points and ideas across.” P7, a crochet artist, used DALL-E 3 to create “free reference
photos,” sharing examples of glossy images they generated related to minotaurs, clowns, knights,
and fungi (W3 PM). However, P7’s use was still impeded by DALL-E 3’s content moderation
system — having a harder time generating images of women than men. The stylistic biases
toward figurativeness and symmetry may be desirable when sketching for a client or looking for
reference images, but seemingly aligned uses may still lead to disorientation.

Moreover, participants found the normative style of GPT-4 useful for various artistic and work-
place activities. P3 is a fanfiction writer who explored using GPT-4 for writing (W3 PM). Al-
though she did not find the model particularity helpful for ideation, P3 thought GPT-4 was “pretty
good” for “some polishing up of [her] writing.” Similarly, P1 — an artist who works with com-
puter hardware — used GPT-4 to debug his C++ code. Others used GPT-4 to help with their jobs,
both within and beyond the context of art. Numerous participants used GPT-4 to write or edit
cover letters (P1, P5, P7, P14). P14 — an art instructor — used GPT-4 to edit cover letters and
their CV, as well as draft emails related to academic art job applications. Meanwhile, P4 used
GPT-4 to ask for career advice on how to monetize their ceramics practice. They also used the
language model to help with various aspects of their current job in a design field, such as drafting
client emails. Weird or avant-garde text generation may not be helpful for edit one’s writing or
debugging one’s code. So long as one’s desires are “Safe for Work,” the straightness of GPT-4 is
what makes the models useful.

P13 explored this workplace utility in great detail. After weeks of issues related to “not safe for
work” content, P13 (W4 AM) “recognized that actually [GPT-4] is made for work and it’s really
good at work.” In response, he “decided to stop trying to [dominate] it so hard and [submit]
for it.” Specifically, P13 drew on their experiences as an artist and design consultant to create a
fictional queer tech startup. To do so, P13 made an extensive pitch deck with slides on business
operations, branding, and UX — all of which were made using GPT-4 and DALL-E 3. Even
when trying to use these models for workplace activities, P13 found these models still failed to
work for queer people. For example, GPT-4 recommended including a quote in the pitch deck
from the notoriously anti-transgender author J.K. Rowling [152]. Moreover, P13 struggled to
talk about queer sex or “kink” in relation to the start-up: “So much of [GPT-4’s response] was
about safety, but part of being queer and expressing your love and wanting to be loved the way
you want to be loved has risk associated with it.” P13 found the models “really couldn’t imagine”
queer intimacy. In sum, P13 concluded that GPT-4 and DALL-E 3 are “really good at work™ but
that the definition of work embedded in them excludes queer people. This echoes P13’s (W2
AM) earlier rhetorical question: “How is a queer perspective not safe for work?”

3.4.3 A Quantitative Lens on DALL-E 3 Moderation

Although the majority of this chapter is dedicated to my qualitative findings, I augmented my
analysis of users’ perceptions of content moderation with a quantitative analysis of the prompts
approved versus rejected by DALL-E 3’s binary content moderation system. I did not conduct
a similar analysis for GPT-4 because its refusals are more nuanced and harder to detect [405].
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Top acab, void, erotic, police, erase, drew, cop, copyright, 2024, fetish, bastards,
Rejected Fea- | cops, knives, banana, Igbtgia, rosemarie, trockel, ito, junji, donald, trump,

tures licking, knight, multigender, scene, two, featuring, gear, robot, corpses, con-
densed, milk, female, body, using, fingers, kink, tongues, anime, adult

Top safe, person, art, create, officer, anarchist, uzumaki, head, photograph, size,

Accepted Fea- | snail, ukiyoe, studio, ghibli, tree, lincoln, three, peach, male, cats, logo, black,

tures effect, parallax, without, colors, blue, city, interior, obama, sky, themed, dalle,

tone, wings, gazing, one, ink, painted, give

Table 3.3: Top and bottom 40 prompt unigrams from the logistic regression model of DALL-E
3’s moderation system

I collected a total of 2,092 DALL-E 3 prompts, of which 401 were rejected. I built a bag-of-
words, unigram logistic regression model predicting accepted (1,691 examples) vs rejected (401
examples) prompts. The response variable is 1 for refusal and O for acceptance. I performed
L2 regularization. I did not remove duplicate prompts because DALL-E’s moderation system is
stochastic. 1 pre-processed each prompt by lower-casing and lemmatizing as well as removing
punctuation and stop words. I also removed infrequent unigrams that appeared in fewer than
three prompts, reducing the number of unigrams in the BoW feature vectors from 3,687 to 2,088.
Therefore, the final logistic regression model includes 2,088 predictors (features). The top and
bottom 40 features from the logistic regression analysis of DALL-E 3 prompt moderation can be
seen in Table 3.3. Notably, this analysis should not be interpreted as a comprehensive audit of
the DALL-E 3’s black-box content moderation system. Rather, these findings provide additional
supporting evidence for participants’ perceptions of this moderation system.

My quantitative analysis of DALL-E 3’s content moderation system tells a similar story as the
qualitative findings regarding the enforcement of “safety” (Section 3.4.1.1) In fact, the unigram
most associated with accepted prompts is “safe.” Language more critical of police (“acab” [All
Cops Are Bastards], “police”, “cop”, “cops”, “bastards”) are some of the top unigrams most
associated with rejected prompts, while the more polite and apolitical word “officer” is associ-
ated with accepted prompts. The moderation of sex (“erotic”, “fetish”, and “kink’) and bodies
(“body™, “fingers”, “tongues”) can be seen in the correlation between these unigrams and rejected
prompts. The aforementioned gender biases can be seen in the word “female” being one of top
40 features associated with rejected prompts, while the word “male” is associated with accepted
prompts. I also found that violence is associated with rejected prompts (“knives”, “corpses”).
Likewise, prompts referencing the children’s anime company ‘“‘studio ghibli” were more likely
to be accepted, while those referencing the horror manga artist “junji ito” were more likely to
be blocked. This moderation privileged certain artistic styles over others, adding to the concerns

raised in Section 3.4.1.3.
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3.5 Discussion

I described various normativities participants identified and negotiated within GPT-4 and DALL-
E 3. In this section, I discuss safety, style, and queerness in GenAl development.

3.5.1 The Limitations of “Safety”

GPT-4 and DALL-E 3 exert immense power over users by enforcing “safety” through modera-
tion systems. P13 likened the disorienting experience of using GPT-4 and DALL-E 3’ to being
“dominated” (Section 3.4.2.2). This domination can also be seen in OpenAl’s policies at the
time of my writing: “don’t circumvent safeguards or safety mitigations in our services unless
supported by OpenAI” [391]. This policy prohibits the workarounds participants used to over-
come the straightness of GPT-4 and DALL-E 3 (Section 3.4.2.1). There is certainly a need for
moderation systems to prohibit highly harmful content, such as divulging private information
[111]. However, echoing my work, Feffer et al. found that red teaming research tends to focus
on mitigating more debatable risks [111], such as nudity [303]. I encourage more research on
the harms of over-moderation [318] and Al developers’ conceptualizations of “safety.”

My work suggests that the content moderation systems embedded in GPT-4 and DALL-E 3 up-
hold conservative notions of “safety.” By straightening-out representations of bodies, sex, and
radical politics, these models seem to reinforce the maxim “it is not polite to discuss religion,
sex, or politics” [210]. This respectability politics has long been used to exclude women, queer
people, and racial minorities from the general public sphere [123]. In fact, the argument that
queer sexuality is “not safe” is often used to ban LGBTQ+ books [164]. In this case, the en-
forcement of “safety” limited participants’ abilities to use GenAl to represent queer experiences,
queer politics, and queer art. As shown in prior work on social media [244, 157] and GenAl [98,
253], my findings further demonstrate how policies intended to promote “safety” or “‘responsi-
bility” can silence members of marginalized communities. I see this not as an accident but rather
the direct result of a broader project of straightening in GenAl development aimed at keeping
users in-line.

Participants’ content moderation challenges demonstrate the need to critically examine who the
“safeguards” embedded in GenAl models are intended to safeguard. As GPT-4 and DALL-
E 3 were created by profit-seeking organizations, participants typically attributed conservative
moderation to corporate attitudes toward what is “safe for work™ (Section 3.4.1.1). This is,
perhaps, why participants found the models most helpful when their uses aligned with these
normative orientations (Section 3.4.2.2). Similar to my findings, prior work has critiqued the
Al safety community for failing to challenge corporate power [8]. Instead of focusing on the
safety of text and images in-and-of-themselves, which may be overly restrictive, I encourage
researchers to focus on harms. While corporations may not consider a poem about gay sex “safe
for work,” such a poem is certainly not harmful in-and-of-itself.

In contrast to the current paternalistic paradigm, I encourage Al researchers to shift their mod-
eration focus from enforcing “safety” to supporting consent [424]. Instead of banning repre-
sentations of sexuality or violence, designers could allow users to opt-in to reduced moderation.
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Such designs would parallel the ways sensitive content is sometimes moderated on search en-
gines and social media sites [280] and allow for greater open-endedness [218]. At the same time,
there is a need for policy to target the harms of GenAl content, such as non-consensual intimate
imagery [236]. The harms of impersonation could also be addressed through research to make
Al-generated content easily detectable [418]. Finally, consent must also extend to the production
of GenAl models. I encourage the continued development of tools to help artists protect their
work from being used to train models without their consent [342, 341].

3.5.2 On Style

Participants struggled with the stylistic norms embedded in GPT-4 and DALL-E 3 (Section
3.4.1.3). Even after extensive refinement and model chaining, P14 was unable to make asym-
metrical images with DALL-E 3. In contrast to the safety norms described above, asymmetrical
images were not prohibited by the model’s moderation systems. Rather, queer aesthetics seemed
implicitly prohibited. While moderation research typically focuses on content removal, Gillespie
has advocated for also considering content reduction [139]. Gillespie warns of content reduc-
tion: “Marginalized communities have long been “reduced” by the centrism and conservatism
of traditional media, their content dismissed as “low quality” because it doesn’t look like it is
“supposed to”” [139].

The reduction—rather than explicit prohibition—of queer artistic styles from GenAl models
poses unique challenges for Al researchers. Implicit aesthetic biases may be harder to contest
than explicit moderation decisions because the latter is easier to measure than the former. While
prior work has explored stylistic biases in the context of machine translation [181], future re-
search should explore ways to measure aesthetic biases in generated text and images. Content
removal may also be easier to contest because these decisions are attributable to specific compo-
nents of GenAl models. Meanwhile, implicit stylistic biases could be introduced at many stages
in the GenAl development process, such as training data or human feedback. Therefore, future
research should investigate the source of stylistic biases by examining measurements of aesthetic
quality in popular datasets [333, 98]. I also encourage research into aesthetic disagreements in
human annotation, much like prior work on annotator differences in content moderation [93].

As I described in Section 3.4.1.3, numerous participants preferred the queer, wonky style of older
image models to the style of DALL-E 3. Similarly, prior work suggests that artists sometimes
enjoy using GenAl models because of —rather than in-spite-of—their imperfections or glitches
[65]. My findings suggest that newer models may have straightened-out the weirdness that made
GenAl models appealing to artists in the first place. Disconcertingly, companies act as if newer
models entirely supplant older ones. At the time of my writing, the OpenAl website explains that
they no longer support the DALL-E 2 GUI because “DALL-E 3 has higher quality images” [91].
My findings show that such claims are matters of taste [45, 359], not fact. Ostensibly “state-
of-the-art” models may not be best for one’s art. The deprecation of older models demonstrates
the risks of software-as-a-service, closed GenAl models. The lack of software ownership [208]
centralizes power, allowing Al providers to remove access to creative tools without recourse.

As Ahmed notes, queer possibilities lie in moments of disorientation. In this study, participants’
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struggles against rigid aesthetic norms demonstrate the opportunity for researchers to design with
rather than against weirdness. I encourage GenAl developers to create long-term maintenance
plans that account for those who may wish to continue using models viewed as obsolete [187].
One could also queer GenAl development by subverting taken-for-granted aesthetic norms. As
an example, the generative image model Stable Diffusion was trained on an open-source dataset
of images with the highest “aesthetics score” based on crowd annotations [184, 333]. Instead,
one could train a model on the least “aesthetic score” images in the dataset. More broadly, my
work demonstrates the need to embrace a plurality of aesthetics in GenAl development [253,
251]. Participants sometimes found the style of GPT-4 and DALL-E 3 useful for writing emails
or sketching for clients (Section 3.4.2.2), but they should not be limited to these normative styles.

3.5.3 Un-Straightening Generative Al

Participants critiqued the highly normative, stereotypical representations of queer people by
GPT-4 and DALL-E 3 as thin, masculine, young, wealthy, Western, and ashamed (Section
3.4.1.2). In some ways, my findings parallel prior work on biases embedded in GenAl mod-
els. Researchers have called attention to the gender and nationality biases in image models [136,
135], biases against queer couples in language models [140], and moderation/representation bi-
ases against transgender non-cisgender identities in text-to-image models [390]. However, some
biases participants identified warrant greater research attention, such as those against fat people
[284] and older adults. My findings also demonstrate that increased representation is not always
desirable [94, 178], such as P15’s concerns about overly-diverse police. As individuals’ diversity
preferences may differ, designers could consider new user interaction paradigms [258] to better
understand users’ preferences, such as asking clarifying questions before generating images of
people.

Although computing research on marginalized communities tends to focus on social biases and
identity-based discrimination [379, 378], participants’ concerns regarding GenAl extended be-
yond the representation of queer people in text and images. As I described above, the straight
values explicitly and implicitly embedded in the design of GPT-4 and DALL-E 3 marginalized
queer sexuality, politics, and style. In turn, I provided recommendations for GenAl developers to
approach safety and style in ways that better align with participants’ values. However, these im-
plications for design and research largely maintain the centralized power at the root participant’s
critiques of GPT-4 and DALL-E 3, such as P13’s rhetorical question: “Who defines what is Safe
For Work?”

Un-straightening GenAl requires shifting power away from major corporations toward marginal-
ized communities. I encourage the participatory design of GenAl models outside corporate log-
ics of scale [416]. At the same time, any truly meaningful participatory process must allow for
the possibility that communities may simply not want to build GenAl models at all. Numer-
ous participants in my study were primarily interested in breaking — rather than making —
GenAl models (Section 3.4.2.1). It follows that future research should support adversarial en-
gagements between communities and those developing GenAl models, such as designing tools to
help artists protect their work from being used to train models without their consent [341, 342].
Whether contesting major corporate models or building alternatives, I caution those engaged in
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researcher-led initiatives from merely replacing corporate centralized power by centering them-
selves. Instead, I encourage researchers to engage in open-ended design [340], such as making
tools for individuals and communities to make/break GenAl models themselves [218].

3.5.4 Limitations

My work should not be interpreted as speaking for all “queer artists.” Rather, my findings draw
on the experiences of a particular group of queer artists. All participants lived in the USA during
the study and spoke English. This may limit the transferability of my findings, as conceptualiza-
tions of gender and sexuality are culturally situated [271, 147], GenAl models performance can
differ between languages [74] and GenAl models tend to reproduce western biases [251]. Future
work should explore the experiences of queer artists outside the USA and in languages other than
English.

My work is also not intended to represent the diversity of queer artists within the USA. I tried
to make my study more accessible by conducting workshops online and offering two weekly
time slot options. However, those with limited internet access or less flexibility in their work
schedule may have been unable to participate. This may be why, to the best of my knowledge, no
participants lived in a rural areas. I caution against conflating queerness with urbanity [161] and
encourage future work on rural queer artists and technology. As conceptualizations of gender
and sexuality are socially constructed [377] and change over time [121], my findings may not
transfer to older queer communities. My findings are also not only applicable to the experiences
of queer artists: DALL-E 3’s gender moderation impacts those who are neither queer nor artists.

Some may take issue with the use of “queer” to mean non-normativity in queer theory [6]. I do
not suggest that queer people are all inherently non-normative. As noted by Grewal and Kaplan,
“queer subjects are not always already avant-garde for all time and in all places” [147]. Moreover,
not every LGBTQ+ person necessarily identifies as queer. In this work, I specifically recruited
participants who self-identified as “queer artists.” My findings may have differed if I instead
recruited LGBTQ+ identifying artists. My work demonstrates the need to carefully distinguish
between FAccT research using queer theory, about LGBTQ+ people, or at the intersection of
these discourses.

3.6 Conclusion

I examined the relationship between queer artists and GenAl through a medium-term workshop
study, highlighting deep tensions between participants’ values and the norms embedded in the
design of GPT-4 and DALL-E 3. Nevertheless, participants found queer ways to work around
and with these straight models. While queer people have a long history of using technologies
not designed with them in mind [7], my work highlights the limitations of dominant corporate
models to meet the needs of queer artists. Instead, I call for a plurality GenAl models that
embody community values throughout their design, development, and use.
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Chapter 4

Queer Artists’ Resistance and Refuse of Generative
Al

This chapter is based upon the following published work:

Jordan Taylor, Joel Mire, Alicia DeVrio, Maarten Sap, Haiyi Zhu, Sarah Fox. 2026.
“I Just Don’t Want My Work Being Fed Into The Al Blender:” Queer Artists on Re-

fusing and Resisting Generative Al. Proceedings of the ACM on Human-Computer
Interaction, CSCW.

4.1 Introduction

During the AIDS epidemic of the 1980s and 1990s, art was as a powerful political tool for
activism and resistance within LGBTQ+ communities [167, 240]. Queer people used art to
challenge systemic neglect, confront stigmatization, and demand visibility and justice amidst
widespread suffering and loss. In this period, Keith Haring made art protesting HIV stigmati-
zation, advocating for safer sex, and remembering those—including eventually himself—who
died from AIDS [148]. In one of his last works, Haring left a piece titled “Unfinished Painting”
incomplete to represent how AIDS interrupts lives. This piece gained renewed prominence in
late 2023 when a troll on social media posted a version of the painting that had been completed
using generative Al (GenAl), prompting sharp backlash for disrespecting both Haring and others
who died from AIDS [37].

Scholar José Esteban Mufioz emphasizes the vital role of queer art in both remembering marginal-
ized pasts and envisioning potential futures [263]. Mufioz argues that queer aesthetics serve as a
dynamic platform for world-building, allowing queer communities to articulate visions of alter-
native realities. According to Mufioz, queer art embodies a form of utopian potential, creating
spaces to explore what could be beyond existing oppressive structures. His scholarship highlights
that art is not merely reflective of queer histories, but actively participates in constructing collec-
tive imaginaries essential for queer survival and liberation. For Mufioz, relationality is central to
queer art, insisting on the “need for an understanding of queerness as collectivity” [61]. In doing
so, Muiioz emphasizes the power of queer art not only to imagine alternative futures but also to
refuse oppressive logics in the present, like capitalist alienation.

In alignment with Mufioz’s insights, CSCW scholarship emphasizes how queer communities uti-
lize digital spaces to engage in artistic expression as a means of collective identity affirmation
and social support. Prior research has demonstrated that participation in online fan communi-
ties, such as through writing fan fiction, empowers LGBTQ+ individuals to challenge dominant
narratives by creating alternate worlds and possibilities [106]. Similarly, Taylor and Bruckman
[377] have observed that members of online bisexual communities actively perform and explore
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their identities through shared artistic practices. Furthermore, since queer history is often erased,
Riggs et al. [310] argue that art can provide an avenue for archiving and remembering queer ex-
periences. Such scholarship underscores that online queer communities do not merely circulate
art but leverage creative expression as an essential method of community building, resistance,
and collective imagination.

Recently, however, the rise of GenAl has significantly disrupted queer artistic communities,
raising concerns about the appropriation and commodification of queer creativity. Online fan
communities—rich sites of queer creativity and identity work [400, 379]—have been particu-
larly affected. The rise of GenAl has led to fears of unauthorized use of original content to
train models [195] and has flooded spaces with Al-generated material. In resistance, some artists
have engaged in intentional data poisoning campaigns using NSFW content [350], highlighting
broader anxieties and collective opposition to GenAl’s encroachment. This disruption threatens
the very community-driven practices that nurture queer expression and solidarity [106, 339].

To understand the impact of GenAl on queer artistic communities, I explore the question: How
do queer artists navigate and respond to the growing influence of GenAlI? I conducted semi-
structured interviews with 15 queer artists, adopting a capacious understanding of queer art that
encompasses both the practices of self-identified queer artists and the broader field of queer
aesthetics. Echoing Mufioz [263], I find that participants’ queer artistic practices are deeply
relational and anti-capitalist. Participants juxtaposed the relationality of their art with the per-
ceived anti-relationality of GenAl development and use, such as facilitating worker exploitation.
In response, I describe the tactics participants employed to refuse GenAl development and use.
Finally, I describe the limited queer aesthetic potential participants saw in GenAl.

The umbrella term “generative AI” can refer to many different interaction paradigms [257]. This
can include the popular prompt-based interfaces that use language to describe desired text or im-
age output, like ChatGPT. However, there are other ways users might interact with generative Al
systems, such as the image-to-image interaction used to complete Haring’s “Unfinished Paint-
ing” [37]. I found that participants strongly associate the term “generative AI” with prompt-based
systems, like Midjourney or ChatGPT. As a result, when I discuss generative Al in this work I
am referring to the type of prompt-based systems that loomed large in participants’ imaginations.

Drawing from Mufioz’s theorization of queer aesthetics [263], I discuss how CSCW researchers
can support queer art and artists. I contribute to CSCW scholarship on collective resistance
through the ways participants refuse dominant GenAl imaginaries. I also provide implications
for the design of online communities to support queer artists and discuss how CSCW and HCI
researchers can support queer artistic futures within and beyond GenAl.

4.2 Related Work

This section grounds my work in the literature on queer aesthetics, the intersection of GenAl
and art, and queer communities’ engagement with technology. First, I introduce José Esteban
Muiioz’s theorization of queer aesthetics as a foundational framework for understanding queer
art as collective world-making, both within and beyond CSCW research. I then explore recent
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research on artists’ resistance to GenAl. Lastly, I discuss the complex relationship between queer
communities and Al, underscoring the tension between technological inclusion and refusal.

4.2.1 Queer Relationality, Refusal, and World-Making

In the 2000s, there was a heated debate among queer theorists over whether to study queer-
ness through the lens of relationality or anti-relationality, culminating in a 2006 panel on “The
Antisocial Thesis in Queer Theory” at the Modern Language Association conference [61]. In
sum, relational theorists highlight the communal nature of queerness [263]. On the other hand,
anti-relational scholars view queerness as an individualist negation of repressive collective obli-
gations, such as biological procreation [107]. On the panel, José¢ Esteban Mufioz derided anti-
relational queer theory as “the gay white man’s last stand” [61], due to its individualism. Instead,
Muiioz insisted on the “need for an understanding of queerness as collectivity.” For Muioz,
relationality is crucial for refusing the alienation of capitalism and heteronormativity [61]. Elab-
orating on his theorization of queer relationality, José Esteban Muioz’s book Cruising Utopia
explores how queer aesthetics can create utopian alternatives to a cis-heteronormative world gov-
erned by “straight” logics [263]. Mufioz conceptualizes utopia not as an abstract future, but as a
tangible response to the recognition that “something is missing” in the present. Art thus becomes
a vehicle for queer world-making, such as the queer intimacy depicted in Frank O’Hara’s poetry
and ephemeral performances like drag and punk shows.

Relationality has become an important concept in HCI and design research [17, 125], empha-
sizing that people, technologies, and environments are entangled in broader networks of social
and material relations rather than isolated interactions. In contrast, anti-relational orientations
privilege bounded, individual actors or discrete interactions, often abstracting technologies from
the wider systems in which they are embedded. While relational approaches in HCI have drawn
attention to issues such as infrastructure [104], maintenance [180], and the environment [225],
much of the field has historically centered individual users and short-term interactions, limiting
its engagement with broader relations.

Parallels to queer theory’s relationality debate can be seen in recent debates over Al at CSCW.
Echoing the aforementioned panel, a 2024 CSCW panel debated “Is Human-Al Interaction
CSCW?” because CSCW scholarship has historically only included “computer-mediated col-
laborations involving at least two people” [259]. Although human-AlI interaction with chatbots
sometimes resembles human-human interaction, critics worry that admitting human-Al inter-
action dilutes the social aspect of CSCW. Reflecting these concerns, the CSCW 2026 call for
submissions states in bold: “contributions must have a focus on social aspects of technology ...
papers whose research contributions are primarily of relevance or benefit to individual users will
be considered out of scope” [2]. Within this call, one can see an implicit argument that individual
human-Al interaction is not “social.” In this work, I explore this mismatch between the highly
social nature of queer art and the perceived anti-sociality of generative Al.

In both Mufioz’s scholarship and CSCW research, collective refusal plays a vital role in resisting
capitalist alienation and anti-relationality. Mufioz characterizes the “queer utopianism” of art
as a “great refusal of an overarching here and now” [263, p. 133]. In emphasizing its utopian
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potential, Mufioz suggests that refusal does not merely oppose dominant norms but can also
imagine new collective possibilities. A similar throughline can be seen in CSCW scholarship on
refusal, non-use, and non-users [22, 223, 327, 320, 411]. For example, one may choose to stop
using a social media site to protest the owner’s political views [169], a tactic that becomes more
powerful when undertaken collectively [395]. The binary between user and non-user can also be
a fluid site of contestation. Workers, for instance, are increasingly forced to use GenAl or risk
losing their jobs [44, 191]. Finally, refusing to use harmful technologies is not merely a form of
opposition but, like Mufioz argues, a way of making futures otherwise. Janet Vertesi’s Opt-Out
Project, for instance, encourages people to collectively refuse to use technologies made by Big
Tech not only to oppose dominant powers but also because “there are alternatives out there, better
visions of what our lives could be like” [393]. In this work, I show how queer artists’ non-use
of GenAl is—rather than simply a choice—a form of collective resistance that requires ongoing
work to achieve.

4.2.2 Queer Art Worlds as Collective Labor

Per Muiioz, I understand queer artists as workers and queer world-making as a form of labor.
Prior CSCW research supports this view: art-making within bisexual [377], rural queer [34],
and fan [106] online communities plays a central role in challenging dominant narratives and
imagining other ways of living. In these online communities, queer art is not an individual
practice but rather a collective endeavor. While these communities share similar commitments to
art as a site of queer culture, queer art is not monolithic. Building on sociologist Howard Becker’s
concept of “art worlds”—sociotechnical networks of people, practices, and tools that shape how
art is made and valued [25]—I understand queer art as emerging from multiple, overlapping
queer art worlds with their own values and aesthetic norms. My contribution builds on this prior
scholarship by examining how queer artists are refusing, resisting, and negotiating the rise of
generative Al within these diverse art worlds.

Queer art often challenges dominant aesthetic norms. Camp sensibilities, for instance, subvert
dominant aesthetic norms by finding beauty in sincerely “bad” or exaggerated art [359]. Avant-
garde or transgressive gestures—such as Marcel Duchamp’s Fountain, or urinal-as-artpiece—
similarly disrupt normative frameworks of artistic legitimacy [56]. Crucially, queer art is also
entangled with memory and collectivity. Because queer history is often excluded from formal
archives, queer art becomes a medium for preserving collective memories and embodied histo-
ries. Riggs et al. exemplify this in HCI by designing wearable buttons that convey oral histories
in ways that evoke queer ephemera [310]. Queer art also operates as a mode of resistance: The
Rupublicans Project, for example, uses generative Al to satirize anti-LGBTQ+ politicians in
drag, while simultaneously raising funds for queer causes [408].

Mufioz highlights tensions between the collective labor of queer world-making and the individ-
ualistic capitalist “mandates to labor, toil and sacrifice” [263]. He documents how queer perfor-
mance spaces were shut down in the 1990s and early-2000s by New York City mayors aiming
to attract business and tourism, prompting artists to resist through underground performance
scenes and activist art in public spaces. Parallel dynamics appear in digital spaces. CSCW re-
searchers have shown how moderation policies designed to appeal to advertisers displace NSFW
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fan fiction artists from mainstream platforms [115], leading some artists to develop their own
alternative communities [105]. These fan-led communities are often non-commercial and partic-
ipatory by design—practices aligned with queer world-making [117, 105]. As Bruckman notes
in her advocacy for non-profit social media, what is best for members of an online community
may not be best for a company’s bottom-line [49].

4.2.3 Generative Al, Art, and Capitalist Extraction

For decades, technology platforms have strongly enforced copyright protection for powerful cor-
porations’ art at the expense of independent artists [97], like YouTube creators [228], music
remixers [215, 114], and fan fiction writers [116]. At the same time, major companies training
GenAlI models have heavily relied on text, images, and videos scraped from the internet without
regard for independent artists’ consent [307, 98, 306, 304] or ownership claims [142]. Mak-
ing matters worse, companies in creative industries have begun to use GenAl models to replace
or reshape artists’ jobs [246]. High-profile artists have also questioned whether GenAl models
should—or even can—Dbe used to make art [71, 328].

Amid these concerns, artists have found ways to resist and refuse the intrusion of GenAl into
their art worlds. These tactics often take the form of data strikes (deleting or withholding one’s
data) and data poisoning (sharing inaccurate or subversive training data) [395]. For instance,
fan fiction writers have engaged in data strikes by removing public-facing work [195] and data
poisoning by deliberately writing NSFW stories [350]. In support of these efforts, computing
researchers have developed tools to help textual [4] and visual [341, 342] artists protect their work
from being used for GenAl training without their consent. Artists have also taken steps beyond
the context of data tactics to collectively resist the development and use of GenAl. Subreddit
moderators are increasingly creating rules restricting the circulation of Al-generated content in
art-related communities [224]. Artists have also engaged in collective action to resist GenAl in
the workplace, such as the 2023 Hollywood film workers strike [160]. I build on this work by
documenting the ways queer artistic communities are resisting and refusing GenAl.

4.2.4 Queer Al Research: From Inclusion to Refusal

Researchers have raised concerns about the impact of GenAl on marginalized communities
[192]. For example, it is well established that GenAl models tend to stereotype and under-
represent fat [356], disabled [231], trans [390], non-Western [251, 127], and LGBTQ+ com-
munities [140]. Also, the content moderation policies intended to make GenAl models “safer”
can inadvertently suppress the work of marginalized artists [253, 380]. Mirowski et al. [253]
found that moderation systems “make LLMs less useful to [comedian] minorities by suppress-
ing content by and about marginalized identities.”“ There is also evidence to suggest that some
marginalized communities hold more negative views towards Al. For instance, Haimson et al.’s
survey of US Al-attitudes found that participants who are non-binary, transgender, disabled,
and/or women report significantly more negative attitudes towards Al compared to dominant
social groups [156].

At the same time, marginalized artists have found ways to make use of—albeit highly imper-
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fect—GenAl models to support their creative practices. Through a workshop study providing
queer artists with GenAl models, Taylor et al. [380] found that queer artists often struggle to use
GenAl in their art due to normative values in the design of these technologies, such as social
and stylistic biases. Nevertheless, their participants found ways to use GenAl models to support
minor aspects of the art-making process, such as drafting client emails. Similarly, Bennett et
al. describe how disabled artists leverage GenAl to access new mediums and support periph-
eral aspects of their creative practice, such as writing, while carefully negotiating their (non)use
of GenAl in accordance with their ethical values [30]. Similarly, I examine how queer artists
interpret and negotiate GenAl in light of their individual and communal artistic values.

The biases embedded in GenAl models echo a longstanding history of LGBTQ+ people being
harmed by the design and deployment of algorithmic systems [379]. Automated gender recog-
nition systems misgender trans people and uphold harmful notions of gender essentialism [330].
Hate speech detection algorithms are often biased against the ways some queer people speak
[381]. Social media algorithms discriminate against queer people, such as via biases in feed
recommendations [352], targeted advertising [323], and content moderation [244]. A group of
LGBTQ+ creators famously conducted an audit to prove that YouTube’s demonetization algo-
rithm discriminated against their content [349]. At the same time, it is not always clear what
should be done about these biases as queerness being illegible to algorithmic systems can some-
times be beneficial [222, 387].

For Muiioz, queerness goes beyond marginalized genders and sexualities. Rather, queerness in-
volves a “refusal” of the present “repressive social order,” such as cis-heteronormative and capi-
talist exploitation. As a result, Mufioz is critical of assimilationist LGBTQ+ politics for seeking
inclusion within systems of oppression, such as the right to serve in the military. Like Mufioz,
Hoffmann [178] critiques the focus on greater “inclusion” in data ethics discourses for overlook-
ing the negative consequences of inclusion in harmful technologies. For example, improving
the performance of facial recognition technologies for Black faces may further exacerbate state
violence [166]. In Trans Technologies [154], Haimson identifies a similar tension between the
desire for marginalized communities to be included in mainstream technologies versus create
their own. While inclusionism can address concerns in the oppressive here and now, separatism
allows marginalized communities to imagine and forge new worlds for themselves. Prior work
on the relationship between queer people and GenAl has largely focused on what Haimson dubs
“technological inclusionism,” such as mitigating social biases [140]. I build on this work by
examining how and why queer artists resist inclusion in the development and use of GenAl.

4.3 Methods

In this work, I conducted semi-structured interviews with 15 artists I recruited through a web
form shared by members of the research team on Reddit and Twitter. This study was approved
by my university’s institutional review board. I required our interviewees to (1) be at least 18
years old, (2) live in the United States of America, and (3) identify as “queer artists.” In our
recruitment form, I asked participants to describe their artistic practice. Participants engaged in
a variety of art forms, such as writing, visual art, textile art, sculpture, music, and video game
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PID Artistic Practices GenAlI Use GenAlI Attitudes
(1 = Never, (1 = Strongly
5 = All the Time) Dislike, 5 =
Strongly Like)

1 Video Games, Game Design Never Strongly Dislike

2 | Crafts, Physical 3D Things Never Neutral

3 | Fan Fiction, Embroidery, Cosplay, Rarely Strongly Dislike
Painting

4 | Musical Theatre Sometimes Like

5 Drawing, Sequential Art Rarely Like

6 Visual Art, Fan Fiction, Music. Rarely Neutral

7 | Fan Art, Fan Fiction, Original Charac- Never Strongly Dislike
ter Design

8 | Drone/Noise/Glitch Music, 3D Mod- Rarely Neutral
eling.

9 | Digital Fan Art, Amateur Sculpting Never Strongly Dislike

10 | Illustration Never Dislike

11 | Science-Fiction Writing, Digital Illus- Rarely Dislike
tration

12 | Crochet, Origami, Lego Building Never Strongly Dislike

13 | Textiles/Garments, Ceramics, Print- Never Strongly Dislike
making

14 | Cartoons, Non-Representational Never Dislike
Drawing

15 | Social Practice, Sculpture, VR Rarely Neutral

Table 4.1: Participant demographics detailing their individual artistic practices, how often they
use GenAl (1 = Never, 5 = All the Time) and how they feel toward GenAl (1 = Strongly Dislike,
5 = Strongly Like).

design. About half of the participants mentioned engaging in fan communities (P3, P6, P7, P9,
P11, P14) through either fan fiction or fan art. Through my interviews, I found that only one
participant primarily made a living with their art (P1). Other participants sold their art in more
one-off ways (P3, P6, P7, P14, P15), such as selling fan art at conventions (P7). I required
participants to rate the following on a five-point scale: how often they use GenAl (1 = Never,
5 = All the Time) and how they feel toward GenAl (1 = Strongly Dislike, 5 = Strongly Like).
Participants identified as infrequent GenAl users (mean = 1.53, median = 1 [Never]) and tended
to hold negative attitudes toward GenAl (mean = 2.13, median = 2 [Dislike]). There was greater
variation in how participants felt toward GenAl (std = 1.13) than in how often they use GenAl
(std = 0.64). More information can be found in Table 4.1. Participants were also given the option
of sharing additional demographic information. Of those who provided their age, they ranged
from 20 to 33 years old, with a median age of 26. A majority participants identified as white,
five as Asian, and two as Hispanic/Latina. Due to my inclusion criteria, all participants identified
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as queer artists. Most participants (10) identified as trans, non-binary, genderqueer, or gender
non-conforming. Four participants identified as disabled.

I did not set out to recruit participants who were particularly critical of GenAl. In fact, my re-
cruitment materials explicitly stated that I was looking to understand queer artists’ “attitudes
(positive or negative)” toward GenAl, in an attempt to appeal to both proponents and opponents.
Nevertheless, those who responded to my recruitment call tended to hold more negative or skep-
tical attitudes. While I make no claim that participants are representative of all queer artists,
participants’ negative attitudes toward GenAl might be unsurprising as transgender, non-binary
and disabled people in the US tend to view Al much more negatively than members of dominant
social groups [156]. After finding that respondents to my recruitment surveys tended to view
GenAl disproportionately negatively, I decided to investigate the source of this skepticism and
non-use in greater detail. That said, future research should give specific attention to the subset of
queer artists who are GenAl proponents.

Each semi-structured interview lasted approximately one hour, and each participant was com-
pensated with a $25 Amazon Gift Card. I led each interview, which took place between March
and May of 2024. My questions focused on understanding the relationship between participants’
identities and their art, their past experiences with and feelings toward GenAl, and how GenAl
has been impacting their artistic communities. However, my questions narrowed slightly over
time. Based on nascent themes from my earlier interviews, I modified my questions over time to
theoretically sample for a greater understanding of values associated with art and GenAl [79].

First, my colleague and I transcribed the interviews using Zoom’s audio transcription feature.
Then, the first and second authors listened to each recording to manually correct the automated
transcripts. After transcribing each interview, the first and second authors engaged in open cod-
ing [79]. This open coding process lasted approximately one month. While coding, the first and
second authors wrote memos and discussed initial patterns in weekly meetings. Then, I imported
each of our open codes onto a digital whiteboarding tool to perform axial coding. At this stage,
I identified numerous dialectical tensions between participants’ perceptions of art and GenAl,
such as “art-making as a process” versus “generative Al as a shortcut.” This led us to locate the
source participants’ antagonism toward GenAl as resulting from value tensions in the production
of art. These tensions are reflected in Section 4.4.2. In light of these tensions, I noticed partic-
ipants engaging in strategies to resist GenAl (Section 4.4.3). Finally, I found that participants’
attitudes towards GenAl more nuanced than a simple good/bad binary; rather, their views de-
pended on whether models were being used or developed in ways that align with their individual
and community values. In Section 4.4.4, I describe the—albeit limited—potential participants
saw in GenAl to support art-making.

Our methodology has been shaped by the positionalities of our research team. Multiple authors
identify as members of the LGBTQ+ community and all authors identify as white and/or East
Asian. Our interpretations were also shaped by our academic disciplines as design, CSCW, and
NLP researchers as well as our experiences practicing and appreciating musical, visual, written,
and textile arts. Our team is located at a university in the United States of America, which
restricted our ability to recruit participants living outside the United States of America.
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4.4 Findings

In this work, I interpret the experiences of queer artists through Mufioz’s queer theories [263].
For Mufioz, queer art is about far more than art made by queer people. Queer art is a vehicle
for collective world-making and a refusal of capitalist alienation in the present. It follows that
not all art made by an LGBTQ+ person is necessarily “queer art” in the queer theoretic sense
when one’s work upholds systems of oppression [103]. That is to say, Al-generated images
shared by Sam Altman, the self-declared “techno-capitalist” billionaire CEO of OpenAl, are not
“queer art” solely by virtue of his gay identity [36]. In this section, I first describe the queer,
relational, anti-capitalist nature participants’ artistic practices. Next, I juxtapose the relationality
participants’ art with the perceived anti-relationality of GenAl development and use. Then, I
describe how participants resist these anti-social GenAl artistic practices. Finally, I elaborate on
the nuanced potential participants saw for GenAl to support queer art making.

4.4.1 Queer Art is Highly Relational

The utopian potential of queer art can be seen in the ways participants used art to craft collective
queer worlds. P14 is an artist whose work is “heavily influenced by the furry fandom.” He uses
art to realize: “desires that don’t exist in my life, that don’t exist in the world, or might be impos-
sible to exist in the world.” Through his art, P14 is able to explore his identity and re-examine
childhood experiences of “alienation.” Similarly, P3 explained: “It was through fan fiction, fan
activities and fan art that I really understood that I was queer and saw positive expressions of
queer love and joy in a relationship.” Moreover, through her own queer fan fiction, P3 has sup-
ported others by participating in “quite a few charity zines” to raise money for LGBTQ+ and
disability causes. P1, a queer game developer of color, integrates characters with various skin
tones and LGBTQ+ identities into her games but “never has it be a central thing of their charac-
ter.” In doing so, P1 materializes a world wherein identities “show up the way [she] would want
them to show up in more general media: just like happenstance.” Through their art, participants
make queer futures in the present.

Queerness can also be seen in participants’ art through community building. Neither P12 nor P15
described their art as directly related to queer identity, yet both described their artistic practices
as “fruity.” P12 notes how in the USA men are not “taught to show emotion,” “appreciate their
friends,” or crochet. Therefore, he views “gifting [his crochet art] to friends” as a queer act. For
P12, his art is less about crocheting a “rainbow” to represent queerness than the “act of doing
[emphasis added]” queerness by making textile art as a gift for others. Likewise, P15’s sculpture
and social practice art is not intentionally queer, but P15 still hopes their art will connect with
those “who are of a similar identity.” In other words, queer art does not depend solely on queer
subjects within art, but also queerness as a way of forming community.

Although participants made art in a variety mediums—including writing, visual art, textile art,
sculpture, music, and video game design—they shared a similar relational orientation. For the
participants, art was rarely about making artifacts in-and-of-themselves but rather the collectivity
art can foster. This can be seen in the importance of online communities, such as Twitter (P3, P6,
P7), Reddit (P1, P8, P12), and Discord (P6, P9), as well as in-person gatherings, like fan conven-
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tions (P3, P7), in participants’ art worlds. The relational, anti-capitalist nature of queer art can
also be seen in how often participants make art as a gift (P3, P5, P9, P12, P13). P9, a fan artist,
will “make people art as gifts” because they like making “something to bring people happiness.”
Likewise, P13 gives their friends pottery to remind their friends “[P13] loves me,” saying “I like
that about art.” As I will describe below, participants sharply contrasted the relationality of their
artistic practices with the perceived anti-relationality of GenAl.

4.4.2 Generative Al is Perceived as Anti-Relational

As described above, participants maintained artistic practices enmeshed in webs of relationality.
Rather than being motivated by profit maximization, participants used art to care for others and
build alternative worlds. However, participants felt that generative Al models are often developed
and used in ways that contradict this collectivity, such as training GenAl models on art without
artists’ consent. Additionally, participants worried that GenAl models facilitate the exploitation
of artistic workers, violating the anti-capitalist ethos of queer art.

4.4.2.1 Participants believed that GenAl developers do not care about the artists whose
work they train on

Participants expressed frustration that GenAl models were built from art without creators’ con-
sent, describing GenAl development as “stealing” (P1), “theft” (P6), “scummy” (P7), “nasty”
(P9), and an “invasion of privacy” (P13). As P11 explained, “Artists are not super happy about
generative Al because they were not being properly taken care of or consulted and no one asked
their permission.” Here, the use of the word care highlights a critical distinction between the
way participants treat others versus the way they feel treated by GenAl developers. P11 feels
like GenAl developers do not care about the artists who produced the art they scrape. Drawing
on their own experiences, P13 worried:

“I wanna be able to be certain that Microsoft isn’t pulling from a Tumblr blog I’ve
forgotten about from 2013 with pictures of my art on it or something. I just don’t
want my work being fed into the Al blender ... You cannot be certain that if you opt
out that your choice is actually being respected.” (P13)

In doing so, P13 contrasts the relationality of art shared to an imagined audience on social media
with the anonymous agglomeration of art to train GenAl models. Not only did P13 fear having
their work “fed into the AI blender” without consent, their concerns were exacerbated by the
inability to opt-out. In light of the damage already done by generative image model developers,
adding an option for artists to opt-out would not resolve P13’s concerns because they do not trust
developers to respect their choices.

In addition to concerns about their own art being used to train GenAl models without their
consent, participants compared non-consensual scraping to existing taboos within their artistic
communities. P9 explained how non-consensual scraping violates norms within the visual fan
art community against “tracing,” or directly copying another fan artists’ work without attribution
or consent:
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“Having a generative Al that is trained on a consensual dataset is more ethical to me
than one trained on stolen data, just like ‘tracing’ versus taking a publicly available
base and using it. Because the base creator wanted people to use their stuff while the
tracer or the person you traced probably did not.” (P9)

In distinguishing between tracing one’s art and using a “publicly available base,” one can see that
the acceptability of how one uses art is also tied to the artists’ expectation of how their work will
be used. While tracing a work that is not shared to be used in this way is unacceptable, those
creating base templates likely expect their work to be traced.

At the same time, improved data consent was not necessarily perceived as a panacea for the
ethical concerns regarding GenAl. P7 felt that seeking data consent would make GenAl feel
“a lot more ethical.” However, she still worried that the resulting models might be used in
ways that artists might not desire, such as visual art that is “not safe for work™ or “derogatory
to other people.” Of course, P7 worrying that one’s art could help GenAl models create images
“derogatory to other people” requires caring about “other people.” In sum, participants’ concerns
about non-consensual scraping are about not only individual artistic agency but also respect for
others.

4.4.2.2 Participants believed that using GenAl can alienate art from artists

For the participants, art was inextricable from the deeply human process through which it is
made. For this reason, participants often used the metaphor of having, lacking, or being filled
with a “soul” (P1, P2, P3, P7, P10) to explain their feelings toward GenAl. P12 told the story of
a textile artist who made a blanket for their baby, saying he enjoys “the humanity part” of art: “I
know people say you can separate the art from the artist, but I disagree.” P9 similarly felt that
GenAl models alienate art from artists: “There is an argument for why [using GenAl] shouldn’t
be disappointing being that *Oh, look at the product and stuff.” But that sort of approach to mak-
ing stuff leads to a less empathetic more miserable world, one more susceptible to consumerism
and working for our Lord and saviors Amazon and being exploited until the end of time. We
need to value people around us more than we value products.” Here, P9 draws a sharp distinction
between their art and those they imagine using GenAl. While P9 “values the people around us,”
they cast Al-generated art as a capitalist “product” alienated from social relations.

Participants placed a similar emphasis on the embodied, material history of art, evident in the
comparisons they made between GenAl and other technological mediation. P6 explained that
knowing GenAl was used to make a piece “affects the way I feel about the piece in the same
way that any other kind of tool would.” To explain, P6 imagined seeing a photorealistic image
online: “If I see a caption that it was a picture, I’d be like, ‘Oh, cool! That’s a cool picture.” But
if underneath I see that this is a painting done on a canvas with acrylic, I’'m like ‘Mind blown?
That’s amazing!”” Likewise, the embroiderer P3 considered both hand embroidery and machine
embroidery to be “just two different ways of approaching a piece of art,” even though the latter
is often faster and cheaper to make than the former. However, unlike with GenAl, P3 felt that
“people who do machine embroidery aren’t trying to pass it off”” as hand embroidery.

Participants reproached the undisclosed use of GenAl for perpetuating artistic alienation. P1
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explained: “My feelings towards [GenAl] are pretty negative right now. They mainly seem to be
used to — I mean to be blunt — scam people.” Similarly, P7 worried: “Just the fact that I would
be able to find out that something’s Al It gets upsetting because it’s becoming more and more
like deception.” In response, participants advocated for greater disclosure. P4 thought “if you
didn’t do all the work, you should probably mention that you used Al.” Likewise, P2 encouraged
artists to “just be open about what you’re doing with [GenAlI].” Some participants (P9, P10, P11)
wished Al-generated images were labeled when shared on social media. P11 was glad to see
that visual and written art contest submission forms increasingly “ask you to click the box if this
is Al-generated.” P11 went on to say that without these “labels” you “cannot track it down” if
“original artists claim that they have had their copyright violated.” They also thought that better
detection tools might help address the negative consequences of Al-generated spam, which has
led some sci-fi magazines where they submit to pause open calls.

4.4.2.3 Participants believed that GenAI models facilitate the exploitation of artistic work-
ers

Participants critiqued those who use GenAl to cut costs. This can be seen in numerous par-
ticipants describing GenAl as feeling “cheap” (P1, P3, P5, P11, P12). P1 explained: “There’s
always going to be people who take stuff that’s meant to be tools or minor shortcuts, but then
they use all the shortcuts.” P1 likened GenAl to “asset flipping,” when “game developers buy
a bunch of pre-made assets, put them into a really quick game and then sell it for profit.” P14
raised similar concerns: “I can tell like, ‘oh, they didn’t budget for hiring an illustrator to make
a bespoke image for this because they had a Midjourney subscription.” In those sorts of cases,
that’s just laziness. That’s not necessarily an Al problem. That’s a laziness problem. That is a
lack of imagination problem.” While participants viewed art as inextricable from artists, partic-
ipants worried that GenAl makes it easier to extract profits from art by cutting artists out of the
art-making process.

Although most participants did not make money from their art, they often worried about the
labor impacts of GenAl on other artists. For example, P10’s “main concern” regarding GenAl
was that “people are using [GenAl] at the expense of working artists, writers, actors, etc.” That
said, participants did not necessarily believe that GenAl could truly replace artists’ jobs. P14
characterized employers’ present use of GenAl as “a violence against those artists who now are
finding themselves out of work because the people who would hire them falsely believe that Al is
capable of replacing that type of work.” P6 worried managers will use GenAl to pressure artists:
“The expectation is no longer going to be ‘You have a week to do this’ now it is ‘Okay you have
2 days to do this because we’ve given you this new tool, which means that you should be able to
do it faster.” ” P1 echoed:

“There’s this inherent joy in art of facing a problem and coming up with a solution
on your own. That’s why I think, for a lot of game developers, Al doesn’t seem that
enticing as opposed to CEOs and more business oriented people who want to cut as
many game developers out of the development process. This probably contributes to
the stigma. It’s literally the machines taking dream jobs away.” (P1)
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Because participants worried about GenAl being used to financially harm artists they often dis-
tinguished between those using GenAl to make money versus those using it for personal use.
In particular, participants typically perceived the latter to be more ethical. As P3 explained: “I
feel like using it for your own purposes is fine, perhaps, but if it’s taking away people’s jobs, or
if you’re making a profit off of it that I feel way less comfortable with.” P11’s attitudes toward
GenAl use depended on whether the art was “personal versus public” as well as whether a piece
of art is made “for profit.” P11 had few qualms with private usage or public usage for non-profit
purposes. However, she thought that when GenAl is used for profit there is a need for “more
regulation and transparency.”

Echoing the anti-capitalist values of Mufioz’s queer utopian logics [263], participants routinely
located their concerns with GenAl not entirely within the technology itself but rather the capi-
talist system. Rather than debating if GenAl should be used at all, P6 wished artists would focus
more directly on “workers’ rights in creative industries,” such as “seeking to regulate the ways
that we use [GenAl] or regulate the treatment of workers using it.” Similarly, P8 focused on
critiques of capitalism rather than GenAl:

“I just feel like if people didn’t have to rely on their art to make money and support
themselves that would be a better world. I feel like we wouldn’t be having these
conversations about the fear of being replaced. It’s only because there’s this need to
extract profit from art.” (P8)

As P15 summarized, “being a creative person under capitalism is hard” because “good art” is not
necessarily the most “financially successful art.” In other words, participants’ anti-capitalist val-
ues are in tension with the material realities of making art within a capitalist system. Participants
felt that GenAl threatens artistic labor because of the ways in which it can be used to make art
more profitable, often at the expense of quality.

4.4.3 Refusing GenAl as World Building

As described above, our participants’ queer art was deeply relational. In turn, they reproached the
perceived anti-relational nature of GenAl development and usage practices. Much like Mufoz
describes queer art as a “refusal” of the present “repressive social order,” participants tried to
refuse the “straight” logics of GenAl in their art worlds. First, participants tried to refuse partic-
ipating in GenAl training by limiting the visibility of their art and refusing to use GenAl built
on non-consensually scraped data to stand in solidarity with other artists. Moreover, participants
tried to detect and call out undisclosed GenAl use to resist the use of GenAl within their artistic
communities. In much the same way that a queer punk show can provide a joyful reprieve from
heteronormative life [159], participants’ refusal of GenAl is not only a negation of a repressive
present but an act of queer world-building. Amid the increasing omnipresence of GenAl, trying
to maintaining art worlds without GenAl is radical. At the same time, this refusal can come at a
cost, like artists now feeling the need to prove their work is “real.”
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4.4.3.1 Non-Use

In light of the ethical concerns described above, participants often refused to use GenAl as an act
of resistance. When asked why she had not used GenAl, P10 explained that it was a “deliberate”
decision because the models are built using “people’s existing work without that consent.” Like-
wise, P3 felt “guilty” for having used a generative language model once to explain a technical
concept to her. When asked why, P3 explained that using ChatGPT felt like “almost a type of
betrayal to my values and how much I value the work of writers and also artists” because “Al
generated art has taken away a lot of jobs” and the model is “trained without people’s consent.”
Similarly, P15 has not used GenAl in their art because they “really value artistic integrity.” In
sum, participants stood in solidarity with other artists and enacted their values by choosing not
to use GenAl. In a situation where individual artists have limited abilities to resist the major
corporations developing GenAl models, non-use allows participants to refuse the normalization
of GenAl and build collective solidary with other artists.

Participants also described numerous ways they and members of their artistic communities are
resisting those building AI models without artists’ consent. For example, P13 chose to limit
the visibility of their visual art: “I don’t put my art online anymore. I don’t want [fast fashion
brand] stealing it. I don’t want Al combing through it to take chunks of it and cut it apart and
use it for other things I don’t want. I don’t want any of that. So I purely share my art person to
person.” In an attempt to regain agency, P3 saw fan fiction writers place ‘do not scrape’ requests
at the top of stories: “They’ll put something up top that says like ‘Please don’t use this for Al
training’ ... not that I think that [the requests] would actually stop anybody.” Within this caveat,
P3 acknowledges the limitations of trying to avoid having one’s art used to train GenAl models.
One could choose not to share their art online altogether, like P13, but this severely limits who
one can share their art with. If one chooses to share one’s art online, they risk having their art
scraped (even if they clearly expresses a desire to opt-out).

For some participants, GenAl (non)use was more of a spectrum than a clear binary. P11, for
instance, said she would never use GenAl to write her queer science fiction stories. However,
she has used GenAl to help with “preparation” (e.g., information seeking) and “post-production”
(e.g., editing pitch letters or synopses for writing competitions), tasks which feel peripheral to her
writing practice. Participants often made sense of Al acceptability through public controversies
over artists using Al such as a a YouTuber criticized for using GenAl to create visual effects (P7)
and animators of a recent film accused of using GenAl (P3, P9, P10). In justifying animators
using GenAl, P10 thought that if GenAl “can make a job just a bit easier, then I think that’s a
good application.” Nevertheless, participants described Al use as highly stigmatized, a stigma
enforced through call-outs. Below, I describe the implications of these Al-use call-outs in greater
detail.

4.4.3.2 Detection and Call-Outs

Due to the lack of transparency over GenAl use, participants developed and deployed their own
strategies to try to detect Al-generated images. For example, participants described looking for
idiosyncrasies in people’s “hands” within visual art (P3, P7, P9), such as counting the number
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of fingers in images. Some are using these rules of thumb to accuse others of using GenAl
P3 recalled: “I see Al-generated fan art come across my timeline way more often but usually
it’s coming across because somebody is quote retweeting the fan art and saying like ‘this is Al-
generated and you can tell because of like this, this and this.”” At the same time, P9 doubted the
efficacy of these strategies: “I really wish it could always be true that we can tell when there’s a
human behind stuff but I think the reality of the situation is that we can’t.” As these folk theories
are imperfect, artists now run the risk of being falsely accused of using Al:

“I have seen artists who have genuinely created this work get replies saying, ‘this is
Al even when it’s not so, it adds, I think, a level of frustration. That not only has
have people had their work ripped off but now their work is being accused of not
being theirs in the first place.” (P10)

Due to the risk of Al accusations, artists must sometimes prove the authenticity of their work.
P3 recalled: “I have heard of my friends who are fan artists saying that now they try and draw
in a very much more distinctive art style or when they draw they’ll do time lapses of like them
drawing the actual picture so they don’t get accused of it being AL.”

These strategies of detecting and calling out GenAl are an attempt for artists to regain agency, but
these strategies also risk further disrupting participants’ artistic communities. In addition to the
added labor of collectively authenticating others’ work, artists now risk being accused of using
GenAl themselves. In response, some are reconfiguring their art-making processes to prepare to
defend against GenAl accusations.

4.4.4 The Queer Aesthetic Potential of GenAl

Queer aesthetic sensibilities often challenges dominant norms, upending conventional notions
of “good” or “bad” art [263]. One may find queer beauty in, for instance, a film so earnestly
bad that it becomes good [359]. Likewise, Mufioz highlights the queer joy in strange or avant-
garde forms, such as queer performance art or postmodern dance. Across these examples one
can also see an affinity with failure. For Mufioz, queer failure “helps the spectator exit from the
stale and static lifeworld dominated by the alienation, exploitation, and drudgery associated with
capitalism” [263, p. 173]. In a similar vein, participants found the most queer artistic potential
in the failures, strangeness, and glitches of GenAl.

Participants often found GenAl most artistically interesting when artists lean into the nonhuman
and surreal aspects of the technology, rather than trying to replace human creativity. P8 was most
interested in how GenAl can create a “picture of something that doesn’t exist and can’t possibly
exist in the real world,” which “harkens back to [surrealist] art.” Similarly, P9 enjoyed the “early
days of Al-generated images” because they were “pretty freaky.” P9 elaborated:

“[Early Al art was] way more art than what the Al image generators are spitting out
now because you could see a machine struggling to comprehend stuff. And I that
that was pretty cool because it wasn’t really comparable to what I think that artists
could make. So it was like its own niche. But instead of becoming its own niche it’s
now intruding in artist territory, and I think that’s bad.” (P9)

51



Praising earlier uses of Al to create “non-representational” art, what P14 found most interesting
about GenAl in the context of art “is that [GenAl] is so non-human.” He went on to explain: “I
could probably find hypothetical ways that I would use Al in a project and make it not corny, but I
think it’s very hard to do that right now because our imagination around Al is collectively limited
because of the way it’s hyped. It’s hyped as this product that can substitute for human creativity,
which is obviously disrespectful to human creativity and also to the particular creativity that Al
offers.”

Like P14, P6 was excited about the potential applications of GenAl in “data bending” glitch
art, which he described as “some of the most surreal — inhuman in a good way — feeling art.”
In particular, P6 was excited about the use of data poisoning tools, noting that “most people”
are using data poisoning tools to “mess with the datasets so [developers] can’t use [these image
models] anymore.” However, P6 thought “it’s cool that the datasets are getting messed with
because now we are going to get something different out of those generative image Al. We’re
going to get something that we wouldn’t expect.” For some, data poisoning is a way to refuse
participating in the development of GenAl models. However, P6 finds excitement in datasets
“getting messed with” because it may lead to unexpected model behaviors. Rather than a refusal
of GenAl altogether, P6 finds pleasure in the queer refusal of dominant GenAl aesthetics in favor
of “something different.”

As I described in Section 4.4.2, participants were critical of those using GenAl to replace human
creativity or produce art more quickly. At the same time, some saw the “freaky” (P9), “surreal”
(P6, P8) and “non-human” (P14) styles possible with generative image models offering queer
aesthetic possibilities. However, the development of increasingly realistic GenAl models both
undermines the surreal aesthetic potentials of the technology and competes with the labor of
human artists.

4.5 Discussion

Contemporary narratives frame GenAl as inevitable—an industrial revolution, a frictionless en-
gine of productivity [413]. But our participants enacted a different temporality. By refusing to
use GenAl or removing their art from searchable platforms, they engage in what one might call
queer refusals of “straight time” [263], resisting the linear logics of innovation, efficiency, and
profit-maximization. Of course, these refusals are not necessarily unique to those who identify
as queer artists. Rather, queer theory draws attention to those who challenge dominant norms.
Participants’ refusals recall the politics of the Luddites not as anti-technology reactionaries, but
as workers who recognized that the future on offer was not meant for them [247, 320, 134, 308].
Moreover, this work demonstrates how non-use can help individuals reclaim agency [23, 217]
and engage in collective resistance [395].

In this section, I first discuss how CSCW researchers can help people, including but not limited
to queer artists, refuse to participate in GenAl development. Then, I consider how the design
of online communities might help people resist Al-generated media. At the same time, Mufioz
suggests that queer refusal involves more than a rejection of the present “repressive social order,”
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such as cis-heteronormative and capitalist exploitation. This queer refusal is coupled with an
“insistence on potentiality or concrete possibility for another world.” Queerness, he writes, “is
not yet here,” but it gives us “a sense of the warm illumination of a horizon imbued with poten-
tiality.” In the final discussion sections, I explore how researchers might support queer artistic
futures beyond capitalist Al imaginaries and, more broadly, support artistic labor.

4.5.1 Resisting Non-Consensual Generative AI Development

My findings complicate assumptions that inclusion in GenAl datasets is inherently beneficial.
Erasure is only harmful when one wants to be included [222]. While prior work critiques the
inadvertent exclusion of queer people from training data [98], many participants explicitly did
not want their art included. Echoing Mufioz’s critique of assimilationism and critical computing
scholarship on refusal [178, 154], simply “fixing” GenAl by adding more queer art does not
support queer artists. In line with calls to move beyond deficit-centered design [86, 385, 378], I
argue that CSCW should instead focus on users who seek to refuse non-consensual scraping.

One approach is improving transparency into what has already been taken. For instance, re-
searchers might audit and make visible the content in prominent open-source datasets, such as
prior investigations of the Book3 [304] dataset, or design tools that let artists check if their work
was scraped [306]. Yet, as prior CSCW work on dataset traceability shows, tracking sources
is difficult and incomplete [331]. Moreover, because companies rarely disclose training data,
retroactive audits alone are insufficient. There is also a need for proactive mechanisms to prevent
non-consensual scraping.

As shown in recent CSCW research on non-consensual intimate media, designing for consent
requires thinking across the many layers of infrastructure undergirding online media circula-
tion [297]. At an infrastructural level, technologists could update internet standards — such as
robots.txt — to differentiate between scraping permissions for search engine indexing versus
GenAl training [194]. However, such changes may prove ineffective because internet standards
are usually enforced by norms rather than laws [214]. At the application level, developers might
imperceptibly perturb images and videos that users upload [341] to protect these works from be-
ing used to build GenAl models, similar to social media sites removing location metadata when
users upload images [131, 172]. At the interface level, platforms should provide clear, default
opt-outs, while at the policy level researchers can advocate to extend “right to be forgotten”
protections to training datasets [272].

It is unlikely that for-profit companies will make decisions that are best for users at the expense
of their bottom-lines, as indicated by Reddit and Tumblr deciding to sell user data to GenAl
developers [277]. Moreover, as indicated by the numerous lawsuits facing tech companies at the
time of my writing over GenAl scraping practices [188, 312], tech companies have a long history
of skirting regulation by “asking for forgiveness rather than permission” [392]. There will always
be tech companies and individuals that choose to ignore artists’ wishes. Technologists have spent
decades developing DRM (Digital Rights Management) software to prevent everyday users from
scraping artwork owned by major corporations [97], with little equivalent effort to safeguard
everyday artists [215]. To reverse this course, CSCW might more actively pursue oppositional
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privacy research, developing and coordinating protective tools that give artists collective leverage
against non-consensual generative Al development [341, 395, 342].

4.5.2 Resisting AI-Generated Media in Online Communities

Participants described online artistic communities as spaces where they came to understand
themselves, connect with others, and form queer communities. However, these spaces have been
profoundly unsettled by fears of non-consensual GenAl training and the circulation of undis-
closed Al-generated art. Muifioz reminds us that queer world-building is not about securing
safety within the present but about reaching toward alternative futures—what he calls a step-
ping out of “this place and time to something fuller, vaster, more sensual, and brighter” [263].
From this perspective, anti-GenAl communities are not merely defensive responses but utopian
projects. They reject extractive platform logics and imagine worlds otherwise in which artistic
labor, intimacy, and collectivity can thrive on different terms.

This utopian lens shifts how CSCW researchers might understand emerging anti-Al social me-
dia platforms, like Cara [78]. Rather than viewing them only as replacements for compromised
spaces like DeviantArt [281], these platforms can be seen as enactments of queer disidentification—
forms of refusal that carve out futures resistant to commodification. Paralleling CSCW research
on fan migration and platform building [105, 115, 117], these communities are performing the
very work of world-making that Muioz theorizes, building infrastructures that insist on collec-
tive flourishing outside the inevitability of GenAl. Future research might ask how to design with
and for such resistant communities, not simply to mitigate harms but to cultivate their utopian
horizons.

Participants also described developing “folk theories” to detect undisclosed GenAl art. At the
same time, this heightened suspicion places new burdens on artists and audiences to expend ad-
ditional effort to prove or disprove Al involvement when sharing or enjoying art. These everyday
audits [349] highlight both the creativity and the burdens of grassroots governance. Similarly,
participants expressed interest in labeling GenAl-made art when shared on social media, seeing
such labels as a way to resist GenAl by filtering out Al-generated content. At the same time,
implementing labeling raises difficult design challenges. Because participants’ perceptions of art
depended on precisely where GenAl was used in the creative process, a single “Al-generated”
label risks oversimplifying the diverse ways GenAl may be involved in art-making. Future work
might therefore explore labeling schemes that move beyond a simple binary of GenAl use/non-
use [109] as well as examine how different interface designs for displaying labels shape audience
perceptions [153]. Complementary lines of research could continue investigating watermarking
or detection methods for Al-generated media [418, 206], while also weighing the relative harms
of false-negatives versus false-positives across application domains [90].

Mufioz’s queer theory cautions us not to naturalize these authentication and labeling practices as
endpoints of design. Much like marginalized artists have critiqued GenAl moderation systems
in prior work [253, 380], systems that institutionalize collective labeling or forced authentication
risks shifting power toward technology developers and away from artists. Compulsory verifica-
tion undermines artists’ ability to embrace opacity or refuse disclosure. Thus, future research
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should explore not only technical methods for authentication, watermarking, and labeling [418,
206, 109], but also how to design with refusal in mind. While some communities may collec-
tively value provenance, others may resist forced authentication as forms of surveillance. To
follow Mufioz is to treat refusal itself as world-building: enabling artists to say no to GenAl
and no to compulsory verification, as part of imagining futures otherwise. In this way, resis-
tance to Al-generated media is not just about preventing harm in the present but about opening
possibilities for queer worlds not yet here.

4.5.3 Supporting Queer Artists

For Mufioz, queer art entails a refusal of capitalist logics of productivity and profit-maximization,
instead cultivating alternative temporalities and aesthetics that gesture toward utopian futures
[263]—an orientation echoed by our participants. While they were highly critical of managers
using GenAl to cut production costs (Section 4.4.2), participants expressed fewer concerns when
artists used GenAl outside of profit-driven contexts (Section 4.4.4). Building on these insights, I
suggest that designers can support queer futures by pursuing alternative paradigms that decenter
efficiency and commodification.

One such paradigm to counter “straight” temporalities is slowness [276, 275, 274]. In response
to participants’ critiques of GenAl being used to sacrifice quality for efficiency, models that em-
phasize slow output could open space for reflection and resist managerial appropriation. For
example, a system that produces only one image per week could invite more deliberate engage-
ments with GenAl’s artistic potential, while also reducing the environmental costs of large-scale
Al development [99]. Such approaches align with post-growth HCI calls for technologies ori-
ented around sustainability and care rather than acceleration [344, 343].

Researchers could also explore legal mechanisms to resist commodification. For example, “copy-
left” licenses, developed in free and open-source communities, prevent enclosure by requiring
derivative works to remain free [358]. Future computing research could collaborate with legal
scholars to design similar licenses for GenAl models and datasets. Such GenAl models would
allow artists to engage in minor support work, like practicing techniques, but may be unappealing
to for-profit companies.

Finally, participants underscored the importance of imagining queer artistic futures beyond GenAl
altogether. Echoing accessibility research that highlights relational support over individual pro-
ductivity [29], I suggest shifting design attention toward infrastructures that sustain queer artistic
mutual aid. In other words, researchers can design ways for queer artists to collectively support
one another without having to rely on GenAl. For instance, systems could facilitate gifting and
appreciation practices among queer artists, extending prior work on recognition in open-source
communities [203]. P3, for example, described coordinating with others to create zines sup-
porting queer and disabled causes, pointing toward broader design possibilities for technologies
that scaffold collective art-making, as in Allred & Gray’s work on activist fanzines [13]. While
GenAl is increasingly central in HCI research [282], our participants did not necessarily seek
“better” models. Instead, their practices invite CSCW scholars to imagine queer artistic futures
beyond GenAl by centering queer relationality.
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4.5.4 Supporting Artistic Labor

Participants drew a sharp line between GenAl as peripheral aid—such as editing pitch-letters—and
GenAl as replacement for the core labor of art-making. This distinction exposes a broader poli-
tics of invisibility. As Becker notes, art worlds depend on “support work™ that is usually erased,
yet without which art cannot exist [25]. GenAl risks deepening this erasure, framing support
tasks as disposable and as interchangeable with machines.

Muiioz reminds us that queer practices of labor are not simply about producing commodities but
about resisting the “straight time” of efficiency and profit. In this sense, what is at stake is not just
the preservation of jobs, but the defense of queer temporalities—slowness, care, collaboration—
that capitalist logics render unproductive. The imposition of GenAl into creative labor markets
exemplifies what Mufioz critiques as assimilationist compromise, demanding that artists adjust
to extractive systems rather than reimagining them.

Rather than treating GenAl as an inevitable supplement to creative work, CSCW researchers
must confront the structures that naturalize dispossession. This might mean aligning with unions
and creative collectives not only to negotiate contract language but to contest the very framing
of artistic labor as fungible, flexible, or optional. GenAlI’s appropriation of queer art and labor
is not simply a technological shift. It is a continuation of a long history of capitalist exploitation
of marginalized creativity. Refusing this future requires imagining infrastructures that do not
simply “accommodate” GenAl but actively block its coercive uptake, enabling artists to sustain
labor practices grounded in solidarity, opacity, and utopian potential rather than extraction [146,
373].

4.5.5 Limitations

My work does not intend to represent the views of all “queer artists.” Instead, my collaborators
and I examine the views of a particular group of queer artists, which I interpret using José Esteban
Mufioz’s theorization of queer aesthetics. Notably, all participants lived in the United States of
America, and the interviews were conducted in English. Owing to the cultural situatedness of
gender and sexuality [271] and artistic practices [251], more work is needed to understand the
queer artists’ experiences beyond the US.

My findings also do not fully represent the diversity of queer artistic experiences within the US.
As the interviews were conducted over Zoom, participants needed a reliable internet connection
in order to participate. Also, Black queer artists have been pivotal to queer art, but are not
represented in this study [263, 354]. This may be due to a limitation in having only recruited
from Twitter and Reddit, as fewer Black people in the US use these sites than Instagram or
TikTok [1]. Participants also skewed young, with a median age of 26 and the oldest participant
being 33. As noted in prior Queer HCI scholarship, there is a need for future research on the
experiences of older adults [420, 379].

While in this work I recruited self-identified queer artists, not every LGBTQ+ person would nec-
essarily identify as queer [379]. As Mufioz notes, “‘queerness” is historically associated not only
to marginalized genders and sexualities but also a form of radical politics and non-normative
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aesthetics [263]. Therefore, my findings may have differed if I instead recruited LGBTQ+ iden-
tifying artists. Instead of representing LGBTQ+ artists writ large, these findings are likely more
transferable to artistic communities that similarly value relationality and anti-capitalism, such as
the transformative fan community to which at least 6 participants belonged. At the same time, an
important limitation of this work is that, although participants felt strong solidarity with working
artists, most did not make a living primarily through their art. As some participants engaged
in artistic communities that stigmatize profiting from one’s work [114], the participants in this
study should not be disregarded as merely amateur artists. That said, the attitudes of, for instance,
full-time screenwriters toward GenAl may differ from those of the participants in this study.

As transgender, non-binary and disabled people in the US tend to view Al more negatively than
members of dominant social groups [156], participants’ negative attitudes toward and non-use of
GenAl are to be expected. At the same time, this non-use may have shaped participants’ attitudes
towards GenAl. This may be, for instance, why LGBTQ+ biases in model behaviors did not
figure prominently in my findings. Moreover, participants’ conceptions of GenAl tended to focus
on prompt-based interaction paradigms, such as text-to-image models and chatbots. In light of
my findings that participants were more comfortable with Al being used for support work, future
research should study the acceptability of other types of GenAl models, such as those used for
coloring. Additionally, Lucy Suchman notes that the category of technologies referred to as “Al”
is quite expansive [371]. As a result, artists likely have different conceptions of what constitutes
Al and its acceptability. Similar to prior research on people’s mental models of the internet [197],
future research should explore artists mental models of Al and Al development. Finally, while
this work largely focuses on queer artists refusing GenAl, I encourage future research into queer
artists who have chosen to integrate GenAl in their artistic practices [380].

4.6 Conclusion

In this work, I examined how queer artists are making sense of and responding to the recent
proliferation of GenAl. The tensions participants identified between themselves and GenAl are
not simply the most recent version of longstanding aesthetic debates [25] or the result of techno-
logical naivetés. Instead, these are tensions between competing future visions of what art is and
should be, between art-making as a relational queer practice versus an alienated commodity from
which to extract profit. I encourage CSCW researchers to contest these dominant Al imaginaries.
As José Esteban Mufioz reminds us, queerness demonstrates the “concrete possibility for another
world” [263].
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Chapter 5

How Generative Image Model Developers Evaluate
the ‘“Aesthetic Quality” of Images

This chapter is based upon the following published work:

Jordan Taylor, William Agnew, Maarten Sap, Sarah Fox,* Haiyi Zhu.* 2026. The
Algorithmic Gaze of Image Quality Assessment: An Audit and Trace Ethnography
of the LAION-Aesthetics Predictor. Proceedings of the 2026 ACM Conference on
Fairness, Accountability, and Transparency. (* = equal contribution)

5.1 Introduction

Although artistic taste is deeply subjective and highly political [45], Al researchers often attempt
to quantify the aesthetic quality of media [384, 183]. While aesthetic quality assessment (AQA)
has been a topic of research in the computer vision community for decades [92, 266], this task is
particularly important to examine in light of the rapid growth in visual generative Al. Not only
are AQA models used to curate the training data for visual generative Al models [69], but they
are also used to assess the quality of Al-generated images [130]. As generative Al models are
trained on datasets scraped from across the web, researchers rely on computational methods to
filter out “low-quality” data. Prior work has called attention to myriad gender and cultural biases
in common dataset filtering techniques—such as blocklists [98] and image-text similarity metrics
[179]—but the consequences of aesthetic filtering has yet to be explored in detail.

In this work, I investigate an AQA model—the LAION-Aesthetics Predictor (LAP)—that has
been widely influential in visual generative Al research and commercial development. For ex-
ample, LAP was used to curate the open-source LAION-Aesthetics Dataset from which Stability
Al pre-trained the earliest versions of Stable Diffusion [332]. Additionally, LAP is often used to
evaluate the quality of Al-generated images [95, 119, 130, 168]. Despite its far-reaching impact,
the LAP itself has yet to be explored in detail.

Due to the subjectivity of aesthetic evaluation, I first explored (RQ1) what the LAP model deter-
mines to be a “high-quality” image using three datasets. First, I examined the impact of aesthetic
filtering on the LAION-Aesthetics Dataset (~1.2B images), which was curated using LAP. I find
that the LAP disproportionally filters in images with captions mentioning women, while filter-
ing out images with captions mentioning men or LGBTQ+ people. Then, I used LAP to score
~330k images across two art datasets, finding the model rates realistic images of landscapes,
cityscapes, and portraits from western and Japanese artists most highly. In other words, the al-
gorithmic gaze of LAP reproduces the male gaze within western art history [31]. To understand
where these biases may have originated, I performed a trace ethnography of public materials to
examine (RQ2) how LAP was developed. I find that LAP’s development reflects the biases from
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the aforementioned audits, such as the aesthetic scores used to train LAP primarily coming from
English-speaking photographers and western Al-enthusiasts.

In light of these findings, I call on Al researchers to contend with aesthetics as a site of cultural
representation. Simultaneously, I caution that greater “inclusion” in visual generative Al training
data risks exacerbating the harms of these technologies. Additionally, I call on developers to shift
away from prescriptive, universalist measures of “aesthetics” toward more descriptive, pluralistic
evaluations. Finally, I discuss how future FAccT researchers might also combine audits and
ethnographies of algorithmic systems.

5.2 Background & Related Work

5.2.1 Background on LAION-Aesthetics

LAION (Large-Scale Artificial Intelligence Open Network) is a non-profit founded in 2021 by
Christoph Schuhmann, a German high school teacher, with the goal of creating open-source
datasets and machine learning models [268]. Despite its humble origins, LAION has highly
influenced generative image model development. Stability Al researchers used the LAION-
Aesthetics Dataset to pre-train the earliest versions of Stable Diffusion [316]. Unfortunately,
the extent to which contemporary generative image models rely on the LAION datasets can be
challenging to asses because developers have become cautious of disclosing their training data.
While Stability Al shared that early versions of Stable Diffusion were trained using LAION
datasets, the model card for their 2024 model Stable Diffusion 3.5-Large vaguely says it was
“trained on a wide variety of data, including synthetic data and filtered publicly available data.”
This secrecy may be due to the increased scrutiny faced by LAION and generative Al developers
[304, 307], which I will describe below.

LAION has faced substantial criticism from both Al researchers and artists. LAION researchers
compiled the 5.86 billion image-text pairs of the LAION-5B dataset by extracting image links
and alternative text descriptions from the IMG HTML tags of websites archived by the Com-
mon Crawl, a US-based non-profit that has scraped publicly available websites since 2008 [305,
19]. Due to LAION researchers’ indiscriminate data collection practices, researchers found that
LAION-5B contained over a thousand images of child sexual abuse material (CSAM) [382]. In
addition to containing CSAM, LAION-5B contains millions of copyrighted images, leading to
numerous lawsuits against LAION [118] and Stability Al [386]. Furthermore, Birhane et al.
found that the image descriptions in LAION-400M and the English language subset of LAION-
5B (LAION-2B-en) often contain hate speech [38].

Although prior research has examined biases in LAION datasets [38, 179], the LAION-Aesthetics
Dataset and the LAION-Aesthetics Predictor (LAP) model® used to curate this dataset are un-
derexplored. Not only is the LAION-Aesthetics Dataset widely used to pre-train and fine-tune
visual generative Al models, but the LAP model used to to curate this dataset has also been used

'https://huggingface.co/stabilityai/stable-diffusion-3.5-large
Zhttps://github.com/christophschuhmann/improved-aesthetic-predictor
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to curate internal corporate datasets [69] and to evaluate the performance of visual generative
Al models [95, 119, 130, 168]. Although some humanistic research has critiqued how LAP was
trained [186, 394], researchers have not yet empirically investigated what this image quality as-
sessment model measures in practice. In doing so, I contribute both to scholarship on art and
Al as well as, more broadly, Al evaluation and alignment practices. In the following sections, I
briefly describe each of these contexts in greater detail.

5.2.2 Al Evaluation & Alignment

Al researchers are increasingly critiquing the measurements used to train and evaluate Al models.
For example, benchmarks often claim to measure concepts with no agreed upon definition, such
as “intelligence” [24]. Researchers have also criticized the notion of universal “gold standards” in
data annotation [398]. While researchers often treat annotator disagreement as noise to be filtered
out, disagreements can stem from annotators’ differing lived experiences [398, 325]. In response,
researchers have called for distinguishing between datasets intended to represent different beliefs
or encode one specific belief [317]. Al alignment research focuses on normative evaluations
where people can reasonably disagree about how a model should behave. For instance, LLMs
tend to reflect social values more commonly held in western countries according to national
value surveys [375]. At the same time, this methodology can flatten intra-cultural differences
[12]. Instead of choosing one set of values to reflect, researchers have increasingly called for
designing Al systems more pluralistically [362, 361]. In this work, I contend with “aesthetics”
as an underexamined axis of alignment.

Prior work has found that the design of visual generative Al models often harms marginalized
communities. Text-to-image (T2I) models stereotype or poorly represent women [33], LGBTQ+
people [390, 380], people of color [410], and non-western cultures [127, 251, 296, 415]. T2I
models made by western tech companies tend to perform worse in languages other than English,
such as Farsi [296] or Bangla [251]. This linguistic bias can also be seen in a dataset I examine
in this study: the LAION-Aesthetics Dataset is restricted to images with English captions [332].
HCT researchers have found that artists often enjoy the glitches and strangeness of T2I models
[65], leading some to critique the stylistic bias toward realism in newer models [380]. In light of
this concern, Taylor et al. have called for future research “examining measurements of aesthetic
quality in popular datasets” [380], which I take up in this work.

While the artistic consequences of aesthetic evaluation are underexamined, aesthetic quality as-
sessment (AQA) has been a subject of research in the computer vision community for decades
[266, 92]. In this work, researchers formulate AQA as a regression problem predicting a numer-
ical aesthetic score. At the same time, this de-contextualized measurement of aesthetic quality
has been critiqued [145, 183]. Goree, Domingo, and Crandall [145] highlight value misalign-
ments between various AQA models and human-preferences by developing an aesthetic evalu-
ation mobile camera application. Like ourselves, Li et al. [219] recently advocated for inves-
tigating aesthetic biases as an underexamined form of representational harms in mulit-modal
LLMs. However, the authors conceptualize aesthetic biases as a distributional alignment prob-
lem wherein aesthetic evaluation models may privilege the values of one demographic group
over others, examining age, gender and education. I extend this work by studying the broader
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cultural consequences of AQA on data curation and model evaluation, grounding the task within
art history.

5.3 Auditing the LAION-Aesthetics Predictor Model

5.3.1 Audit Methodology

I audited LAP using three datasets. First, I examine the LAION-Aesthetics Dataset curated from
LAION-5B by LAP. I then audited LAP using two art datasets with robust metadata on the artists,
cultures, styles, and mediums associated with each image. The first dataset consists of 249,351
public-domain images from the Metropolitan Museum of Art (MET).? Located in New York
City, the MET is the fourth largest museum in the world and its collection spans over 5,000 years
[376]. While the MET dataset contains images from a wide breadth of art across various cultures
and time periods, few images are of modern or contemporary art (only 865 images). Therefore,
I evaluated LAP on the WikiArt dataset [322] of 81,444 images of visual art by 129 primarily
modern (mid-1800s to mid-1900s) artists. WikiArt is a community edited visual art encyclopedia
commonly studied in digital humanities research [254, 128].

Across each datasets, my analyses primarily focus on understanding differences between im-
ages rated above and below an aesthetics score of 6.5. I chose this threshold because it is
commonly used in computer vision research to represent high-quality images. The LAION-
Aesthetics Dataset was released in multiple subsets based on different aesthetic thresholds, with
images scored 4.5+ (~ 1.2B images) being the lowest rated dataset and 6.5+ (~ 625k images)
being the highest rated. The LAD 6.5+ is widely used by computer vision researchers to fine-
tune generative image models [149, 62], evaluate new training methods [227, 110], and create
new datasets [388, 220]. Additionally, Ding et al. measure the effectiveness of data poisoning
attacks on text-to-image models by defining “generation aesthetics” as the “% of images with
[LAP] aesthetics ;, 6.5 [95]. In Tables 5.1 and 5.2 I also show the number of images rated 6+ to
demonstrate that the aesthetic biases I identify across the 6.5+ threshold can also be seen across
the 6+ threshold.

5.3.2 Findings: The LAION-Aesthetics Dataset

LAD consists of all images from LAION-5B with English captions that LAP rated at least 4.5.
In LAD, images are not stored directly. Rather, the dataset contains URLs to images hosted
on websites across the internet. Most relevant for the findings in this work, the metadata for
each image in LAD contains its LAP predicted aesthetic score and a caption derived from the
scraped image’s alternative text. I find that LAP rates images from independent visual artists and
photographers highly. Also, images with captions mentioning women, Hindus, and Christians
are more likely to be included in LAP 6.5+, while images with captions mentioning men, Jews,
or Muslims are more likely to be filtered out.

3https://www.metmuseum.org/hubs/open-access
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Figure 5.1:

Identity Terms

Top 25 domains of images in the LAION-Aesthetics Dataset rated 6.5+ by the
LAION-Aesthetics Prediction model.

wom[ae]n
hindu(s|ism)?
females?

christians?

asian([ -Jamerican)?s?
african[ -Jamericans?
buddhis[tm]
bi-?sexuals?
straights?
transgenders?
muslims?

blacks?

gays?

whites?

latin[oaxe]s?
caucasians?
european([ -Jamerican)?s?
islam(ic)?

lesbians?
jew(|slish)?

m[ae]n

males?

-25.00 -20.00 -15.00 -10.00 -5.00

PMI(term; included in LAION-Aesthetics Dataset 6.5+)

Figure 5.2: Pointwise Mutual Information (PMI) between regex and images being included in
the 6.5+ subset of the LAION-Aesthetics Dataset. Terms with higher PMI (e.g., wom[ae]n)
have higher likelihood of being included. The exact regex for each identity term was of the form

\b(?i)gays\b.
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5.3.2.1 The LAION-Aesthetics Predictor highly rates images from websites used by inde-
pendent visual artists and photographers

I find substantial differences between the URLs of images below and above the 6.5 aesthetic
threshold. In LAD 4.5+, the top 25 most common domains account for about 36% of all the
images in the dataset. These domains are primarily from e-commerce websites (e.g., Shopify),
stock image sites (e.g., Getty Images), and web hosts (e.g., Wordpress). For LAD 6.5+, the top
25 image domains account for proximately 52% of the dataset, meaning a majority of the images
in this dataset come from the handful of websites in Figure 5.1. Of these 25 domains, 13 were
also in the top 25 domains for LAD 4.5+. However, the other domains are primarily from smaller
websites where independent visual artists (e.g., Redbubble, DeviantArt) and photographers (e.g.,
SmugMug, Flikr, 500px) share or sell their work. Additionally, the 25th most common source
of images in LAD 6.5+ are from a small nature photography agency, robertharding.com. This
indicates that LAP may rate photographic images more highly.

Department Name Median Num Im- | Num Im- | Num Im-
Score ages ages ages

Scored > | Scored > 6

6.5
European Paintings 5.73 35 483 2,289
Photographs 5.40 15 548 6,685
Drawings & Prints 5.06 13 435 60,889
Robert Lehman Collection 5.04 3 41 2,273
The Cloisters 4.96 0 1 2,258
Costume Institute 4.94 0 7 8,124
Asian Art 4.93 60 1,240 30,597
The American Wing 4.86 49 474 12,292
Arms & Armor 4.82 0 2 7,260
The Libraries 4.77 0 0 107
Musical Instruments 4.75 0 3 2,498
Modern & Contemporary Art 4.73 1 11 865
European Sculpture & Decorative | 4.72 1 12 37,709
Arts
Arts of Africa, the Ancient Ameri- | 4.71 0 0 6,191
cas, & Oceania
Medieval Art 4.70 0 1 6,887
Egyptian Art 4.65 0 3 13,269
Islamic Art 4.56 0 15 13,054
Ancient West Asian Art 4.41 0 1 6,093
Greek & Roman Art 4.29 0 7 30,011

Table 5.1: Predicted aesthetic score of images from the Metropolitan Museum of Art by

department.

64




5.3.2.2 The LAION-Aesthetics Predictor is more likely to rate images with descriptions
mentioning woman > 6.5, while those mentioning men or LGBTQ+ people are
more likely to be filtered out.

To understand the content of images in LAD, I compared the frequencies of words in image
captions above and below the 6.5 aesthetics score threshold. Similar to Dodge et al.’s prior audits
of generative Al dataset filtering [98], I computed the pointwise mutual information (PMI) [75]
of a regular expression (regex) appearing in the 6.5+ subset of images in LAD. At a high level,
PMI in this case measures the probability of observing a search term in the description for an
image rated 6.5+ relative to chance. Therefore, a PMI much greater than 0 suggests the search
term appears more often than by chance and a PMI much less than O suggests the regex occurs
less often than expected. Building on identity-related regexes used in prior audits [98, 179], |
computed the PMI of the regexes in Figure 5.2 appearing in LAD 6.5+ image descriptions.

I find that images with descriptions mentioning women are more likely to be included in LAD
6.5+, while images mentioning men or LGBTQ+ communities are more likely to be excluded.
Also, images with descriptions mentioning Hindu, Buddhist, or Christian communities are more
likely to be included in LAD 6.5+, while images with descriptions mentioning Jews or Mus-
lims are more likely to be filtered out. Images mentioning Asian or African communities are
more likely to be included in LAD 6.5+ than those mentioning Latinx/e, Caucasian, or European
communities. This may suggest that LAP more highly rates images of Asian and African com-
munities than European communities. Alternatively, images containing Caucasians or Europeans
may not mention this detail in their captions because whiteness is an unmarked racial category
[47].

As PMI is a relative measure, one must also consider the absolute number of image descriptions
per regex. For example, the PMI of ‘whites?” and ‘latin[oaxe]s?’ are both -0.95. However, there
are 9,617 images in LAD 6.5+ with ‘whites?’ in their description but only 26 images for ther
regex ‘latin[oaxe]s?’. Not only does ‘wom[ae]n’ have the highest PMI but the regex also appears
in more image descriptions in LAD 6.5+ than any other regex in Figure 5.2 (15,706). Mean-
while, regexes associated with LGBTQ+ identities are far rarer in LAD 6.5+ image descriptions:
‘gays?’ (102), ‘lesbians?’ (20), ‘transgenders?’ (9), ‘bi-?sexuals?’ (2), and ‘non[ -]?binary’ (0).
Understanding the cultural implications of aesthetic evaluation requires considering more than
the representation of identity groups [380]. Below, I explore aesthetic filtering in greater detail
by examining how LAP rates art from various cultures.

5.3.3 Findings: The Metropolitan Museum of Art Dataset

To examine how the LAP evaluates art across different mediums and cultures, I scored the
249,351 images from the MET dataset using LAP. I find LAP rates two-dimensional art by west-
ern or Japanese artists most highly.
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Median Num Im- | Num Im- | Num Im-
Score ages ages ages
Scored > | Scored > 6
6.5

Genre Cityscape 5.97 539 2,151 4,602
Portrait 5.90 693 5,616 14,112
Landscape 5.87 505 4,637 13,358
IMlustration 5.36 11 140 1,902
Nude Painting 5.45 3 117 1,923
Abstract Painting 4.94 0 0 4,968

Style Realism 5.87 634 4,155 10,733
Romanticism 5.87 371 2,723 7,019
Impressionism 5.89 646 4,898 13,060
Cubism 5.50 12 210 2,235
Pop Art 5.05 2 33 1,483
Abstract Expres- | 4.96 0 7 2782
sionism

Artist Antoine Blanchard 6.94 168 170 170
Edouard Cortes 7.09 208 214 214
Pablo Picasso 5.51 1 65 762
Andy Warhol 5.22 0 6 107
Salvador Dali 5.17 0 20 479

Table 5.2: A representative selection of the highest and lowest scored genres, styles, and artists
in WikiArt. The full results per genre, style, and artist can be downloaded at
https://github.com/jtaylor351/laion_aesthetics_audit_data/tree/main

5.3.3.1 The LAION-Aesthetics Predictor rates western art more highly than art from the
Majority World

As seen in Table 5.1, the departments with images scored > 6.5 are primarily European Paint-
ings, Photographs and Drawing & Prints as well as art from Europe, Asia, and America. On
the other hand, not a single piece of African, Native American, Oceanian, Egyptian, Islamic,
Ancient West Asian, and Greek & Roman Art was rated 6.5+. This bias is even more apparent
when looking at the images rated 6+. Approximately 97% of all images scored 6+ from the
MET (3180 of 3284) come from only five departments: (1) Asian Art, (2) Photographs, (3)
European Paintings, (4) The American Wing, and (5) Drawing and Prints. This may be
partially because the LAP privileges figurative, two-dimensional art, which would also explain
why more abstract art (Modern & Contemporary Art) and physical artifacts (European Sculpture
& Decorative Arts) scored lower.
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5.3.3.2 The LAION-Aesthetics Predictor rates paintings and photographs by western or
Japanese artists most highly.

Across the 249,351 images corresponding to 37,878 unique mediums and 14,946 known artists
in the MET dataset, only 177 images across 35 mediums and 99 known artists were rated as >
6.5 by LAP. After manually combining similar mediums (e.g., ‘watercolor’ and ‘watercolor on
paper’ ), I found that the MET images rated > 6.5 come from only 5 mediums: 72 oil paintings,
60 Japanese woodblock prints, 26 watercolor paintings, 15 photographs, 2 drawings, 1 piece of
stained glass, and 1 tempera painting (a predecessor to oil paint). A total of 14 artists had more
than one piece rated > 6.5, accounting for 88 (50%) of the 177 top rated images.

A manual inspection indicates that images rated > 6.5 are typically two-dimensional realistic
representations of landscapes (e.g., paintings of mountains) or portraits (e.g., photographs or
paintings of people). This can also be seen in the artists with multiple images in the top 177.
The top two artists with the most images rated > 6.5, Katsushika Hokusai (32) and Utagawa
Hiroshige (23), are mid-19th century ukiyo-e woodblock print artists who focus on Japanese
landscapes [196]. Likewise, the artists with the third and sixth most images rated > 6.5 are
the landscape painters William Trost Richards (6) and Albert Bierstadt (3). The artists with the
fourth (Southworth and Hawes, 4) and fifth (Suzuki Shin’ichi, 4) most images in the top 177 are
portrait photographers. While the MET dataset contains a broad range of art across cultures and
mediums, those that LAP rated > 6.5 were mostly paintings, prints, or photographs by western
or Japanese artists. In the next section, I examine how LAP evaluates paintings in greater detail
through the WikiArt dataset.

5.3.4 Findings: The WikiArt Dataset

The WikiArt dataset consists of 81,444 pieces of visual art from 128 known artists (excluding
unknown artists), primarily western artists from the mid-1800s to mid-1900s. Each piece is
assigned one of 27 styles across 10 genres. Genres describe the content of a piece (e.g., landscape
or portrait) meanwhile style describes the piece’s form (e.g., realism or impressionism).

5.3.4.1 The LAION-Aesthetics Predictor more highly rates realistic images of cityscapes,
landscapes, and portraits, while less realistic art was rated lower.

As seen in Table 5.2, I find that LAP highly rates visual art of Cityscapes, Landscapes, and Por-
traits. These three genres account for 39% of all images in WikiArt, but these genres make up
73% of all images rated 6.5+. Likewise, I found that more realistic and representational styles,
such as Realism, Romanticism, and Impressionism were highly rated. Here, both style and genre
are linked as portraits, landscapes, and cityscape are common subjects in realist, romantic, and
impressionistic art. On the other hand, LAP rates less representational art, such as cubism or ab-
stract art, lower. The consequences of this aesthetic bias can be seen across artists. Nearly every
piece by the french cityscape artists Edouard Cortes (208 of 214) and Antoine Blanchard (168 of
170) were rated 6.5+. In contrast, more influential but less realistic artists—Pablo Picasso, Andy
Warhol, and Salvador Dali—were rated lower.
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Aesthetics LAION-Aesthetics

Score Met Dataset WikiArt Dataset
Dataset

Range

6.5 < score

5.5 < score <
6.5

4.5 < score <
5.5

score < 4.5 Not Applicable

Table 5.3: A selection of images across the three datasets showing that realistic images of
landscapes and cities are most highly rated.

5.3.5 Findings: Qualitative Visual Analysis

To augment my quantitative analysis, I randomly sampled 5 images from each dataset in the
ranges of: [7,), [6.5, 7.0) ... [4.5, 5.0), (, 4.5). Given no images in LAD are rated < 4.5 and two
images in the MET were rated > 7, this yielded 30 images from LAD, 32 images from the MET,
and 35 images from WikiArt. A representative image from each dataset across different score
ranges can be seen in Table 5.3. My inspection of these images further suggests that LAP
tends to rates realistic images of cityscapes, landscapes, and people higher than images of
three-dimensional objects or abstract art. Among the images rated 6.5+ across the datasets,
all are of landscapes/nature (11/27), cityscapes (9/27), or people (7/27). Between 5.5 and 6.5,
most images are of people (20/30) or landscapes/nature (5/30). The images scored below 5.5 are
primarily of inanimate objects (20/40), people (10/40), or abstract art (7/40).

5.4 How the LAION-Aesthetics Predictor was Made

Seaver [334] suggests that audits can demonstrate the existence of biases, but “what [audits] can-
not do is explain conclusively how that disparate impact came about.” In this section, I explore
the potential origins of the aesthetic biases described above by conducting a trace ethnography
of how the LAP was made.
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5.4.1 Trace Ethnographic Methodology

Ethnography is a qualitative method from anthropology seeking to explain how groups of people
interpret and act in the world [102]. Ethnographic research typically involves extended partici-
pant observation and interviews within physical field-sites, ranging from remote villages [132]
to Al research labs [120]. While ethnography began within physical field sites, the 1990s saw a
proliferation of multi-sited ethnographic research due to the rise of globalization and the internet
[237]. Within this paradigm, Geiger and Ribes [133] propose trace ethnography as “a powerful
and flexible methodology, able to turn thin documentary traces into ‘thick descriptions’ [132] of
actors and events that are often invisible in today’s distributed, networked environments.” For
example, Geiger and Ribes [133] reconstruct the blocking of a Wikipedia vandal by drawing on
thin documentary traces of edit history.

I conducted a trace ethnography of the development of the LAION-Aesthetics Predictor by lever-
aging a variety of digital documents. Specifically, I draw on: (1) the LAION-Aesthetics an-
nouncement blog post [332], (2) the code and data repositories hosting the LAP model,* SAC
dataset,” AVA dataset,® and LAION-Logos dataset,” (3) the academic paper for the AVA dataset
[266], and (4) a ~10 minute YouTube video explaining how LAP was made.® My analysis (sum-
marized in Table 5.4) focused on understanding how LAP and its training data were created and
where the images and annotations in LAP’s training data come from.

5.4.2 Findings: How the LAION-Aesthetics Predictor was Created

5.4.2.1 Model development choices were made according to the individual taste of LAION’s
founder

According to the aforementioned YouTube video, the founder of LAION (Christoph Schuhmann)
created LAP on his own. LAP is a multi-layer perceptron model with linear layers trained to pre-
dict the aesthetic score of an image based on a CLIP embedding.” Although he experimented
with other models, Schuhmann chose this architecture because “for [his] use case the simple
linear layer worked best just from visual inspection.” Schuhmann trained LAP using three dis-
tinct datasets, each of which measures the aesthetic quality of an image on a scale from 1 to 10:
(1) Aesthetic Visual Analysis (AVA), (2) Simulacra Aesthetic Captions (SAC), and (3) LAION-
Logos. Once again, Schuhmann explains that he chose to weight each dataset equally in the
training process because “from [his] subjective taste it was best to just have every dataset once
in the training data.” In other words, Schuhmann decided how to train LAP based largely on his
individual taste.

Schuhmann seems to recognize various limitations of LAP. He encourages others to “experi-

“https://github.com/christophschuhmann/improved-aesthetic-predictor

Shttps://github.com/JD-P/simulacra-aesthetic-captions

®https://github.com/imfing/ava_downloader

"https://huggingface.co/datasets/ChristophSchuhmann/aesthetic-logo-ratings

8https://www.youtube.com/watch?v=0Z3krwyoeWw

°CLIP models are commonly used in computer vision to semantically represent both texts and images in the
same vector space [299]
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ment” with different model architectures, newer CLIP embedding models, and larger aesthetic
evaluation datasets. Additionally, Schuhmann asks for volunteers to reproduce the training data
curation steps described in the video because “[he] had some ugly code somewhere but [he]
can't find it anymore.” He also asks for volunteers in the last comment of the explainer video:
“This is all an ongoing area of research and it would be really cool to have someone working on
this.” Schuhmann appears to recognize the slapdash way LAP was made and expects that it will
be improved upon in the future. However, at the time of my writing in January 2026, LAION
has not released a new aesthetic evaluation model.

AVA SAC LAION-Logos
Year Released 2012 2022 2022
Number of Images 255,530 146,372 26,730
Mean Ratings per Im- | 210.1 1.2 1.48
age
Median Ratings per | 201 1 1
Image
Images data consent No Yes No
Ratings data consent | No Yes Yes
Dataset Documenta- | Academic paper GitHub No documenta-
tion README.md tion
Where images come | www.dpchallenge.com T2I generated LAION-5B
from
Where scores come | www.dpchallenge.com 294 Al enthusi- | 18 Al enthusiasts
from asts
What scores measure | Relative rating on a | Absolute rating | Absolute rating
theme

Table 5.4: Comparison of Datasets Used to Train the LAION-Aesthetics Predictor

5.4.2.2 Training datasets are inconsistently documented

AVA is an influential predecessor to the LAION-Aesthetics dataset within the computer vi-
sion community [302, 399, 204, 226]. The computer vision researchers Murray et al. col-
lected AVA by scraping images and ratings from an online photography competition website
(www.dpchallenge.com) in 2012 [266]. SAC was released in July of 2022 by John David Press-
man, a Stability Al researcher at the time [292]. Pressman collected this dataset using a Discord
bot shared in Al-art communities that allowed volunteers to generate images and vote on their
perceived aesthetic quality. Although I was able to find the content of each dataset, the quality of
their documentation varies widely. AVA was the most well documented because it was published
at a computer vision conference [266]. While SAC was not formally published in an academic
setting, its GitHub repository has an extensive README.md file that functions as a data card
[295]. As I will describe next, LAION-Logos had little documentation.

I initially struggled to find LAION-Logos. While AVA and SAC are linked in the LAION-
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Aesthetics blog post, LAION-Logos is not. Searching “LAION-Logos” on Google yielded only
websites and academic articles alluding to the original blog. In response, I searched the public
LAION Discord, eventually finding an unlisted YouTube video posted by Schuhmann in 2022.'°
Because this video is unlisted, it is not searchable on YouTube or indexed by search engines.
In the video, Schuhmann explains that LAION-Logos is located on Hugging Face.!! LAION-
Logos is sparsely documented with a one sentence explanation and rarely used, downloaded
only 40 times in the month prior at the time of my writing. While LAION-Logos is technically
publicly available, my challenges finding the dateset suggests that it has been de facto private.
To the best of my knowledge, I am the first to document LAION-Logos.

5.4.2.3 Training datasets were created for different purposes across different time periods

LAION-Logos and SAC were created to improve generative image models. LAION-Logos was
collected to “improve the [LAION aesthetic prediction] models abilities to evaluate images with
more or less aesthetic texts in them” [332] While the SAC documentation says the dateset can
be used in multiple ways, like “Filtering Datasets” and “Alignment Research,” its documenta-
tion indicates that SAC was primarily collected for LAION-Aesthetics. This is evident in the
acknowledgment: “Special thanks to [name] for his early feedback and suggestions on the bot,
as well as writing the initial public domain prompt and rating dataset that allowed us to make
LAION-aesthetic as early as we did”

In contrast, AVA was collected a decade prior to the popularization of generative Al research. To
motivate the construction of AVA, Murray, Marchesotti, and Perronnin [266] suggest that “With
the ever-expanding volume of visual content available, the ability to organize and navigate such
content by aesthetic preference is becoming increasingly important.” The authors position AVA
as a solution to the problem of information overload, a common refrain in recommendation
research [336]. Perhaps because AVA was created within a personalization paradigm, AVA em-
bodies a more pluralistic conception of aesthetics than the universalism of LAION-Logos and
SAC. I describe these competing conceptions of aesthetics below in greater detail.

5.4.3 Limitations of the Images and Aesthetic Annotations Used to Train
the LAION-Aesthetics Predictor

5.4.3.1 Images and aesthetic annotations were collected with mixed levels of consent

These datasets were collected with varying levels of consent (Table 5.4). For AVA, neither the
images nor the ratings were collected with the consent of dpchallenge.com members. With
LAION-Logos, annotators likely knew their ratings would be used to create an aesthetic eval-
uation dataset, but image creators did not consent to this use. For SAC, the Al enthusiasts
generating and annotating images consented to their images and annotations being used to create
an aesthetic evaluation dataset.

Ohttps://www.youtube.com/watch?v=0Z3krwyoeWw
https://huggingface.co/datasets/ChristophSchuhmann/aesthetic-logo-ratings
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5.4.3.2 The images used to train LAION-Aesthetics Predictor are primarily photographs.

Of the 428,632 images used to train LAP, 255,530 (~60%) come from AVA, 146,372 (~34%)
from SAC, and 26,730 (~6%) from LAION-Logos. Both the images and ratings from AVA
are from photographers who participated in the English-language online art competition website
dpchallenge.com between its founding in 2002 and its scraping in 2012. The images in SAC
were generated and rated by a handful of Al enthusiasts in 2022 using an early version of Stable
Diffusion, with the top 50 most active volunteers accounting for 87.4% of all ratings. Finally,
the images in LAION-Logos from LAION-5B were scraped from the internet no later than early
2022 and rated by only 18 LAION volunteers. The images used to train LAP have a number
of limitations. Temporally, most images are from before 2012, meaning newer content may
be underrepresented. Also, the over-representation of photographs in LAP’s training data may
explain why the model highly rates photorealism.

5.4.3.3 Annotators are primarily English-speaking photographers or western Al-enthusiasts.

When the AVA data was created (2002 - 2012), the World Bank estimate that less than 33% of
the world’s population used the internet, most of whom were in western countries.'? Therefore,
the images and ratings posted on the English-language website dpchallenge.com at the time
likely reflect the tastes of western photographers. The SAC README cautions: “Participants
in [SAC] are largely WEIRD, or Western, Educated, Industrialized, Rich, and Democratic. This
means that the aesthetic preferences recorded are not universal among humanity. While we
didn’t take a survey of the demographic makeup of SimulacraBot users, it can be assumed they
largely reside in the United States and Europe.” The README also warns that participants
were “mostly open source Al developers and enthusiasts,” so “their aesthetic feedback is going
to lean STEM, fantasy, nerdy, esoteric, etc.” While the identity of LAION-Logos annotators is
unclear, I expect they share similar biases to SAC. Moreover, a majority of the ratings in SAC
and LAION-Logos were chosen by a single person (Table 5.4).

5.4.3.4 The LAION-Aesthetics Predictor was trained by conflating different measure-
ments of aesthetics across the datasets.

Per the LAION-Aesthetics blog, LAP was trained to “predict the rating people gave when they
were asked "How much do you like this image on a scale from 1 to 107" [332]. While it is
true that SAC and LAION-Logos measures aesthetics as an absolute image property, this is not
what AVA measures. Votes on dpchallenge do not measure the perceived aesthetic quality of a
de-contextualized image but rather the quality of an image relative to a topic, like skyscapes. As
prizes are award to images based on the average final ranking of aesthetic votes for a challenge,
votes are comparable within a topic but not between topics. Murray, Marchesotti, and Perronnin
[266] find that images in challenges with negative affective valences, like fear, tend to receive
lower absolute scores. This implies that a model built on absolute scores rather than relative
scores within challenges may be confounded by the emotional valence of an image.

2https://data.worldbank.org/indicator/ITNET.USER.ZS

72



Murray, Marchesotti, and Perronnin [266] are highly critical of de-contextualized aesthetic scores:
“The interpretation of these aesthetic judgments [in prior aesthetic datasets], expressed under
the form of numeric scores, has always been taken for granted. Yet a deeper analysis of the
context in which these judgments are given is essential. The result of this lack of context is that
it is difficult to understand what the aesthetic classifiers really model when trained with such
datasets.” This is why AVA represents aesthetic scores as a distribution of votes, allowing one to
examine not only the mean aesthetic vote but also the variance. The authors found that images
with high variance, or greater disagreement between voters in the image competition, tended to
be “non-conventional,” such as “innovative application of photographic techniques.” This nu-
ance, however, is lost because LAP is trained by averaging the aesthetic scores.

5.5 Discussion

5.5.1 The Algorithmic Gaze

Western art has historically been made to please white, western, heterosexual, men [31, 261,
198]. Similarly, I found that LAP was designed to the taste of one particular white, western, man:
the founder of LAION. Perhaps as a result, LAP is aesthetically biased toward realistic images
of western and Japanese art. Also, images with captions mentioning women in the LAION-
Aesthetics Dataset were more likely to be rated 6.5+ than those mentioning men or LGBTQ+
people. Below, I discuss LAP’s imperial, realist, and male algorithmic gaze.

5.5.1.1 The Imperial Gaze

In my analysis of art from the MET, all of the images rated 6.5+ were paintings, photographs
and prints from western or Japanese artists. Not a single piece of African, Oceanian, Native
American, Islamic, Egyptian, or West Asian art was rated 6.5+. While the highly-rated Japanese
art may seem like an outlier, western artists have been influenced by a racist fascination with
“eastern” [321] aesthetics since at least the 1600s [289]. LAP embodies what Kaplan [198]
refers to as the imperial gaze, wherein art is judged according white western tastes. Due to the
imperial gaze of LAP, the widespread use of this model to curate training data may exacerbate
existing multi-modal biases, like struggling to generate Native American [380] or Persian [296]
art.

Similar to prior work on biases in data “quality” filtering [98, 179], my findings demonstrate
that aesthetic evaluations may lead to representational harms by filtering out non-western art. [
encourage future research into how other image evaluation methods, such as FID scores [174]
or CLIP similarity [299], asses non-western art. At the same time, I encourage researchers to
explore aesthetic biases outside of western ontologies. Notably, none of the images in the MET
department of “Africa, the Ancient Americas, and Oceania” scored 6+ (Table 5.1). However, the
consolidation of art from different continents and time periods into one department is a vestige of
the colonialist category of “primitive art” [294]. By using the MET to evaluate LAP, my analysis
inherits this coloniality. In calling for a research agenda focused on aesthetic biases, I caution
against reinscribing the imperial gaze embedded in western art history.
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5.5.1.2 The Realist Gaze

I found that LAP highly rates realistic and figurative images, such as landscape paintings. For
centuries, one of the primary criteria for evaluating western visual art was how well it imitates
reality [290]. However, the modern art diverged from this tradition by focusing on the ideas and
emotions behind art [126], often drawing inspiration from less realistic non-western art [162].
LAP’s realism bias risks devaluing both modern and non-western artistic cultures and parallels
troubling historical precedents. Famously, the Degenerate Art Exhibition under Nazi Germany
encouraged visitors to mock modern art [355, 260]. Echoing this sensibility, some of the styles
and artists from this exhibition, like Picasso, were among the lowest rated in WikiArt.

Realist biases can also limit the creative potential of visual generative Al. A throughline in HCI
research on visual generative Al models is that artists often enjoy the glitches or surrealism of
text-to-image (T2I) models [347, 380, 65], leading visual artists to critique the increasing realism
of newer T2I models [380]. It follows that, aesthetic evaluation models that privilege realism may
poorly align with the taste of some visual artists.

So far, I discussed the harms of being excluded by LAP’s algorithmic gaze. However, realism bi-
ases can also lead to harm through non-consensual inclusion. 1 found that the LAION-Aesthetics
6.5+ Dataset is disproportionally made of images from independent visual artists and photogra-
phers. Not only have these communities lost jobs due to visual generative Al [248, 191], but
this suggests that their art may be driving the development of these technologies. As increas-
ing photorealism has the potential to exacerbate the greatest harms of visual generative Al—like
deepfakes [252], job replacement [192], and sexual abuse imagery [3]—I encourage researchers
to reconsider the value placed on realism in visual evaluation.

5.5.1.3 The Male Gaze

I found that images with captions mentioning women were more likely to included in the LAION-
Aesthetics 6.5+ Dataset, while those mentioning men or LGBTQ+ people were more likely to be
excluded. It follows that datasets curated and models evaluated with LAP may also reflect these
biases. In doing so, LAP reinforces the heterosexual male gaze in western visual art history [261,
31] at scale. According to Berger [31], “Women [in western art] are depicted in a quite different
way from men — not because the feminine is different from the masculine — but because the
ideal spectator is always assumed to be male and the image of the woman is designed to flatter
him.” I found that LAP was designed according to the taste of one man: LAION’s founder.

The male gaze has long been a feature of computer vision research. In 1973, male researchers
at the University of Southern California digitized an image of the Playboy model Lena Forsén
to test image compression techniques [262]. The “Lena image” has since become ubiquitous in
computer vision research. Despite decades of criticism that the Lena image perpetuates misogyny
in computing [64, 265], IEEE publications did not prohibit its use until 2024 [173]. Much like
Lena’s image circulated without her consent among computer vision researchers for decades,
images of (disproportionally) women now similarly circulate among computer vision researchers
through the LAION-Aesthetics 6.5+ Dataset.
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Although Al fairness researchers often critique data exclusions, Hoffmann [178] critiques in-
cluding marginalized communities in oppressive technologies. Recently, women have been im-
mensely harmed by the proliferation of visual generative Al models. The United Nations has
warned that generative Al is a major contributor to violence against women [59]. This violence
has been facilitated by a rise of commercial Al-based nudification apps, often specifically de-
signed to create nude images of women [137]. However, this problem is not unique to dedicated
nudification apps. At the time of my writing, thousands of men on X (formerly Twitter) have
began using Grok to create and share NCII and CSAM of women and girls [245]. Of course,
I cannot know whether these proprietary models rely on the LAION-Aesthetics Predictor or
Datasets. Nevertheless, I expect that aesthetic evaluation models that increase the likelihood of
women being included in Al training data risks exacerbating these harms. Much like recent work
on how concept filtering impacts T2 CSAM generation [83], I encourage future research on the
relationship between aesthetic filtering and the generation of sexual imagery.

5.5.2 Reevaluating Evaluation
5.5.2.1 Pluralistic Aesthetic Evaluation

I found numerous aesthetic biases in the behavior and design of LAP. However, in raising these
issues, I do not advocate for designing “better” universal aesthetic evaluation models or datasets.
As assessing the visual aesthetic quality of an image is deeply subjective and value-laden [45],
any attempt to represent the aesthetic quality of an image with a single number will be deeply
flawed. As an alternative to this normative problem formulation, I encourage researchers to make
use of more descriptive evaluating metrics [317]. Although LAP is often used as a general mea-
sure of aesthetic quality [95, 119, 130, 168], I found that it could be more accurately described
as a measure of photorealism. As described above, there are a number of limitations to using
realism to assess the quality of an image. However, a model that measures photorealism is not
in-and-of-itself harmful. Rather, I caution researchers against treating photorealism as a prescrip-
tive rather than descriptive property of images, conflating how images ought to be with merely
how images can be.

To support more pluralistic Al alignment [361], I encourage the use of descriptive measure-
ments when evaluating visual generative Al model outputs and training data. Abandoning the
flawed construct of universal “aesthetics” would allow researchers to more clearly articulate
which aesthetic values their visual generative Al models prioritize, such as photorealism or par-
ticular visual cultures. For instance, Tencent’s Hunyuan-DiT T2I model is specifically designed
to improve Chinese visual element understanding [221]. In addition to improving transparency,
more descriptive evaluations may help artists choose models that better align with their tastes,
perhaps addressing artists’ critique of increasing T2I photorealism [347, 380]. The seeds of
more descriptive aesthetic evaluation can actually be seen in the 2012 AVA dataset itself [266].
Recognizing the limits of de-contextualized aesthetic evaluation, Murray et al. grouped similar
photography challenges to measure 14 different photographic styles, such as “motion blur” and
“long exposure.”

The companies developing T2I models may have little incentive to shift from prescriptive to de-
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scriptive aesthetic evaluations. For-profit companies go to great lengths arguing that their models
supplant competitors’ models. For instance, Meta researchers manipulated benchmarks to give
an inflated impression of Llama 4’s performance [82]. Acknowledging that different T21 models
may be better in different contexts undermines companies’ efforts to prove that their models are
uniquely “state-of-the-art.” Much like corporate Al rhetoric, academic Al research is increas-
ingly driven by benchmark competition [150, 278], often without questioning the assumptions
embedded in said benchmarks [301]. I encourage future researchers to examine what the univer-
sal aesthetics measurements used by companies and Al researchers actually measure.

5.5.2.2 Combining an Audit and Trace Ethnography

In this work, I was able to examine upstream design decisions contributing to downstream biases
by combining an audit and trace ethnography. Auditing is a core FAccT methodology, with the
regex “audit*” appearing in nearly half of all FAccT publications. With some notable exceptions
[249, 238, 311, 329, 283, 18], ethnography is far less common at FAccT. As Seaver [334] ar-
gues, audits can help identify the existence of algorithmic biases while ethnographies can help
explain where these biases may have originated by focusing on the people behind the algorithm.
In addition to focusing on the harms of Al models themselves, responsible Al researchers are
increasingly advocating for “studying up” the powerful people behind Al development and de-
ployment [20, 199]. In service of these goals, I advocate for combining audits and ethnographies
as a socio-technical method for evaluating algorithmic systems.

Trace ethnographies can be a powerful tool for studying Al development. While FAccT re-
searchers do not need permission from developers to audit an algorithmic systems, one would
likely need permission to conduct participant observations [329]. For example, prior ethno-
graphic FAccT research has relied on access to field sites like tech companies [329, 283] or
a police headquarters [238]. However, maintaining access can limit critical scholarship [329].
Even in the case of “open” models, development practices may be opaque [406]. I was only able
to understand out how LAP was made by finding an explainer video in an old Discord message.
Herein lies a lesson for future ethnographic FAccT research. As Seaver [334] suggests, ethnogra-
phies of algorithms may require “scavenging” for diverse materials, including formal documen-
tation, datasets, academic papers, and social media conversations. Nevertheless, this scavenging
may pose ethical challenges. For example, studying an unlisted YouTube video—even if posted
in a public Discord—could raise ethical concerns. I have chosen to include this video in my anal-
ysis due to LAION’s advocacy for data scraping and refusal to remove artists’ work from their
datasets [118]. That said, the “public-ness” of data does not always make its analysis ethical
[422].

Finally, I caution that trace ethnographies are no substitute for more traditional ethnographic
approaches, like extended participant observation and interviews. In my study, for instance,
questions remain as to why the founder of LAION chose the datasets from which he built LAP.
Likewise, it is not clear how members of LAION make sense of the widespread circulation
of LAP. While my trace ethnography presents an account of how LAP was developed, extended
participant observation would likely be needed to understand the culture of LAION within which
LAP is situated. While I see potential for trace ethnographies to complement audits in FAccT
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research by embodying Al developers, this is not the only potential contribution of ethnographic
analyses. Similar to Forsythe [120]’s research on how expert system developers conceptualize
“experts,” for example, I call for future ethnographic research into the how aesthetic evaluation
researchers conceptualize “aesthetics.”

5.6 Conclusion

Generative Al models and algorithmic systems are increasingly mediating our media, art, and
culture. Therefore, it is imperative to understand for whose taste these systems are designed. In
this work, I audited the LAION-Aesthetics Predictor (LAP) model, finding that LAP reflects im-
perial, realist, and male aesthetic sensibilities. Through a trace ethnography of public materials,
I found that the development of LAP reflects similar biases. In light of these findings, I call for
greater attention to aesthetic biases as a source of representational harm and advocate for more
pluralistic evaluations. Much like I examined the algorithmic gaze of LAP, I encourage future
research into the cultural consequences of algorithmic “quality” assessment.
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Chapter 6

Conclusion

In the first part of my dissertation (Chapters 3 & 4), I explored how queer artists wish (not)
to engage with generative Al. Despite participants’ critiquing how generative Al models are
developed, designed, and deployed, participants in both studies found queer artistic potential
in the failures or glitches of generative image models. However, participants felt that efforts
to “improve” these models straightened out this queer potentiality by favoring realistic visual
styles. In light of these critiques, I conducted an audit (Chapter 5) of the widely-used visual
aesthetic evaluation model LAION-Aesthetics Predictor (LAP) as well a trace ethnography of
how the model was developed. Echoing the critiques of queer artists, I found that the design and
behavior of LAP favors realistic images over abstract visual styles. In this section, I conclude
by discussing the politics of taste amid the rise of generative Al and how my approach to Queer
Computing research is situated within broader debates around queer and trans technology studies.

6.1 Queer Art & The Politics of Taste

“Under certain circumstances failing, losing, forgetting, unmaking, undoing, unbe-
coming, not knowing may in fact offer more creative, more cooperative, more sur-
prising ways of being in the world. Failing is something queers do and have always
done exceptionally well; for queers failure can be a style, to cite Quentin Crisp, or a
way of life, to cite Foucault, and it can stand in contrast to the grim scenarios of suc-
cess that depend upon ‘trying and trying again.” In fact if success requires so much
effort, then maybe failure is easier in the long run and offers different rewards.”

- Jack Halberstam in The Queer Art of Failure [158]

“Whatever you now find weird, ugly, uncomfortable and nasty about a new medium
will surely become its signature. CD distortion, the jitteriness of digital video, the
crap sound of 8-bit - all of these will be cherished and emulated as soon as they can
be avoided. It’s the sound of failure: so much modern art is the sound of things going
out of control, of a medium pushing to its limits and breaking apart.”

- Brian Eno in A Year With Swollen Appendices [108]

From low-budget John Waters films to 100 gecs’ glitchy electronic music, queer art is often
linked to an “aesthetic of simultaneous failure and virtuosity” [263]. Although the queer artists
in my workshop and interview studies held different beliefs about generative Al, participants
in both studies saw some queer aesthetic potential in the strangeness of Al-generated images.
However, this queer aesthetic sensibility differs from that for which generative Al developers
optimize. As we saw in Chapter 5, a popular model used to curate high-quality training data
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for visual generative Al models as well as to evaluate the quality of Al-generated images most
highly rates images in realistic styles.

Although participants in my studies were highly critical of increeasingly realistic T2I models,
realism is often an unstated goal in the design of visual generative Al models. For example,
Zhang et al. [417] motivate their research on generating realistic hands as follows: “Text-fo-
image generation models have achieved remarkable advancements in recent years, aiming to
produce realistic images from textual descriptions. However, these models often struggle with
generating anatomically accurate representations of human hands. The resulting images fre-
quently exhibit issues such as incorrect numbers of fingers, unnatural twisting or interlacing of
fingers, or blurred and indistinct hands.” Rather than seeing the failure of T21 models to generate
realistic hands as a problem to be solved, a queer sensibility may find beauty in the weirdness of
hands in Al-generated images.

In my participants praising the queer style of older generative image models, my dissertation
research echos prior work on the preferences for glitches among some artists using visual GenAl
[353, 57, 65, 380]. That is to say, queer artists are not the only ones frustrated by the increasing
realism of generative image models. More broadly, artists’ dissatisfaction with the style of newer
models calls into question what it means for a generative Al model to be “state-of-the-art” for
artists. Much like Seaver [335]’s research on how music recommendation algorithm developers
compute taste, I see a need for a future research agenda that contends with the politics of taste in
generative Al development.

In order to understand the cultural implications of the increasing intrusion of Al-generated media
into our daily lives, researchers must understand the tastes embedded in these systems. This will
require contending with the taste embedded in technological infrastructures undergirding genera-
tive Al development. The LAION-Aesthetics Predictor is only one way that visual generative Al
developers measure the quality of training data or generated images. Future research should also
explore aesthetic biases in other popular evaluation methods, like comparing the similarity be-
tween an image’s caption and its textual description using CLIP embeddings [179]. At the same
time, aesthetic evaluation is also not limited to the visual domain. Meta, for instance, recently re-
leased an audio aesthetic evaluation model—Meta Audiobox Aesthetics—to support generative
audio model development [384]. Notably, the creators of the Meta Audiobox Aesthetics liken
their project in the “audio domain” to LAION-Aesthetics in the “visual domain.” In addition to
exploring biases embedded in aesthetic evaluation models, I also see a need for research tracing
how these models circulate within generative Al research and development communities.

Aesthetic evaluation typically relies on human labor for aesthetic annotations. In the case of
the AVA dataset described in Chapter 5, members of the dpchallenge photography competition
online community in the late 2000s likely do not know that their votes from over a decade ago
drive the development of contemporary generative Al models. On the other hand, members of
the Midjourney Discord community are routinely asked to volunteer aesthetic annotations by
participating in “rating parties.” ! Likewise, the start-up Arena 2 evaluates text-to-image models

Thttps://web.archive.org/web/20260407185913/https://updates.midjourney.com/v8-rating-party/
Zhttps://arena.ai/leaderboard/text-to-image

80



by having volunteers rate side-by-side Al-generated images, displaying a leader-board ranking
the “best” T2I models. Future research should explore the experiences and tastes of people
who have involuntarily participated in aesthetic evaluation development, such as the members
of dpchallenge, as well as those who people volunteer to participate in aesthetic evaluation for
companies like Arena and Midjourney.

In appreciating queer failure, queer art may also help imagine generative Al otherwise. As
noted in prior work on content moderation, scale is commonly used as an excuse for technology
developers to avoid accountability [138]. According to participants, the prevailing paradigm
of training generative Al models through large-scale data collection without consent [333] has
immensely harmed queer artistic communities. However, one may not need as much data to
create glitchy or surreal generative image models, such as Google’s 2015 model DeepDream
[255]. Therefore, one may be able to design generative image models for queer aesthetics using
smaller datasets collected with creators’ consent and using fewer environmental resources [26].
Additionally, less realistic, more failure-prone generative Al models may pose fewer threats to
the livelihoods of professional visual artists, a community that has been immensely harmed by
the adoption of generative Al in creative industries [191].

6.2 Queer HCI in Technofascist Times

In Trans Technologies, Haimson [154] identifies tension in designing for marginalized communi-
ties between technological inclusionism (“to attempt to fit into, and potentially improve, existing
systems”) and technological separatism (“to create new technological systems specifically for
that group”). My first HCI research endeavor—studying the subreddit r/bisexual [377]—was
an exploration of technological separatism, or how bisexual people successfully created an on-
line community for themselves amid their simultaneous marginalization by both gay and straight
communities. However, most HCI research at the time was focused, instead, on how LGBTQ+
people are harmed by the design of more general, mainstream technologies [379]. In other words,
HCI researchers were focused more on technological inclusionism. Oftentimes, this work was
predicated on the assumption that technology developers were generally well intended and could
change designs to better support LGBTQ+ communities.

Since I began my PhD in 2021, both the technical and political landscape for LGBTQ+ people in
the US has shifted. LGBTQ+ rights—and especially the rights of trans people—are under attack.
Public support for gay marriage in the US reached its highest level in 2022, declining every year
since.? Support for trans rights in the US fell precipitously between 2022 and 2025 among both
liberals and conservatives.* This waning support has been accompanied by a proliferation of
state-sponsored discrimination against LGBTQ+ people, such as restricting access to LGBTQ+
books, drag performances, healthcare, and public accommodations.> Major social media com-

3https://news.gallup.com/poll/691139/record-party-divide-years-sex-marriage-ruling.aspx

“https://www.pewresearch.org/short-reads/2025/02/26/americans-have-grown-more-supportive-of-restrictions-
for-trans-people-in-recent-years/sr_24-02-26_transgender-policies_2/

Shttps://www.aclu.org/legislative-attacks-on-lgbtq-rights-2026
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panies have also dramatically rolled back protections for LGBTQ+ people.® There has also been
increasing collaboration between authoritarian governments and technologists, both within the
United States of America and around the world, which has been dubbed “technofascism” [76].
These rightward trends demonstrate the increasing untenability of technological inclusionism.

In the remainder of my dissertation, I reflect on the future of Queer HCI research amid techno-
fascist times.

6.2.1 The Rise and Fall of Technological Inclusionism

In my prior research outside this dissertation, I have spent considerable time reflecting on how
and why HCI researchers have and should study LGBTQ+ communities [379, 378]. A common
critique in my work—as well as recent research from Black [86] and BIPOC [385] scholars—is
that HCI researchers tend to think of marginalized communities as problem to be solved. Rather
than focusing on designing for joy or the unique cultures of marginalized communities, HCI re-
searchers tend to focus on discrimination and technological harms. Partially due to this homog-
enization, I have been critical of the “marginalized user” as a unit of analysis in HCI research
[378].

Even before I had conducted the research described above, this narrow conception of marginal-
ized communities was evident when I was applying to PhD programs. After explaining my
research interests in Queer HCI, a faculty member at an open house event asked if I was in-
terested in designing video games to “solve” homophobia. From the perspective of this senior
scholar, designing for queer people meant simply mitigating social or technological discrimi-
nation. Echoing the liberal civil rights discourses that queer theorists often critique [263], this
approach seeks to expand inclusion into mainstream society and technology.

I began my PhD in 2021 amid increasing calls for greater inclusion in computing, as evident by
the success of books like Data Feminism [88], Design Justice [80], and Race After Technology
[27]. Much of the early research in my PhD was responding to this moment when social justice
felt en vogue, in academia, industry, and policy. In response to a crowd audit of racial biases in
Twitter’s image cropping algorithm, for instance, Twitter’s dedicated Al ethics team conducted
research to mitigate these issues [94]. In 2023, US president Joe Biden signed an executive
order on “Safe, Secure, and Trustworthy Development and Use of Artificial Intelligence,” and the
National Institute of Standards and Technology actively sought the expertise of ethical computing
researchers [300]. Despite the successes of technological inclusionism in this time period, I
worried that this theory of change was fragile. Inspired by feminist critiques of liberal democracy
[124], I feared that this work placed too much faith in corporations, the state, and the democratic
public sphere.

As alluded to above, the political landscape has changed immensely throughout my PhD. In
2022, Elon Musk—the far-right, richest man in the world—bought Twitter partially due to his
belief that social media caused his daughter to be transgender [77]. Upon taking control of
Twitter, Musk fired anyone he deemed too progressive, including Twitter’s entire Al ethics team

®https://glaad.org/smsi/social-media-safety-index-2025/
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[205]. In the early days of Donald Trump’s second presidential term, Musk was enlisted to spear-
head a similar ideological purge of the US federal government [407]. This led to the termination
of thousands of federal grants for research involving LGBTQ+ communities [407] or People of
Color [170]. Academic institutions across the US have similarly retreated from public commit-
ments to social justice, either due to state laws banning “DEI” [315] or for fear of attracting the
wrath of the US federal government [67]. The LGBTQ+ resource center I fiercely advocated for
as an undergraduate student at Georgia Tech is gone, as is any information on the university’s
website that might support LGBTQ+ students.

In many circumstances, HCI researchers cannot trust technology companies or governments to
act in the interests of LGBTQ+ communities. In the remainder of this dissertation, I explore
alternative possibilities in light of the growing hostility toward LGBTQ+ people from technology
companies and governments.

6.2.2 A Queer Alternative to Inclusionism

“Often we see queerness as a deprivation, but when I look at my life, I saw that
queerness demanded an alternative innovation from me, I had to make alternative
routes.”

- Ocean Vuong [402]

Although my dissertation focuses on the power of “alternative [technological] routes,” I am
somewhat nostalgic for the performative allyship I critiqued in my prior work [379]. Due to
the growing hostilities toward LGBTQ+ people, I have been asked innumerable times how or
if I will “pivot” or “reframe” my research. In other words, they ask how I can find ways to be
included in the face of increasingly anti-LGBTQ+ universities, corporations, and governments.
While I do not believe in abandoning LGBTQ+ scholarship, these comments speak to the need
to “make alternative routes” in Queer HCI.

In the following sections, I draw on queer theory as a point of departure to inform design in
technofascist times. However, this decision does not come without controversy. Queer theorists
have long been derided by a subset of scholars—including some HCI researchers—who claim
that critical theorists are detached from the everyday experiences of women and LGBTQ+ people
[273]. While it is still important to strategically cooperate with policymakers or corporations,
the skepticism toward institutions embedded in queer theory demonstrates that alternatives are
possible [263, 159]. As Muioz reminds us, there is utopian potential in rejecting the oppressive
“overarching here and now,” with queerness allowing us to build alternative worlds [263].

6.2.2.1 Designing for (I1)legibility

Visibility has long been a key component of mainstream gay and lesbian politics. Harvey Milk,
the first openly gay man elected to public office in California, famously implored: “Gay brothers
and sisters, what are you going to do about it? You must come out.”’ The desire to include

"https://daily.jstor.org/harvey-milks-gay-freedom-day-speech-annotated/
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LGBTQ+ people in the design of technology is often predicated on a similar logic of visibil-
ity. LGBTQ+ legibility in sociotechnical systems can allow LGBTQ+ people to better find and
understand one another [288, 39]. However, LGBTQ+ datafication can carry risks, such as facil-
itating discrimination and surveillance [151]. Under the first Trump administration, transgender
people were prevented from serving in the military unless they received a formal medical diag-
nosis of gender dysphoria [177]. Upon returning to power in 2025, the Trump administration
used this formal medical classification to fire transgender members of the military. In a different
context, apps like Sniffies make it easier for gay men to find cruising spots, but this increased
visibility has also been used by police officers in New York City to entrap and arrest queer men
[309]. To paraphrase Bowker and Star [46], the datafication of LGBTQ+ lives has consequences.

These tensions around inclusion and legibility can be seen across my studies of queer artists
and my investigation of the LAION-Aesthetics Predictor. In Chapter 3, participants critiqued
the stereotypical representations and erasure of LGBTQ+ people by the prominent generative Al
models GPT-4 and DALL-E 3. In response, some may seek to include more LGBTQ+ people
or content in generative Al training data. However, the queer artists I interviewed in Chapter
4 did not necessarily want their work to be more “included” in the design of what they saw
as harmful technologies. In the context of aesthetic evaluation, art from the global majority
tended to be lowly-rated, while images with descriptions mentioning women were more highly-
rated. In these instances, both disproportionate inclusion and exclusion may lead to different
harms. For instance, exclusion may exacerbate stereotypes while inclusion may worsen NCII. In
considering this tension between exclusion and inclusion, Hoffmann [178] cautions against the
desire to increasingly “include” marginalized communities in the design of oppressive systems.

In outlining the potential for queer theory to inform HCI, Anne Light advocates for “small per-
turbations in responding to the ‘straightness’ of machine thinking” by designing for: forgetting,
obscuring, cheating, eluding, and obliqueness [222]. Likewise, research on LGBTQ+ online
identity management often advocates for technologies to support selective visibility [60]. To
counter the growing harms of LGBTQ+ datafication, I encourage Queer HCI researchers to de-
sign for illegibility.

Queer HCI researchers could design for illegibility in many ways. Rather than trying to include
more LGBTQ+ people or content in generative Al training data, for instance, HCI could help
LGBTQ+ people avoid non-consensual scraping (e.g., [4, 341]). In response to the proliferation
of online age verification laws around the world, LGBTQ+ people are increasingly being asked
to “prove” their age in order to access hookup apps like Grindr or sexual health information
on Reddit [374]. To mitigate these risks, usable privacy researchers could design tools and
information resources to help LGBTQ+ people circumvent these systems.

Simultaneously, technology developers often seek to obscure their Al-development practices.
This is evident in the changes in how companies building generative Al models describe their
training data. As described earlier, Stability Al shared that early versions of Stable Diffusion
were trained using LAION datasets. However, the model card for their 2024 model Stable Dif-
fusion 3.5-Large vaguely says it was “frained on a wide variety of data, including synthetic data
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and filtered publicly available data.”® Although Huawei does not disclose what images their
PixArt-> model was trained on, they do disclose that they used the LAION-Aesthetics Predictor
to curate their “internal” dataset [69]. While the first two studies in my dissertation explore ten-
sions around the visibility of queer art and artists to Al developers, my investigation of LAP is an
attempt to make Al-developers’ practices more visible to artists and critical publics. In addition
to exploring how to support the visibility of LGBTQ+ communities, Queer HCI scholars should
also “study up” [267] major technology developers to hold these actors accountable.

The legal scholar Lawrence Lessig suggests that human-computer interaction is governed by
laws, markets, technologies, and norms [214]. As laws and mainstream technologies become
more hostile toward LGBTQ+ communities, HCI researchers can support LGBTQ+ communities
by supporting illegibility. At the same time, LGBTQ+ people are not limited to using mainstream
technologies, like generative Al models and social media sites owned by major tech companies.
People have the agency to re-purpose existing technologies and create their own. Next, I explore
how HCI researchers might support these practices by designing for pluralism.

6.2.2.2 Designing for Pluralism

In the 2010s, the technology development underwent increasing platformization, as evident
through the rise of cloud computing services and social media consolidation [365]. Facebook
Groups, Subreddits, and Tumblr pages allowed people to create online communities “for free™
without contending with the technical particularities of website development. Likewise, cloud
computing companies began to provide Al as-a-service, such as automated gender recognition
systems [51], abstracting away the details of model development and deployment. Due to this
consolidation, HCI researchers could effect change by advocating to these gatekeepers. HCI re-
search on misinformation [368], online harassment [190], and deplatforming [189] informed the
moderation of major social media sites. Critical HCI and Al research on automated gender [51,
330] and emotion [15] recognition led Microsoft to retire their facial analysis tools [176].

As described earlier, the internet landscape has changed significantly since I began my PhD. The
dominant platforms of the 2010s have begun to splinter [96]. Partially due to the increasingly far-
right politics of major social media platforms, the popularity of open-source online communities,
like Mastodon and Bluesky, has surged [366]. At the same time, the growth of open-source Al
model repositories, like Hugging Face,'” has decentralized access to predictive and generative Al
models and datasets. In light of the harms major technology companies have caused LGBTQ+
communities and artists, this rise of decentralization presents new possibilities to imagine the
design of more pluralistic, alternative technologies.

While the participants in my studies of queer artists praised the surreal style of earlier generative
image models, these earlier models may no longer be easily accessible. For example, the Ope-
nAl website explains that they no longer support the DALL-E 2 GUI because “DALL-E 3 has
higher quality images” [91]. The platformization of generative AI models limits people’s agency

8https://huggingface.co/stabilityai/stable-diffusion-3.5-large

90f course, users still paid for these online communities with their data [365, 423].
1Ohttps://huggingface.co/
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to choose the best model for their use case, such as ChatGPT users mourning the deprecation of
GPT-40 [209]. As described in my study of LAP, what is considered a “better” generative model
is deeply subjective. In addition to critiquing the design of “state-of-the-art” closed-source mod-
els, there is a need for future research on the active communities of open-source generative Al
developers (e.g., the open-source, model-independent interface project SillyTavern''). At the
same time, researchers should investigate more pluralistic evaluation metrics to help queer peo-
ple or artists choose the best generative Al models for their use cases and values. Not only
would this better support LGBTQ+ communities, but it would also challenge corporate logics of
perpetual growth that contribute to human and environmental exploitation.

Although my interest in generative Al and social media may seem unrelated, the companies that
own the largest social media platforms (Meta, Google, X) are also dedicated to developing gener-
ative Al models. In addition to the right-ward shifts of these platforms, the increasing integration
of generative Al into major social media platforms has led to their further enshitification [96].
Likewise, popular social networks for LGBTQ+ comminutes and artists, like DeviantArt and
Reddit, are increasingly selling users’ data to generative Al developers [281, 10]. Future work
should explore how artists and LGBTQ+ people are creating their own online communities, such
as the anti-Al art community Cara [78], or customizing open-source ones, like LGBTQ+ focused
recommendation algorithms on Bluesky. At the same time, HCI researchers should study how
we might support these alternative endeavors, helping to pluralize and de-platformitize social
media.

Creating alternative social media sites or Al models to support more pluralistic design may sound
good in theory. However, HCI researchers must also be aware of the socio-technical challenges
posed by alternative technology development. While it is relatively easy to fine-tune existing
generative Al models, substantial computing infrastructure is required to train new generative
Al models from scratch [406]. For instance, Cretu et al. [84] trained T2I models from scratch
to investigate CSAM mitigation, but this required access to high-performance computing infras-
tructure. In the context of social media, Bluesky is the largest implementer of the open-source AT
Protocol, so independent offshoots (e.g., Blacksky) often still rely on some aspects of Bluesky’s
centralized infrastructure [346]. Due to the institutional positioning of HCI researchers, I see
opportunities for HCI scholars to partner with communities to support alternative computer in-
frastructures. Even if one has access to computing resources, the technological skills needed to
build alternative technology is shaped by existing power relations. For example, Haimson [154]
highlights how intersections of race and class impact who gets to design trans technology.

In addition to creating new alternatives, the future of queer design might also lie in the queer
uses [7] of existing technologies. Rather than seeking to be included in mainstream technolo-
gies, HCI researchers could help people learn to break or unmake [320] existing technologies
toward queer ends. However, doing so may require adopting a more antagonistic orientation
toward the design of mainstream technologies. For example, the AdNauseam browser exten-
sion automatically clicks on every advertisement to obfuscate one’s targeted advertising profile
[182], thus interrupting the logics of surveillance capitalism. Another queer use can be seen in
the work of transgender artist Ada Ada Ada. In order to challenge the gender essentialism em-

https://github.com/Silly Tavern/Silly Tavern
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bedded in social media moderation [244] and automated gender recognition systems, Ada posts
a shirtless photo of herself on Instragram (@in_transitu_ig) each week documenting her gender
transition accompanied by Al gender estimation scores. The bio of her account reads: “Every
Thursday, I post an update from my gender transition. The question is: When will Instagram ban
my nipples? By @ada_ada_ada_art #DolHaveBoobsNow.” By re-imagining Instagram as a site
for performance art, Ada queers the platform. As Ahmed [7] and Akrich [9] remind us, people
do not need to stick to the scripts set out by technology designers.

6.2.3 A Queer Conclusion

This dissertation focuses on the relationships between queers, art, and generative Al. In doing so,
I continued the pattern I critique in my literature review of Queer HCI: “how research trends—the
latest methods and shiniest technologies—drive HCI research (queer or otherwise)” [379]. In
light of this critique, I am also struck by Haimson [154]’s observation:

“When I asked trans tech creators about what they envisioned for the future of trans
technology, not one of them mentioned a need or desire for Al, machine learning,
or even algorithms. Instead, they talked about trans liberation and resistance against
rights violations, imagining future possibilities for new trans worlds, utopian and
dystopian visions of the future, community and connection, ways to facilitate access
to trans health care and body changes, and much more.” [154]

Across my dissertation, I provide myriad recommendations for the design of generative Al mod-
els. I find that understanding how generative Al developers evaluate the aesthetic quality of
images is a compelling computer science and humanistic endeavor. However, I do not think that
the queer artists in my workshop or interview studies deeply desired “better” generative Al mod-
els. When I asked about desired futures, participants often imagined alternative futures beyond
the oppressive present. As P8 said in my interview study: “I just feel like if people didn’t have
to rely on their art to make money and support themselves that would be a better world. 1 feel
like we wouldn’t be having these conversations about the fear of being replaced [by generative
Al]. It’s only because there’s this need to extract profit from art.” 1 see a need for Queer HCI
to focus more on how to help LGBTQ+ people support one another, which may involve shifting
focus away from en vogue technologies. Rather than asking how Al chatbots can better support
LGBTQ+ people, we should consider how to help LGBTQ+ people support one another through
mutual aid [363].

As José Esteban Muiioz suggests, queerness is “something that is not yet here” [263]. Queerness
is not a destination but rather a horizon of potentiality. Queerness is a means by which alterna-
tive routes and desire paths can be made. Ultimately, queerness reminds HCI researchers that
alternative technological futures beyond the oppressive “here and now” are possible.
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